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2 165cm %

3 175cm F=n

4 185¢cm r=n

T AEAA ORI BRI . M — A BBk, ISR B R T, FRATHA XA
N, B, fgts TREAT. FATAEZE—mBE, e iRtE (. X T L%
Ptk , xHAAHAE N 170em, AT T 170emA AT 2 A~ F—35h, HARNHEA T

e XA EEER T, FRIE I 5 WO By o RO BRA TAERE AT R, Br LCREE 1]
8B R o SRR R O i R B — D E IR . A A E Y T2 GRS R
DX 3 B v (R P R 53 R TE BUPE AE  EEXA S U 5 IR A B , sl /DA B 2 UGB

. A P4 Pythoni® & N BRAEIZE . B THME R, A TRIERD, K
RAHBIE, RN ESE T RS R A, RS, AR AR
9

1.2 f§F Python #0 IPython Notebook

ARATEAN A Python By 2225 77k, SR Br RN & 55 1Python Notebook A& # 7% Ik
Hb, KL s B BT T ) i mumpy B
1.2.1 &% Python

Pythonj&— [ TH (Al . N VG Z HL a5 R il 5

A ARl F Python 3484, RAT LIARHE H C 1Y & 4t M Python ¥ https://www.python.org/
downloads/ T Z A i AIRA .

Python =24 P KA Python 3.4 F1Python 2.7, 10452 F 4% %5Python 3.4, A4 FrA fLALEAR
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TEVZREAS R i

ARBBGEEHE T MR FPython i AR, AP AZORIREPython i i T, HARARZH)
R AR TR S

WERARBA R e 228, FAURSEE R (Python ] Tt ).

Python'H W A3 FifERT T P TELR L .

O JERFE i 5, Mg Python’ > e «

https://wiki.python.org/moin/BeginnersGuide/NonProgrammers
O 7 s, %% > Python:

https://wiki.python.org/moin/BeginnersGuide/Programmers

Windows /] FiX B4F IR L BTG, 4 eleos-47 P4 APython, ik T,
B 28, 33| Python 389% K342, BIAAC:\Python3d, #TF &k, £E# 447 (cmd
R ) PRANAT A FIREKE A PYTHONPATH=$ PYTHONPATHS ; C:\
Python34”, 4u R AR¥Python% & 3| AL A2 T, HARYE 55 PR JUIR B Bk 44
¥ #9C:\Python34,

LHSfPython, FTTFAR2 IR sT, MIALIT A

$ python3

Python 3.4.0 (default, Apr 11 2014, 13:05:11)

[GCC 4.8.2] on Linux

Type "help", "copyright", "credits" or "license" for more information.
>>> print("Hello, world!")

Hello, world!

>>> exit ()

IR, WATHSECAS ($) Fon BIRAE G B e —4&md, T ARZ49G (Unix R
Zirh#yshell, Windows REAEH HemdfE)T ). FTufF5 KGR ZHETCMHIA o FAJGTHINE,
RGP R T2 o

BITSEL LAY “Hello, world!” 7 J&, 1B HiPython, 4k£E773E ARz TPythonf CAL I TE s
2 & F 55 1Python Notebook .

Python 3.4 & 7 Python#y &% 22 % pip, '€ k& KPythontLik 7 1&, 1%
G\ s pip3 freeze? A TURIEpipEF R ETIEN, HAAEARBKATCE
LT

@ Python'H M /24T Windows & 4t it R PR 45 A48 1 1 B 7 1 - B I e U Py thon i 2 B AR S N B Path i, A& W
HRAY-BE-SRRE R E- AR, X WEEMAANE 5k, SRR —F . EHJHEE
TR, 7 ULhttps://docs.python.org/3.4/using/windows. html#excursus-setting-environment-variables . EEE

@ Windows i P F e lpip B IR A i, A RBAEM AT . —FHE
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1.2.2 %% IPython

Python T %&F- 5 1Pythonf2 (it Z i Python T & T EFIF K A8, HbsifEfi s 2 i ir 2 ite.
IPython Notebook DI B AK, A T, VRELAT LIFEWebRI Y8 TSR T . B AT IR,
WoRIBITAER, VARSI IR, T e SRR AT A, A TR AR 0T
RIAEL,

WEAT PR AT G (TERAEPython ), Hii ALL T fir4> % 4% Python :

$ pip install ipython[all]

WIRZR RGP F P &% 1Python, 77 245 B BUANIR o QiR /r HAR A O s A AR i R
SEAON T, WM R LA A4 ST e BT

$ pip install --user ipython[alll]

Ph_ b4 HOR YT P 242 IPython——IZ R S8 i HA FH P 4 T (i HH o 22 e i A v ot i ) )
M, AEA R E SR, T2 E S hitp:/ipython.org/install.html,

4 IPython Notebook), 1247 AN R «

$ ipython3 notebook

R A AT TIPS B, FER A4 B 81— IPython Notebook 524l FLUK,
FTIFWebRI LR, RIS, HRTT LAYEI QIR 0 A SO, Notebook AN FIEIFT A (1
FE I fghome/bob A ST PO 3 H %, AR BRI T AIE H %, BT S AR T AEARTA ),

y IPython Dashboard x W

) 127.0.0.1 ~ | |B~ Google

IPLyl: Notebook

Notebooks Clusters
To Import a notebook, drag the file onto the listing below or elick here. Refresh | New Notebook

I/ home / bob I

Notebook list empty

[Python Notebook S /7L « FT I T2 Zam At ( SE2 VR 2 i FHIPythonfiy 241
7 Notebook Sl Y FL i ), % F Ctrl+CH, R Gi4E/R8 shutdown this notebook server
(v/[nl)?, MRRERCHEICARS %, Ay, mlE%, IPython NotebookHiex K,

O e, FECH “notebook”, HlIFIPython Notebook I & (130, ——F# 1
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1.2.3 2RI scikit-learn &

scikit-learnsgHPython T & RIBLAR T P, B & RENLA Y5k, Btk TAM
HEZE, B LAPythonFH i M AR G T HAR ALY, i numpy Fls o 1oy SEARET XA AL FAT: 55 i3
fridfifl, Hitbscikit-learn P, P PEE, FrFSwBERgH, 2 FUASREEY)
REIM B, T2 N AT AR5,

scikit—learnﬁ?ﬂ}iﬁpython 3Rt pip T H M 74055, Zﬁﬁ‘&ﬁfi%NumPy*ﬂSciPyE"J
W, WaIE R AR PR T — A%, SRIGHA LI a4

$ pip3 install -U scikit-learn

[ Windows /Al P &4 K scikit-learnZ_ 87, T A& % %56 % K NurmPyF=SciPy , 4% ]
~

3% & Lwww.scipy.org/install.html .,

Ubuntu 3 2L # ( Red Hat ) %% Linux Z ¢ #9 J & W oF 7 B A 45 00 6048 B 4% 4 3%
scikit-learn, [HRENHRBMRAIR AT BEAREBH), BLATELRERTH AR A . AR
AR REIR T°0.14, FHIH RS AT RETC BT

AnsE i G RSO A T4, AR 2R, T W T SOk

http://scikit-learn.org/ stable/install.html,

1.3 FEMED G

LRk T — D EHRAZIR R BT, BAT VXA SRR /R B BAATE T Bz 8 2
SEE A BHHZ AR IR, RIS 7R K —PERTAn Iy, BRI UL T Al
R4, DA 20 0000 2 Vs ) A 0 3K 1) e it 81— B 4 AR T B T M R R e 31 2
22 BT, T OGS HREA T 2 A AT, L MR R il B — Rt %

1.3.1 ftaZFEMESH

FERE S HARIEREA MR (IR ) Z RIMARRUEE, BE e 1R SRR . SR AT 0
sk

Q fi [t PP R A R A R 55 sl e )

Q 4 7 PR R R, SR T2 S A OC R NBE

O MR SHRA G RRIIA

SERWEA ZRERTT L 10, GEmarERgsh—E A R, sE SR L T R
JEHEER R 2H HEA . AR, s T R YA TSR (A AR
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1.3.2 MEmitE

FIARE M P IR BN LR, RZ Z A A TS TAE A SEB A ahfl, A B A i
Ko LA BRSO, 1 4 3 S Cup-selling, $5 42 1] £ 28 S R i O T2 A 57— iy
Ao JEORETT i N TR SE U R AfErs A, BUERER R IZ I BB SE il , i ELA4FRE N R
HEZHMIUCTETT, 501 B 1R 55 S R g |

AT "F T AR IR S, B S MU IS ARG A . AT B2 TR 3K 1
PIPFR i, LUEAR T RE 2[RI A S , S AH i SEARTRT BRI, ] X st AR 22 7 A I 55 1 B
Tiesk B 2T .

XARREIRA Sy R AL ik o U SRR w2 AU THERE T AT, SEAnifl— RIS
Bl , PR ATEABA I K FIRERY i B SE Kl , BRI IASE T4, FHEENHER S IR R
RSP R I AS, B HCRENUERA R A A SR, BRI T A ], X IR
Petz i — R TR

N T RIS, T ETHE, BT 5 & — RS IR fh s Bl Bildn, AT 25 i RER 1
WAL, SCE T4 A BARAZIR AT TR B 6T, FA1A 2245 2K m e A AL -
SR —AAXT HsX, RARATHEYER®RY,

ZAF R R ST S 2, AR S 7 i RS AR A B 2 L A I B R BRI S 3
B, AR BRI HLI

1.3.3 7£ NumPy s #iiEsE

TEAREEREA, RARRITENLL, RERIXAETFEIEE. A6d, @R
BE—A e, BRI . 7R 24 AT H XY, JH 8lIPython Notebook, FiEA
BRI SCge, BIEE—ASBIEIC A S

AL PZ AR Z I B NumPy A9 — 4, A5 IR AR o B R a2 . BB b
FBR—IER, B—ATRRHARP DR, 3R —FRHIE

BRI MR IR . ULEdAT L, SO, R N R s 4
IngE A, 5 A R B B RCR
import numpy as np

dataset_filename = "affinity_dataset.txt"
X = np.loadtxt (dataset_filename)

@ EA2AT, YIRBB AR, HiAipython3 notebookfiid, ——FHIE
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iz171Python Notebook, BIHZEICA I, TEH— T rhf A L 0%, # F Shift+Enter
([RIEHIESE RS T ) B TS, RIiEfToeses, B— & Z2ME I 55 o B Bl—A R 7
ST, BRI FIMRARF BT R . BRI TR

In [1]: import numpy as np
dataset filename = "affinity dataset.txt"
X = np.loadtxt(dataset_filename)

XA S, AT ST T58 )5, JRIHNA RS T; AR EisfTegefestth
mf, SRR —NRES . BITERE, BSVAERITS

ICAFFEEE B SO MBI AS SO B ) — H s R o B0, 3Bk Bk fib P dataset
filename L AY{E

Ok, BATEREBIREINCR AT TEEICASAS TR A LT AU, St Bt m)
HISAT R -

print (X[:57)
K Jm R AR A http://www.packtpub.com F 35 K69 B 5, B RGBT TR LTI A

K B R XA e B AR B F 6 B H . 3 9] hitpr/www.packtpub.
com/support, S, FATT IR & UR A de kB B A 2,

R RIS T A5 RO S 5 IR T AT 4

In [2]: print(X[:5])

eoFEr2
moer2
erEoH-
erEPE
HHO O
.

[
[
[ 1

b Z R B R BT L, MEE, BRAE T, H—1r0, 0, 1, 1, 1)FR
BRI SRR . BER, BIUR—FIRT . AT, X TR
OrARIEL . AW Wi SERIIAEAR . WA H e R, AT LA BB K T |
SERMTE R, (R BCA KA1,

B AP ATRERIME, 1310, R R mIAE T RRRT A, ARG SR p R . 1
FORBUE 2T VAL RT b, OF/R U BOA K% R o

O MG, AT T8, —F&E
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1.3.4 SR EAVHEF RN

IEMZ AT, FROTER Y R MEWE T ARX, LN THEREHEARY” XFE
FRRIN T BRSO, PR B AR P A RIS S R I A R o RS, T
WA, FRATTHR A B AR .

KN A Mk, W 4 E (support) MIEAZE (confidence )

SCRFEEHRBCARAE TP AN R 55 B, BT EORAR TR A B, T B SRR T AL
RIR-B DARR AT S T 0 i . FRATTask L R T B 1R 0 107 3 VR 8 o

SRR A 0 R 2 R I 56 P LB A A ) UL R U R SR e, BIAE A 4R A%
A CEPEIN A “dndi” BRI FrFon RTHES ) MOFTA FUN L, BR YRR 2518 — B il 2
Ko VWHFERE G SAT G H B, PR ERBRLARME (“ans” 154) ) AH R AR
B,

Tk, AR U SRR R B G R R I, BATE — T EAK “eR AW
FTER, MR EFRE” KRN SR E G

W mAAE R , B 52 5 Bt sampLe (31 AUME, SEREALE — MBI & 7536 73R
X, sample®n—RAZHE L, WHUREEE R —174dE.

In [9]: |# First, how many rows contain our premise: that a person is buying apples
num_apple_purchases = @
for sample in X:
if sample[3] == 1: # This person bought Apples
num_apple_purchases += 1
print("{@} people bought Apples".format(num_apple_purchases)

36 people bought Apples

FIBE, Killsample (41 FERM N, BUREHHE WIS A oA L&A BUER LUTREH %€
MUTE R A A9 BRI TR B R R AN SR

FeA 177 2GR A L AR DS R o B e D AR 2 3 FIAL I T A i 0 21
A, TR th ARSI AR AT AL, T TR AR ETERHES R P ARG I, A EH]
SEPRFFESL, N “deRRBEM E T FR, 1A ERAER” SHG, HFn . WERFENSMER A
PERIES TR 45 45 MUWABAT , S0 25 s U2 AMACE T, 705 D00 SR 5 20 A 1FfE i 4518
SEERMMZEEATT, WIFRRE R ZMA IR

NS N B EAR BRSO, E e LT, RO TSRS X AT
defaultdict, HFAMEURARIEAE, BRIE—DENE, T2 R EAMNE: . A

@ —ZFH  HTHR A A ANSE I TR . — 1T
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U TEA8 e 2R ] B4 DU S

from collections import defaultdict

valid_rules = defaultdict (int)
invalid_rules = defaultdict (int)
num_occurances = defaultdict (int)

TR T 2 RIEIRLEE , U EEA BB AR SR A B R E R AR B 25—
R A DU BT B 2 —— R M S 1 TR

for sample in X:
for premise in range(4):

R A AR AW L A5, RN, ARSI T — AN 254
if sample[premise] == 0: continue

MR CRME 1), ZARPFRY R BB . e Dyl A% b ki 250 s e AR R] 11
B, e CWREUE S TR, AT SRR, XRRRELRCA 2 K AL
num_occurances [premise] += 1

for conclusion in range(n_features):
if premise == conclusion: continue

WSRAE FH AR, BUUR S FE DL (valid_rulesTAHLr, B R i A50SS5 IS 4K
Mocdl ) ¥n—k, RZ, SREN (invalid_rulesT ) gRBIM—K,
if sample[conclusion] ==
valid_rules|[ (premise, conclusion)] += 1

else:
invalid_rules|[ (premise, conclusion)] += 1

PRV L ER G R, TR AN Y 3 BN B AS . WNRTATIA, SRRt
P WV AU € 88

support = valid_rules
EE BT R, 3 s R AR A T

confidence = defaultdict (float)
for premise, conclusion in valid_rules.keys():
rule = (premise, conclusion)
confidencel[rule] = valid_rules[rule] / num_occurances|[premise]

FATREN T SRR SRR (5 R i, 3056 35 45 A U ) SR E RV B2 o AT TR A ]
—ARREL, SNSRI - SN BT E I RER G A . SRR B E R
FARFIESFR o i b A S B SRS e R E 5 B, Xt TR Ak, LAy (e .

def print_rule(premise, conclusion,
support, confidence, features):


chicken
高亮

chicken
高亮
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Z AT B featuresH IR B A T, BEAHNAI AT 4518 00E Hlfeaturesdl| 32 FEFIE YR
SIRFRE . i, RGN BRI, A SR

premise_name = features[premise]

conclusion_name = features[conclusion]

print ("Rule: If a person buys {0} they will also buy
{1}".format (premise_name, conclusion_name))

A U ) SRR EL R

print (" - Support: {0}".format (support[ (premise,
conclusion)]))
print (" - Confidence: {0:.3f}".format (confidencel (premise,
conclusion)]))

55gkE, A — ARG H—22nUE R AR MZIE, AR SR,

In [31]: premise = 1
conclusion = 3
print_rule(premise, conclusion, support, confidence, features)

Rule: If a person buys milk they will also buy apples

- Confidence: ©.196
- Support: 9

1.3.5 HEFHKHSEH

AR F A S A M BE G, T S N, 8 T B R4 S 55 R R B X g o)
PATHERR, AT BB — T X PR

B SRR R AR, B e R M T HE . P AYIT R (—AMEEXT ) BA
HEA RGN ; FHAYitems () RBGR P& PTG LR SR, FAFHitengetter ()
N M5, XRERERT ISR ES T THET . itemgetter (1) BARUFMAITCENE (XH K
TR ) VENHERARIE, reverse=TruedinkEFHES

from operator import itemgetter

sorted_support = sorted(support.items (), key=itemgetter(l), re

verse=True)
HERPSE UG, anT DU S SAR B f =g P TS 2 MR

for index in range(5) :
print ("Rule #{0}".format (index + 1))
conclusion = sorted_support [index] [0]

premise,
support, confidence, features)

print_rule(premise, conclusion,

BERAE B


chicken
高亮
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In [40]:  for index in range(5): -
print("Rule #{0}".format(index + 1))

(premise, conclusion) = sorted support[index][@]
print_rule premise, conclusion, support, confidence, features

Rule #1

Rule: If a person buys cheese they will also buy bananas
- Confidence: ©.659
- Support: 27

Rule #2

Rule: If a person buys bananas they will also buy cheese
- Confidence: ©.458
- Support: 27

Rule #3

Rule: If a person buys apples they will also buy cheese
- Confidence: ©.694
- Support: 25

Rule #4

Rule: If a person buys cheese they will also buy apples
- Confidence: ©.610
- Support: 25

Rule #5

Rule: If a person buys bananas they will also buy apples
- Confidence: ©.356
- Support: 21

[FIEE, A Tad T LU 5 R e i AR o B iR B A T

sorted_confidence = sorted(confidence.items (), key=itemgetter (1),
reverse=True)

HREEEESR . EEfm I EME, HRIEEE T =700 sorted_
confidencefZ8fk, AEYSLH Hsorted_support.

for index in range(5):
print ("Rule #{0}".format (index + 1))
premise, conclusion = sorted_confidence[index] [0]
print_rule(premise, conclusion, support, confidence, features)
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In [42]:  for index in range(5):
print("Rule #{0!".format(index + 1))
(premise, conclusion) = sorted confidence[index][©]
print_rule(premise, conclusion, support, confidence, features)

Rule #1

Rule: If a person buys apples they will also buy cheese
- Confidence: ©.694
- Support: 25

Rule #2

Rule: If a person buys cheese they will also buy bananas
- Confidence: ©.659
- Support: 27

Rule #3

Rule: If a person buys bread they will also buy bananas
- Confidence: ©.630
- Support: 17

Rule #4

Rule: If a person buys cheese they will also buy apples
- Confidence: 0.6180
- Suppeort: 25

Rule #5

Rule: If a person buys apples they will also buy bananas
- Confidence: ©.583
- Support: 21

MHEFERRE, “MEERER, LA2Ems” M MEEnE, LAEEE" |, XFEM
TP S 3 P B PO AR e o R T 20 BT LA o S 0 D) A ) o b AV T 0, SRR R
SRR, BAESF AR EIES . (AR AR IR AR A 2 K E T, IR A B
SEAREEAINE T, FET66% A N BSR4 th S K A E—— R R 4, (b S ma k£
KEETES

M\ _E T AN TR RE A RS iR 28 A8 L2580k . AT LB IZ IS R IE R B R
AR EZRICER, FHHAM, B FRk—1, BNEEFIEZRN S —1IEE. W,
1.4 o)Ay & B 7RG

TE iR SR o, FoAT 1540 R B A PR R AR & 22 (R AH e . a2, H
FrEES (WEBRR ) IR, FIRGITF, R0 R BRI L 2 SRR,
AT DA S G SRR 2, (A2, S i 2 ) S SE SR A R
1.5 4oz

BRI IR o T F iz —, AN G 2R, #OAT EE,
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XTI, AT W REE BN FR PR Rl A BE A , FA T RIE R 4 vh B — 2 i
JE IS, X B — S SRR AR 2. . A 20228507 FENRIE SR Al F? 3R]
KE T HILABIT

Q MR IBE T E YRS RABIMEN M B TR 7 7
Q FIrE G BA. KHE “BRZAAG? 7,
Q MG ILIRES R, FIWTRE AN B B e . EHE “RAFRET 5?7 7

A=A R A A T 2/ ) R, (BRI — e 2Rl i, 242k
S BRI

SYZENLHRY FARZ, MR SRS MRS, Zd IZRa 2 — A0 JmiRy, P AR X 251
RAEBAEAT A B, FATa] IR ERIFEA T 732, BRiEmiee e [ O A 2N iy, Wi
SRR IR, AR5 X SE RN S SR, S — DRI MR g, IR LS PRI,
HAH A C LN E A REIRERIE T, S IEas s ke E -

151 HEBIEE

FoATH T ARB T 48 W Iris L) 3 B o XA B AR LA 150U, 48R AT
Z5H T PUAMEFE . sepal length, sepal width, petal length, petal width (4351387~ 22 F FIAEAR A+
598, A em, X EBIRIZ RS MEERE L — (19364E50 B T BRIz I8! ). #&
BRI = Fh25) . Iris Setosa ( LIE5JE ), Iris Versicolour ( ZF A5 ) Fllris Virginica ( 4E75JE
WIFRE ), FATIXHLAY/12E H B SR R IEHED & i Fp

scikit-learnEWNE TiZHIESE, AT HESA,

from sklearn.datasets import load_iris
dataset = load_iris()

X = dataset.data

vy = dataset.target

Hlprint (dataset .DESCR) i B ARIEE, KM THE— T, WHFRHMERUL,

B h AR fE o SR, A O ] R E. IR A3 A B R T, T
an, MEEARATRERL . 1.2801.25, 5, JEZHMEHAI — R0, WERPIAMEAL, FoRAmel
JEARK . — P A 1 2emAYFE R — P 79 1. 25em AR MIAR AR

SR, OB BB, AR R IR, (RN EA BRI S /N
BT o TrisEis 58 AN IR B Fm A FI 21, tbanenlo, 1. 20| RIris Setosa, Iris
Versicolour, Iris Virginica, {H/Z&X NEEVLHIRTMAEY), B2 ELEE —FPRSE = Fh oAl — 4
BIRIRNECER RSN, AR EL, B ondl, HBEHDRAIB PR 2 75 8 T [ —Fh
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Jl, MABESE IR
IR, AT AR R AREAE, SR urRI LA

RBHGR AR LG, BATT RN G B35 PN BRI, DR A 17 2 S
FAE g2, A R AR R L

AR B HUE R, S5 THE — DB, BHE TIZBERREEE N0, & T B E R &
o FA HERETURFAR A BIE B N IR FTA R AR (E I . B MR A ETT R IR o

attribute_means = X.mean(axis=0)

FANTEFR) T — B AREA, ISR E AR . B RS — DU — MR A,
DABCSHE. T2k, FZOm iz e d T, JEIELER R E RS IS0

X_d = np.array (X >= attribute_means, dtype='int')

Je IR, &R TS R A x_aBdESE (305 AR X ), AT FH R 1%L
PidE (X)),

1.5.2 SCIf OneR &%

OneRFTEAE AR 1, EAREC ARG T, HAMIRERFAEE R AR T GE s T2 51
#EA57r2% . OneR/ZOne Rule ( —ZMN) RIS, FRonTATH BB AR T 7 SRR b 10—
ARG Ml o R 21 1 43 2858005 U OneRE A Z R 22, (RIS AN I (14 ] BRLARL I
TEAR 2 HRR S ERBUSRA L,

SR o D A R AR B — IR, W T — DRI, SETHE ARSI P i BRUCEL
FENE M BRBERZ HIEN, FFEUTHEAEHABZIE B EL

SR, IAVECHRE RO R ERT IUROSK 1P/ . SRS =485, HFERTR0
BRI T . ASAT201 RN, BASAI604, CHULA207. TR ARFIER 0N AT
FBE, MOS0 MRGSSHERDN0, (RN TRRTBE. SHHEI R0 14 FIB
YRS RA0%, [ A7 40 BRI -5 BB FAKAICK . BHERR LN, SHET AL,
ARFEBER : FCA R (T A T 0 RS TS0 .

563 P50 BT AT PR B HAE S50 B0 HBRURUR o TR 0 M RO, 154
JrHEE AU R AAN, SRR AR RHE A — 952500 (OneR ), JT
THT RIS

BAE, BATYORSEHLZE . BRI pRE, AR IEFF AN A i 5 I AR AR (R i 2 51
FHA HETRR, EX Z AT B P AREAITAdefaultdict flitemget terfiil,
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A
5\
b

from collections import defaultdict
from operator import itemgetter

TR REGE Y], SRR . OB . AFIRHER S IE . RHEES
def train_feature_value (X, y_true, feature_index, value):

T o iR B — A E (R, GEHRA S E R E I AR5
) R

class_counts = defaultdict (int)
for sample, y in zip(X, y_true):
if sample[feature_index] ==
class_counts[y] += 1

Xfclass_count s LI THER, HREBIEAME, #LAEHk i BA 4@ B iE (A i AR TZEEA 2850
PR Z -

value:

sorted_class_counts = sorted(class_counts.items(),
key=itemgetter (1), reverse=True)
most_frequent_class = sorted_class_counts([0][0]

B TTRAZ MR ZE . OneRA L S BA IZIURFIE (B A AL 50 43 31 1 4R 209
IR B 22 200 v o B DR BRI AR ) A 28 31 B b IR B 2 (R 28 501 Z A1 )
FA S IREL, BRI o RN I A AR B

incorrect_predictions = [class_count for class_value, class_count

in class_counts.items ()

if class_value != most_frequent_class]
error = sum(incorrect_predictions)

5 1R [ FH 26 58 R AR AR 21 ) A S0 A A S 1 R R
return most_frequent_class, error
XFTREIGARAE, i ) HA—MEEE, (B eRigs, wneq s 20 w45 5 A & ek ity
RAETRRE, SRIFHITARRR Bk, SRR ENZAFIE A B R AR E L—1pR%L,
S SR
PREC BRI, X H AR =435, Lt anaiid,
def train_on_feature (X, y_true, feature_index):

TR A E R A LM R R BUE . R T AUEx [« feature_index] IAALHY
BRI feature_indexIHR IS X5 set BRECK B LA W EES , iR A JLFA [
AU

values = set (X[:,feature_index])
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PRI P lipredictors, AWEBINGS . FHAVHONRMEM, (Eo02R00. L5, 50
2, FIRFFIEE LS MATE T502. QlerrorsdIR, FAfE MFIEEMIRE.

predictors = {}
errors = []

PRI 3 T 5B 430 D7 3 8 REAE B B R R R AR, FHRT TR E XA train_feature_
value () PRECHR BN FRIEAE SR AT REAO 2SN, THRRAE TR, TR B R A7 B Tl 5% predictors
FlerrorsH .

for current_value in values:
most_frequent_class, error = train_feature_value (X,
yv_true, feature_index, current_value)

predictors|[current_value] = most_frequent_class
errors.append (error)

B, THRZ B SRR, IR [T T M S B R

total_error = sum(errors)
return predictors, total_error

1.5.3 MWXEX

b SRR TR A F A B AR A BT LA S SR A AN o T3 2 R REAT BT A
], FATA G — D RERE AR O A IR Wi A T 2 AR A

FRATH AL G T R WL NI, ZEIZRIT B, BATTECHE 4. h i — R 73 4k
Y, QIR FEIRET B, A TR ERE A 2S8R o B B EIBEIY Y H R X1
R8I BE MBI R, RO XA A o) S B0 L5 TR R

T BEHE YRR R T RIARLT, (BT T 38A7 WLk it e AR 2% o iR VAR f o
TIAEINAEARIRE D . TR PARE %, JeSem T AT J; FATix B gk
AOEE, RS AT/ NSy, TN B Nk SN

scikit-learnfE4R Mt T — AL BARER I 53 R R Al A (1Y) R 2R

from sklearn.cross_validation import train_test_split

TZ PR A L] (BRI E B 12 5% E A ) K i B2 REAL Y] o M R 43, LA
B PRI SR i AT A5 B

Xd_train, Xd_test, y_train, y_test = train_test_split(X_d, y, random_
state=14)

XFERATHRAR TN EIEE . g Exd_trainfIXEXd_test, yv_trainflly_test
39 R VB A B AR B 2R A5
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Y153 bR 2 = A S8 randon_stat e FIRAGE VI MBEHLIR A . Bk D14y, AT R A bl
BURZS, DIorasaitile] . mAR A AL RRMILY, (FR e HNEILEMER, Miha R i —
HW . e A Aflrandom_statefih s, FRADURIBIRMFE—ME, XFEIRMG RIS
WENIIZIRTR AR, XA TARKHESE SR . frandom_state(HIX & Anone, B YI045 54
FEELIERHLEY

B, THREITAEEMEA HERZEH (Tmes ), 108 JERIZRE . 8 EBdELE b a4
FRAE, (EFHFRATEHTE LR train_on_feature () YIZRHIIGS, THAEFIRE,

all_predictors = {}
errors = {}
for feature_index in range (Xd_train.shapell]):
predictors, total_error = train_on_feature(Xd_train, y_train,
feature_index)

all_predictors|[feature_index] = predictors
errors[feature_index] = total_error
SRIG RS DR BRARMYRFIE , AE RS A mE—RL
best_feature, best_error = sorted(errors.items(), key=itemgetter(1l))

[0]
XTI AT HET , HRBIR AR, A)node 1854,

model = {'feature': best_feature,
'predictor': all_predictors[best_feature] [0]}

mode IRALE—NFIMEE , BEPINICER: T/ ENRERMBN G . A TS, win]
DA RAE (R0 A DL ik s A 1502 R Bilans
variable = model['variable']

predictor = model|['predictor']
prediction = predictor[int (sample[variable])]

AN H T BT 2 SBAE AT, A b A AR S TR T A R, S8 i
Bt A Hh B SRR 8 T
def predict (X_test, model):
variable = model['variable']
predictor = model|['predictor']
y_predicted = np.array ([predictor[int (sample[variable])] for

sample in X_test])
return y_predicted

FATH LT~ pR S T I AR b R A 1 S 5
y_predicted = predict (X_test, model)

HAHIM AT RN PRI, SRER RIERREZ D,
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accuracy = np.mean(y_predicted == y_test) * 100
print ("The test accuracy is {:.1f}%".format (accuracy))

HHZRON68%, T U] — 2R, ARG T

1.6 N

AREANZET T FPython A TEUEZ . WIRAREEIZATIX — B iU (WLARRD R 1 3 Ay
PRI ), BEWIT RIS C S, RS R IR MRS AR REIS AT 1. A4 LePython R iL
2, IR R o

FATHIPython NotebookizfT T UM, 4FAbERE M NA B —/ NIRRT . EIIRERRK,
JE RS

FA12E T — A BB AT B0, e R IR 2 — ISR BT RT o XM IRRYERY
TR AR, R B AN DR BRI AR . B IR sl P TR AE ML o AR 34 T H]
TERDE . BYF . N T RESROUER, DA E REIX L4 R Sk .

AER WS OneREFEN A T /RN o R SRR RHEEI T2026, IR b (E A E
IZRAE RIS b i B B 22, 15 BN Rt e TR~

JREEF Y R RMEAE TS, A 2N Hscikitc-learnFELU R E S —
SRR 5 o

@ fn A ipynb3C - 7E Notebook T JT 4R 4L: , %5 HIISONKAF T BAF 4 A LA G IERIISONTAY, HATAE—T.
—



Fscikit-learn

fmitss o

FHPythonif F 4’5 Mscikit-learnff, SEEL T —RIVBERIZIRA T, St HamiiEn .
FRUEACEIMR A S TR, (8T P 220K RS 7 78 A A IR A S 5. A K
ffifscikit-learn/EMEEM T H,

A PHHEEIZ IS HIREZR RS 75 A T IR —ESE, JR a1 it ol LUE I B ik
FVBAEAZ A8 B A AR L

AREFENGUT LS.

Q 1%+ % (Bstimator ): T2, RISHMEIHIHT .
Q ##:3% (Transformer ): FT4dia pikb BB Pa it
O AR (Pipeline ): AAHHIRIZIEE, TR,

2.1 scikit-learn {&itsEs

R P IR HE, scikit-learnfUAHSCHIREB R BN AG & . fhTHEH
TS, EEEAFELUT PR

Q fit( -Ullé}?ﬁ% BEE NS RREERNON R LRI 2H

Q predict () : ZHOMAE . BUIMHKEIS], FFR ol — 0 SIS A BRI Y
ﬁéﬁo

KEH scikit-learnfliit#Z WO RS 2 R numoy B 2B

scikit-learnt®it T KBNS, HPH L@ M (SVM ), MK, 2 MEE,
ZREDARBESH T Ko AN P scikit-learn T RYILARH % .




20 % 2% A scikit-learn f&+ 8B 4%

HMNE B ZEnatplotlibk, AN A RAE ., RMEGZEF AR
pip3 k%K, EFHF1FZEscikit-learntf AL,
—
$pip3 install matplotlib
ZR AP EBEEFTIA, HAFE 54 e9ZE 454 hitp:/matplotlib.

org/users/installing.html,

211 E4REE

AR S T RE R AR E RIS IR h o EDULR — R S X MAER T o, AR
ik, RESH A RAMURIRLEAN K, BR X LEAMARZ IS TS, Bt~ S0

A2

ZRUE, FATEMSE =M R4 RPN ETE B 50 ), Pl = AMIEm2il. A
FN =B ERIEHIARE : PAZEE—A3 o ZSERBER 2 TR, A T =2 B 25

NI

."
¢

AR LT AT LIRSS e 702, (B, BSTHREERE A Z R R
TR, N, BRh AN 100, F5 20 HRASXEAR AR Z A fiE R . SR, 44
PRECE S 10000, EET RS0 M MEZ MR EEE | AR Z T HZEIEBE Tk, JRs:
wEA YRR,

B TSR RO, A — R, SRR R UE A RO S R BUAR 2E . %
XAPEOL, % AR

212 HBBEEE
S B R IR A DM A — o TR VA B WA AR T (R B /b, T lE— 4
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Ui, FABEIFREMB i — XK 53— X MR R AR AF A, IR R IT %, K H
S A St

MTTH-ZABETE R BE B B i e R AR B, RV s B R o RURTE R s A~ ad, A
O P S Z RS, A5 RIAYSS SRR R ICHE RS . RS RUEA AR, SRR )
R FEE TR

DR PGB B SR B, L ISR AL LRI LU AR AE A KRS, R BE il 2 LB 22 © iteAh,
WARARZFHAEE0, WRUE TR, A5 RMAMER . Xl LA B B 7%
WA S R A SR S

Fob U R O R AR E AR AR 2R P 2 S R BE 22 A (B IR ). S PR At
2B T, RAEEIER . BRI G R BEE 4%, IRABERY A T EIRk, B
AERIE R LR 2 WS . BRSNS AR, (HUR T 32 iR I 2 O R EG B 2 /)
/T%go

A SR B S O AR (R AR [ T, UL BV, AR B R AR L ] B e RO A%
SZMH. L E =R R AR R

A

A

> -
A

<%
-
|

TE i Epsk I, A IRIR 5 (B 2 [ Y B R A SRR o ZE IR TR, DRIP4 KB
AL A B RO B Rl — AN EAEE L, AT R A . D e R 2 2 2 S i 2
EARRE MBIRIF 1 [ FT5E R ) Ak ) s 2 A, L XS ( City Block ), M4 i ZAH R
B ARGED . AEERKIER R ER, R Z B RRZE, ZMAFAE ) i i

SR WAl o 5 B8 7 I X R R A R ARG R . BN, URIVBEREATRZARE, (R URE

O FEFRGMH A L BRI M B AR, HREHK P8l B MR sh, —F&E
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B WA Z AR RR IR B ERAR A, S AR BEi i i W TR B AT LU 171 2 Wi g e 2
THOUT BA R AR TE, (FURANRBE A rh SRS (EAR R, S Wi B A, X Sehpfib
#e 2 HAMAFAC AT R o e, PRORUCUIAVZIE, El  THHEm R 2 o, (HRE
BF T IR T & RO Le 5 T T RE AR T — 285 B

AREE, BATEZS AR, HABRE R 1 51 4

2.1.3 MEHIEE

RILRs 2 A Bt A2 i & 8 & (Tonosphere ), JX SERHE R H s R MCHERY . X LKL H
AR AT A L B SR A S RPN AE p T Pl R R IR EE ) o R — A B RE S HH ik
SRR RIS, X AR TR IR —28 (FEdade b “g” 3o ), SREHERE (] “b”
PR o FATEMEIHUR L MG, A SIS B AR

( EM&k A https://www flickr.com/photos/geckzilla/16149273389/ )

lonosphere a4 1T LA MUCIHL g 2% 2T B0 T 2%, 28R F L & R BdE S, nT T2 R
PEAZ AT 55 o F] T http://archive.ics.uci.edu/ml/datasets/lonosphere, j5.i7Data Folder, 7ERf )5+ IFIY)
T, T #kionosphere.datafllionosphere.names U o X N SCARAZ 2N P 32 H 5 K ¥ Data
e,
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I H FHEBERETHEAMSEZ %, Windows & % P i@ % 4 C:\Documents and
Settings\username ., Mac##Linux £ 4t ¥ % /home/username ., 4w RARR AL, 7T A
&\ 1A F @49 Python K h £ B FAT AR

import os
print (os.path.expanduser ("~"))

RARERATAISMME, R34 N1 TEERLCRE R EEE (R RLARE WAL ). s —
MEAE g B b7, FREIRIEIR, RET A TAMEREE.

J& #llTPython Notebook IR 55 4%, @44 Mlonosphere Nearest Neighbors ) ZE 104 304,
B, S Anumpy MlesviF, T2 AR,

import numpy as np
import csv

INEEHELEAT, JHDataSCIFIe AR | BOEAE FTE RSP FJe 44 FROREUE S 44 PR e & e 4 3C
PERYSERE B

data_filename = os.path.join(data_folder, "Ionosphere",
"ionosphere.data")

DI Numpy B <Ay FE OB 4R o BdRgEI/NE M, 3351473451 7ELUR SR TAE S,

PUBIS GRS SIBIER- €7E SO N & S R TR EEAS P /1) [ R AP SIBIER 6 SO NN D VRV a1 =
BB AMBTEAFIE W B R

X
Y

TIonosphere£H#E 5 314 HCSV ( Comma-Separated Values, FiE 53R ) #4820, X&H
BRI AT csviBEHOR AR S, TFAIE cav i AR 4

with open(data_filename, 'r') as input_file:
reader = csv.reader (input_file)

HeA, ST SCPET R TR SRR LI R, FRATAT U R SR g
) —A A PR BRECR AR AT RS, A6 N IS AR < h 5 — AR S R TS5
for i, row in enumerate (reader) :
FRICE—ARR R34, R A, SRS

data = [float (datum) for datum in row[:-1]]
X[1] = data

W5, SREENMRESG — N FORIEHINE, BTN BCE, WREHN “g”, [EN1,
HWHE RO,

np.zeros((351, 34), dtype='float")
np.zeros((351,), dtype='bool")
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yli]l = row[-1] == 'g"'

Bk, FATIHCEIRAESE) T, JEERA TRy, SIRAE A MOEAR

2.1.4 BHSLINRIEFRENR

IEMARTEF LAY, scikit-learnflii TP RBREE A fit () Flpredict (). Hfit
IR o2 AR AN E, Hloredict FEAERRAE FITARROR .

T, WEAHEIIZEMMIRE . FAI BT Ttrain_test_split Rk,

from sklearn.cross_validation import train_test_split
X_train, X_test, y_train, y_test = train_test_split (X, y, random_
state=14)

WA, FAKEA RN, FHOAHR— D50, BB, SEJUBAREIAT, J5
S EORIL . IZFEBIASE RS I A 7 et .

from sklearn.neighbors import KNeighborsClassifier
estimator = KNeighborsClassifier ()

TR RIS, TR ETNGREE AT SR . KT AR AT E I ZRAR rP OBl 1L
B o B S RN R RS, PR S AT

estimator.fit (X_train, y_train)
e, AR, MRS EAEaAE E R,

v_predicted = estimator.predict (X_test)
accuracy = np.mean(y_test == y_predicted) * 100
print ("The accuracy is {0:.1f}%".format (accuracy))

IEWHN86.4% . MBS E, HAPEULT M REA R R, HRRITHE! BA
scikit-learniZARZEEASHOE HVERT, RORWAHE, (HHATIdE 2 RAE SR Y
SR, RATREE IS IE SR, FHOARIRARCR

215 wBITE®X

TESCHTHLA SRR, JAHERSRE S R miiALE , FINGEINET %, el
PERCR o i YoEas , KRG, AT 2B E RN 6. ez, BATATRESF
BERIAARERE . Wirh TRAT—mIAEE, BHE— D HIARNEE LA O IST 1T, XEAR
ARTTHE

SR BB PR iR — UMK R A IR, BEAR RUI— A T, ARt 2 ULk, 2t
FrILRES . BRI, FE SR WA RN R IR TIN5 EUCOR—HE, b Zaf R i 2R
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PEAR A REFARIIA—K . BRI .
(1) F5 B KB HE 2 R LA 4y (fold™ )
(2) XTI AT LA T A
I A e W (VS TR e S
Q JHRAR R INZRT 1%
Q 7e YA gE bk

(3) LRI P4
(4) 16 kb, 5 2000 FABTEMIR e b ek BL— Yk, LU IERAESEAHURE ) 3000

FPR—FRA, WERREKA é’a B VA E B4 € A15% 2] — ANTPython
NotebookZ, 78 A AF P, FhdE &R S IFARR LX A4,

scikit-learn$@fit | JLFSE XAGE T . A NRHBIRECSE I T HiRSS SR B0 0%, A4
from sklearn.cross_validation import cross_val_score
cross_val_scoreZiAE A Stratified K Fold7r ikdna#3E &, © KR4K LR

TE TG AL BT H I AR, DL T SRS ALK A R
Breg g oL, IANBIIMER AR, ANBEARBRERILLET .

FATHORIR A R, SRS A BRI EAL A E

scores = cross_val_score(estimator, X, y, scoring='accuracy')
average_accuracy = np.mean(scores) * 100
print ("The average accuracy is {0:.1f}%".format (average_accuracy))

H, ,n%ﬁ& 3%, ﬁZﬁfﬁ]M%ﬁ 1H%F§U&1IIL&% RS, XGRS
HAH . N1y, BAOTHORBITEE 2l i S ROR P 5 AR RO
216 WESH

JLF- BT A B Z A S AR eV P BB SR, AR ar A R s A Az AL RE ) o (B
ZHRULE ARIEORT , U A SR REE E A R E B BTG

O FFwEm P, —FHE
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EBFEAZANSH, FREEARERE DB B . scikit-learnEX NS

Hn_neighbors. I E%HAAMREGAIE]F, n_neighborsid/Iif, Z2RaE R %524,
FEHLPERSR . A, TN neighborsid K, SEBRIUTABHIREEEET .

' @@ @ @
&
* %

e °qA

(@ ! (b)

o
o
I

e @), FATE H A B AR s (=M ) HEIBIEZS], SR, WERn_neighbors
FMENT, BT MM 6T (RaTREREME ) M7, FEUMRES NEE, BIRER
EPEA T AKX, ARG, RS EENREIERIZEE 200, 2R, WHn_neighbors

HA7, AR (FRZEE ) SRS ENC T, AR RR g2 B 25,

AR — R In_neighborsHfH, HAIMIFI20, FTLIEEHITZWREE, WEAR

SHRAAPTH RIS R Z I I 22 5%

avg_scores = []

all_scores = []

parameter_values = list(range(l, 21)) # Include 20

for n_neighbors in parameter_values:
estimator = KNeighborsClassifier (n_neighbors=n_neighbors)
scores = cross_val_score(estimator, X, y, scoring='accuracy')

HUAIFIN_neighbors{HAYFFMFIF-EI M RAFE A, BRI

avg_scores.append (np.mean (scores) )
all_scores.append(scores)

N TR G, AT L ERAK R IR n_neighbors B [RIBUE I/ EGHHR Z A [

KFR ., BIEHESYRIPython Notebook, FATEAEEICAFIER .,
gmatplotlib inline
SRIG, Mmatplot1ibfES Apyplot, SECHITARE -1 IEM %,

from matplotlib import pyplot as plt plt.plot (parameter_values,
avg_scores, '-o')



22 AKEETULIE P E A 27

M EERTRIE S, BARARZ th 21, (RGBS JERE TR R, TR AT TR,

2.2 RIKEEMAIEFHIN

B, YA FRAE R BUEE Rl 2R, BT EIT REAFAE IR Z . Bilhn, I 3h
Vit bt, SR AR T 2207 B A RFAEE .

Q R 4E . RZEEYA0RISKM, (HbfAILiXZHLH!

Q RE: PJLBEER] iR TR, A Y S E R 1900 !

Q SRR E: 0FISZIH], Mot SHLCE.

XA B 7 ok U E A SR 5, A ARMEBR A A AR A AU | Y A0 By 2 5%
URBATHE LR P _EIRARAE, Ay TRUEROR, W REAR 2 e B W3 AOARAE , (BRFHIE(E
KNS B SRR SR BT R R

AN RVREAE R IBEE R T 220751, WA AR TT IR XA ) R RIEREA TALE AL, (e AT TR RRAE
{EPEAEAH R A B TRILBE RN, s F AR, — AN, A4S
RSB FIE I RN KRR, 2p S IER AR REA K IR STt

VPR X B BOARHIE . QVESHTRHIE SRR IR T B BRAVENE . scikit-learnfy TR T H.
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MAEF L (Transformer ), EHRZFIAHRLE, RIS ABRSE . B T ABEUE AL,
PR REHIRIIBURAIE . 7EIX L, FATRE T XPEE R AR A AL 5 %

221 FALIRRG

N T YHRTTE, Sok X Tonosphere SR AR S s 37 . AKIX LA RRIBUR A I Y, ERIX
LR EAR 2 SRR AR AE . 5, 8 TR ORI S, BAT AR — RIS

X_broken = np.array (X)
TRk, ATHESEL T, BRI, SHLE AFHEMERRLI0,
X_broken[:,::2] /= 10

e FiE, XA RN A K, B3R, BRUAI0Z S, SANRHEAAZEA R, EERN
BUZ, BUEREEAE T, AFEATHEE N RHEE BT TR R . BT IER R E — TR

estimator = KNeighborsClassifier()
original_scores = cross_val_score(estimator, X, vy,

scoring='accuracy"')
print ("The original average accuracy for is
{0:.1f}%".format (np.mean (original_scores) * 100))
broken_scores = cross_val_score(estimator, X_broken, v,

scoring="'accuracy"')

print ("The 'broken' average accuracy for is
{0:.1f}%".format (np.mean (broken_scores) * 100))

EICAIE, TR AR Y IEG AN 82.3%, KUK T1.5%, ERHE(E 22102 122 W]
REA# PRI L

222 FrRETAE

FTAHET R HMinMaxscaler A TR THRHME A RIEAL . FEARTE M ICA SR, 5 Z 00
PSS, BRSAGRRZE,

from sklearn.preprocessing import MinMaxScaler

XANZE AT A BN IR 0B 1 2 0] . fe/METTOIE, s R, HAR A
AT Z ],

ROk, XPERAEXIEATIAL PR, FRATIAE AL PR A MinMaxScaler IR AL bR B, A LL4%

2 5 R )2 426 2T E SR I 1 U0 L AR invimscscater K % L 85 9% 98
fit_transform() FREL, BIRTSERCIIRAniEd

X_transformed = MinMaxScaler ().fit_transform(X)
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X_transformed 5PN EEE, MIFRIAER:, SR, A AEFEREECE 051,
AR Z HABSSRARRINE A i, X T AR B R AR R 2R H

a j\ﬂﬁ%ﬁ]ﬁ%##?ﬂ:{ﬁ%ﬁjﬁl, 1'Eﬁﬁsklearn.preprocessing.Normalizero

Q NESEEE R0, TERNL, ffiflsklearn.preprocessing.StandardScaler,
W AVERLIE AL R

a j‘?’[%ﬁ@ﬂ*%?ﬁﬂ@:ﬁ1k, ﬁﬁﬁsklearn.preprocessing.Binarizer, j(ﬂ:lﬁﬂ{ﬁﬂ"]jﬂ
1, XZHO0,

JREEETT, K am M EIRTAL BTk SO A a8 X AR

223 fAFREK
BUEFA THERTLAT FrF US4l G0k, Bl —E50 B TARR, ABgmand i s .

X_transformed = MinMaxScaler ().fit_transform(X_broken)

estimator = KNeighborsClassifier()

transformed_scores = cross_val_score(estimator, X_transformed, vy,
scoring="'accuracy"')

print ("The average accuracy for is
{0:.1f}%".format (np.mean (transformed_scores) * 100))

IEFAR KT 5182.3% MinMaxScaler BRHIEMIEML BRI (IR, X HERFIERLA 22U
PUMER R SR A XM o s T, S ES TS s, AR EHEEI M
AT

2.3 mkZk

WA IR AR, BRI e B P o AT AT RERT B Adn s, XPRRiE AT —(E 1L
ARRE, LURFAESBE A B0 O SERIIE AR, BRI Al il BB A AT

FRERIC R X LEBA T AA ), AR R, SERTSEI A AR AR MR B DL
AU AR, BORSARAER, s T 1A E A AR RS

%#Nﬂ@?ﬁ%ﬁﬁ%ﬂ@%ﬁﬂlﬁf?o J:*%, ?ﬁm@'ﬁiTX_transformedﬁﬁi%, ‘/}‘Eﬁ'ﬁi
T—ASFmAh TS T Xk S . WA 2P ER, A LR A TR B SR A T i 2D
AR

T K L5 P il 2 F R A e S [n] Y ( MARRNBR T 8, T —Z S yF 3 e e HAb 5 T 1 1

e KA XL IROAF BIEHRAZ IR TARR . Z ISR il U ENTEARE, s Fhu
BTALEE, RIS HRTINEE R . BATAT Lt cross_val_score ¥zl 145 i R P o FH I
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Zk%%o @U£Eﬁﬁﬂ(%ﬁﬁﬁ, QEE?f\PipelineX¢%%o
from sklearn.pipeline import Pipeline

TKK AN —IE BRI 0%, o i a — U Aliitds, AL R .
AR B L FAAR AL TR, S SR T — 2 A . fea, TRk L R)s—5
TR R T 702 . FATHKE I AR

(1) HMinMaxscaler B RefiE BUE i FIRLEE]0~1,

(2) 8 EKNeighborsClassifiers gy,

BT (AR, IR kIR, BTEREIE KL

scaling_pipeline = Pipeline([('scale', MinMaxScaler()),
('predict', KNeighborsClassifier())])

TR IR IR TR T 13 . S8 — oo IERERETE ], 55 — Ao St w2
g, FRATIEE— L ERIERFEEUE (scale ), 25 —BMAETIIN (predict ), AT DAFHHABA T
TULL 5 Ao R S BR B e g X R sl Al TR X 42

WKL E IR, BT e RE S, fACHT s SUS IR WA — T SRR

scores = cross_val_score(scaling pipeline, X_broken, vy,
scoring='accuracy"')

print ("The pipeline scored an average accuracy for is {0:.1f}%".
format (np.mean (transformed_scores) * 100))

IBATHRIRZ AT —HE (82.3% ), RUIFRATXUHRIA L IR Z ATAH I .

JRERFAT S T A I v, M E K ZOARA L, o B RER DR AR 1Y 52 e e
JEAETHHEE .

2.4 INE

g, TfTHscikic-learnFERALAJLANTIME, BIEE 1Bt AEAEE 2 SR A bR vl T
YR B T IR, scikit-learnf HERO—MbTHES, [l ATEAARGI S A5l
£ic RBTEIZREE BTN, SRIG Mpredice rRBTEIIAEE EITALRCR

A EEIR TE AERAN [RV R (RO M SRR A IR R, Ui 1 WAL B0k, RN T e
G FiMinMaxscalerds, BATMA NS (£ic) MERITIE, (EFAREIE, R8s, &I
VLSZiBugiiog Vi Te 8

T, FA12IE AR A S BB — AR — s - L, 2B TIUNBA (SR
TEPRIETE ) LEBRAEIR, JorP O p a4k n 2 ELSE O



®/3E

FB 7R 55 1% Foa 00 3% B TR BA
Ol

REAN G — Py 2RI —— R, JHE BIINBATERRTEAARIEBRIA . HURHABS., th
RWARZHL, Horp i EEA)—MUURRSOS RS M ABRRER TR, AL~
PR BRI RESE BN 55 o TEMNFRA PR AEA B UFRIR, PSR 9 75— ML E AL BEZ A
ANTFIZE R RRAIE

AREFLENEA:

O HpandasfEfmzk . AbHREE

S )

Q BEHLARAR

Q X R E TR AZ I

Q BUESHTRAE, ISR T A RE ST LA Tk

3.1 MEHEE

ARFREA AU ERETIINBASR RN o WSRARFETINBA , 7] BERNIE HLFE g SR BA L e
TRE, MEDMES, ARG — A REEs AR, DI ZARME . R 2R ETEFHRAT LRIk
L, TR KR FARVE RS — SCMBER TR T .

PIFEAR S AT SEE WO AR oe 260, IEMRRPIAE SER i 5, 1 IRAE70%~80% 2 [
USSR & SibIEZ i b e i e N R PR
3.1.1 REHIE

FATHGAH FINBA 2013—2014FE 31 L FE45HH - http://Basketball-Reference.com M3 $21ik TNBA
K HAFER RGOSR . TR LT i N 3

(1) 7ZEW Y28 - T F http://www.basketball-reference.com/leagues/NBA 2014 games.html,
(2) Al FrBiRegular Season%i i Exportf £ .
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3) B F R DatasCh e, 0K SRS
Bl SR HCSY, A8 TNBAR MFEZ 123037 L 3E

CSV NI ELR SCAME A, A7 — 8 IZ 50 R A B (SO U 48 Tt e X 20k
). TEICHA R ANE, BRAFN T csvl 4, WAREARMCSVICHF . HERER L SCARSCIRRY
Sk, SURETTITCSVICHE, Wrl I ExceHEBEAR A FRIEITIF.

AT Hpandas ( Python Data Analysisffij 5, & APythonZida 4T ) X L%, pandas
TER AL PR 5 R4 FH o PythonN & T IR E CSVICHcsviE . B, ZE3))E G EH ik
i B FH 2l pandas B 5 K A9 —S6 pREL, It LAFRATT T FH pandas iz B s 44

AEEEZ ¥ pandas, R L F k2 Apip3hEE, FlEPxi

. scikit-learnZit Ak £ pip3, pandastIZHE FikdeT

s

-~
Q Spip3 install pandas

ZRAA P EB I AT R AE, 7577 9 http:/pandas.pydata.org/getpandas.html
WO T A%, RiMieEiEd,

3.1.2 F pandas & #iEeE

pandas/ZEJE R INZL . BFHAHEEIRL . B S OHEEBIELSH, RETTEIESE T
ﬁ?ﬁ (e}

MNSRAOT AR BRI L, e R B A C Bk e M gn 5 SO eSS PR 1T
SUpREN AR TSI — IR, AT RES I ABES 1% (i Fpandas®GE12% TIRZTIREM I, BEA RO/
P A s BT R B TAE R, HFRECEA RS A IE AR

A5 T BRSBTS 4], FRAT TR = d Fpandas .

Hread_csvrREURRE M2 LE .

import pandas as pd
dataset = pd.read_csv(data_filename)

RS B, KRB R HEAE (dataframe ) o BAEAESR AL T —LLARF 47T
Trik, JRHEEE. RATPREBLIRERSA R WAL, SR r st

dataset.ix[:5]

U e ST

.
Iz
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out[47]:
Date NaN Visitor/Neutral PTS | Home/Neutral PTS | NaN | Notes
Orlando Magic 87 |Indiana Pacers 97 |NaN|NaN
Tue Oct 29 2013 | Box Score | Los Angeles Clippers | 103 |Los Angeles Lakers |116 | NaN | NaN
Chicago Bulls 95 |Miami Heat 107 | NaN | NaN
Wed Oct 30 2013 | Box Score | Brooklyn Nets 94 |Cleveland Cavaliers (98 |NaN|NaN

WA AR, XABHRET LI, (BAAEI LA NRR, R R TR B R X Le ],

W

3.1.3 HUEE&ESE;
M TR A S, TR T LU LA

Q HWPE TR, M HIxEER .

Q A EdE .

O WL EAGARESR, ISR A SE R s H A IR

SRR [, FATTAT I A B, (BRI RE G , A5 B C Z BT R4
7% A BRECR TR0, DT OIS B MO . FRATG T — A K 2k BRI a0 P Ak PR
FEAREE, HIpandasXif JEih & AT HUAL #L

pandas. read_cSV%@%@ETﬂFﬁ%%ﬁEﬁTﬁE@%ﬁ, TE‘r/\jC#FEﬂL?EZHELJL/I\%%ﬁWEﬁ?O
AR, ATEFTUABSCCH RS, R

dataset = pd.read_csv(data_filename, parse_dates=["Date"],
skiprows=[0,1)

dataset.columns = ["Date", "Score Type", "Visitor Team",
"VisitorPts", "Home Team", "HomePts", "OT?", "Notes"]

St X BAL T 5, AR SAIRKEGE, BA TR AST A

dataset.ix[:5]

2 S
out[48]:

Date Score Type | Visitor Team VisitorPts | Home Team HomePts | OT? | Notes
0(2013-10-29 | Box Score | Orlando Magic 87 Indiana Pacers a7 NaN [ NaN
1]2013-10-29 | Box Score | Los Angeles Clippers [ 103 Los Angeles Lakers 116 NaN [ NaN
2(2013-10-29 | Box Score | Chicago Bulls 95 Miami Heat 107 NaN [ NaN
3|2013-10-30 | Box Score | Brooklyn Nets 94 Cleveland Cavaliers | 98 NaN [ NaN
4(2013-10-30 | Box Score | Atlanta Hawks 109 Dallas Mavericks 118 NaN | NaN
5[2013-10-30 | Box Score | Washington Wizards | 102 Detroit Pistons 113 NaN [ NaN
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RIS AR AR, LA P B0, BRATMTI e 0 Al . Jerp— ISR, 3C
PEATRER AU AR RSE, i TAFAEIRAVEE, SCIFRiF e kA1,

WEIR B i s i, FETFiR SR S BNk 2 i, FRAT1SEE T — I IES R 5, 12560
(ROECRES AR A

FHHEAPAIN: FHFEGN . BB e JURIE R, i L%s
50%. FEMATRE— L ERIAGME, #H — KR,
3.1.4 1RENEhHHE

FATHE TR A N BB B IBCRAE . 5, WEROE . eI B, SR
P RER S BRI, BAEANEST R RS IER . JO ] LI 2RIk, AT EA1FoR

FHAGME, HOFIRE RN, X TEIRIEN T, S MM, BRBIRE A
WA 25 A BRBA R I AR 0, (A TR0t e A 2

et E R ERYIKBA «

dataset ["HomeWin"] = dataset["VisitorPts"] < dataset["HomePts"]

AT E R ERN A EEE TR A7 BINumPy B B, FH)5 B scikit-learnp R anxt AT
AbEE . YfTpandasfliscikit-learndfFRAMHITES, HEMEBNumPyEdl, B8 &R .
AT H pandasfili BURFE G B s ciki t - 1earnfli BURFIE EARAY(E

y_true = dataset["HomeWin"].values

J:EEI/‘Jy_t rueﬁ?ﬂ%ﬁ e 2 B , scikit-1 earn ] HIZZPOGZE

AL F] AR — LR e T2 3 . A, REHUEIREEE 2R aeatts 1, (Hil
it S O E Y B S BRI

B, QIR B BATEEA TN A REAE , 20 BRI P S A 5 R RIS DL o ids
ELERE, KECTABIIZERBOK- P4

AR, ICSRARIEEREA . YBA—ATHTEAE T, 0l F A TR T B SRR BAE
% HI L= R A B AR

Bl GBI ) L, FEREERBA B HEFRAOAS R

from collections import defaultdict
won_last = defaultdict (int)

TULAVHOBRIN , EONER S L— . WA TT, faid e, OE—1r, v
SEIMPIANRAIEAE . PISORBNTE 137 EBRAT BEA AR
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for index, row in dataset.iterrows/():
home_team = row["Home Team"]
visitor_team = row["Visitor Team"]
row["HomeLastWin"] = won_last [home_team]
row["VisitorLastWin"] = won_last[visitor_team]
dataset.ix[index] = row

IHEE, IR (e B 4 2 4 R T HES 8 o FRATTET 7 FH A 5 s S 2 e i I HE
IR, WRAREBEEE AN R, IR 2RI A dataset . iterrows () Bt Hdataset.

sort ("Date") .iterrows ()

JFH 2 U BR3P 2 B8 —A 540 T/ 14 LU B )RR Z5 SR BT P SCRRBA b 37 LEFR RS O
DASSE T U Pk D1 303 1 S BRBAR A o AR AR

won_last [home_team] = row["HomeWin"]
won_last [visitor_team] = not row["HomeWin"]

FRRIBZETERE, FN1L T HASEEHE . HomeLastWinfllVisitorLastWin, FATH-%E T
iR, X HEBEASHFEXAR, RA—TERAS IS Wiz LG, RIMTAHETEE L7 %
FIAT . DA RS AR SE 255 20~2547 LU %«

dataset.ix[20:25]

AR .

Out[52]:

Date :::;e Visitor Team VisitorPts | Home Team HomePts | OT? | Notes | HomeWin | HomeLastWin | VisitorLastWin
20|2013-11-01 | Box Score | Milwaukee Bucks 105 Boston Celtics 98 NaN [NaN |False False False
21|2013-11-01 | Box Score | Miami Heat 100 Brooklyn Nets 101 NaN |NaN [True False False
22|2013-11-01 |Box Score | Cleveland Cavaliers |84 Charlotte Bobcats {90 NaN |NaN | True False True
23(2013-11-01 | Box Score gf;':;d Trail 113 Denver Nuggets |98 NaN |NaN |False False False
24|2013-11-01 | Box Score | Dallas Mavericks 105 Houston Rockets | 113 NaN [NaN | True True True
25(2013-11-01 | Box Score | San Antonio Spurs |91 t:i:::ge‘es 85 NaN |NaN |False False True

W IR RGIE, AR A BT, —3EA 100025 L ENE!

e, BN CELE EATERAEE ) fERE S —Uh B, #BUE e e L 3R
HORI o S AT U] b —4F BB kb SR A5 L, MRS Ak, {ELSk Ll S fi o B4k
T,

3.2 RERt

P e — R B P2 D 5k, R ERRE i — RS AR,
T EE S AEIE T — 2 A1 R
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[  Isitraining? |

Yes No —l

| Is it hot? | [ Isitwindy? |

R Z RO, R R IR

Q FREIIGIE, MINGBIRIGE —R, E—m iy B EBea 2R B, (2R
R, WXAE L EUE, R —MErEs R, e 28nt, A TG T
o A, TRORRHER R ZBHLA =T ITERAL, e —MBW 2 5, TEIZRI Bt
PRSI A

Q HUOE M Be, HIUIZRaF s slprdicdis n9 2o . L EECAS, ["is raining”,
"very windy" ] ITIIMNZEHR A “Bad” (IFKRA) o

BIEPRR Y SEA 280, RERE AU S — PR . BRSO R, R AEEEE,
TN, BIE T, P — D RE, DI A BUICE NI i i) J=
G RELEZ VSN RE S E FERAVING I

scikit-learnEI T £ £ w)ast (Classification and Regression Trees, CART ) B I
HAR R A R BN, B SRR SRV R AN AR AT

3.2.1 REBFHSE

AR H AR PSR B — AN EE R . MRS, R n LA RO T DB, Bl
PRI o SR 9 A R A 5 5 S B P B VIS, Tk PSR A v DU T LS 1 R SRORS BE i 5

Br T BOEIR M HEN SN, dnT PSR —ARSERE AR, RO B Y, R p B R A
AR ZEBRT A XA FEMAERTAL (pruning) .

scikit-learnfESCBAYIRFM B IEL N TIR D7, TR T IX Pt i AR S H A9

U min_samples_split: *lﬁiﬁéﬁ{]@—‘/l\%ﬁ%_ail/l\%gﬂﬁ/l\,ﬁtﬁ%o
O min_samples_leaf: F8EN THRE A, BN 2/DNI20 & A RS

D SEAERIE PR RIS A S EOCEE R S RET R
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USRI 9 73— A S RO QIR IR, FHIEA LT A

Q A RARE (Gini impurity ): T DRSS RRFTIGE- AR Y L]
0 {2 &3¢ 5% (Information gain ): FIfE BB BRI it 2 DB E R

3.22 fERRER
Mscikit-learn/E 1 5 ADecisionTreeClassifierZs, FHEAIERFEWN

from sklearn.tree import DecisionTreeClassifier

clf = DecisionTreeClassifier (random_state=14)
FHEAVFEKEZ L random_state® A A 14, KB P A H Frandom_statedd
“\I@ Wy, RAVERAZAL, 1£ A ARRE ¢ FALFEF (random seed ) , AE4BPRIEJLIR %
Btk RANR , K, VUG A THRIET, HRIER R TT S 4 T 0 AL
KA, EREILRERT, FEAREGEIIKRE.

IAEFNT M pandasBHRAE h B, MEMscikit-learn/P2Ratib i, $5&E T RS,
HEIER) values/®E, WUAESRI 4 ST BRBA Y E—1 LEBREE R

X_previouswins = dataset[["HomeLastWin", "VisitorLastWin"]].values

PREE2FE MY ARSAE AL, PRt R Al as, BB R ticMpredict ik, K
ISR AT L F cross_val_score ik esRAT 38 SR 56 4 F- 34 IEAf % .
scores = cross_val_score(clf, X_previouswins, y_true,

scoring="'accuracy')
print ("Accuracy: {0:.1f}%".format (np.mean(scores) * 100))

IEBFN56.1%,  HEEFIHLITN A ZE R fERG | BATILZ AT LU EAF . WEIRAR PR A 2L
F#AE ( Feature Engineering, Ak TR ) SEAUHGAZ I AMESTTE, S AORAIE FLHEOC R B 45 R AY IEH
R—H B AE N EEE E

3.3 NBA LEZFELER M

ZA A RRAE, FAINOZREMIS L. cross_val_scoreykal ARSI IE
R, A T8, O LSRR R 73 2R ACR

T AR AR AT DL ER AT RN TINS5 1T, BB 2B ENE 7 FRAT12%1n)
HE LU PN,
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Q —BmE, fHAarERERBAKSE B = 7
Q POSZERBA E— WA, 2 A7

FA TR MAHTERA BRI, LGN 2 R RERS 21— IR PN A [R]BR A LU BRI DL AR

HESES

T EIE SRR, FRATOIE—AE “ EBE A EF X TR+ &7 BREE, IS
2013FE M RGHE A FREIBUER IR . AR — S BRBATE2013 88 AR A TR, FRATHOA B
7J(_T|ZEIEJO

GRS T EITEIT

(1) ZEW YE 28 - T F http://www.basketball-reference.com/leagues/NBA 2013 _standings.html,
(2) #&#|Expanded Standingsilt7y, %HR 4G T A ERBA % o

(3) A Exportsfs .

(4) R Bhle PR Ar Vs SC iRl

[7] ] TIPython NotebookZEiCAN S, FEH#SF B A LU RS . 35 B RS R A7 3]
data_folderTHISEMHEFET .

standings_filename = os.path.join(data_folder,
"leagues_NBA_2013_standings_expanded-standings.csv")
standings = pd.read_csv(standings_filename, skiprows=[0,1])

IO TG T B AstandingsIfiafT, BE S,

standings

R e

[outrs71:
Rk | Team Overall |Home | Road | E w A [ SE |..|Post |<3 |210 |Oct |Nov |Dec |Jan |Feb |Mar |Apr
0 |1 |Miami Heat 66-16 |37-4 |29-12|41-11|25-5 |14-4|12-6|15-1|...|30-2 |9-3 [39-8 |1-0 [10-3|10-5|8-5 |12-1|17-1|8-1
1 |2 |Oklahoma City Thunder |60-22 |(34-7 |26-15|21-9 |39-13|7-3 (8-2 |6-4 |..|21-8 |3-6 |44-B6 |NaN|13-4|11-2|11-5|7-4 [12-5|6-2
2 |3 |San Antonio Spurs 58-24 |35-6 |23-18|25-5 |33-19(8-2 |91 |8-2 |..|16-12(9-5 [31-10{1-0 [12-4|12-4|12-3(8-3 [10-4|3-6
3 |4 |Denver Nuggets 57-25 |38-3 |19-22|19-11|38-14|5-5 |10-0|4-6 |..|24-4 [11-7|28-8 |0-1 [8-8 |9-6 |12-3(8-4 |13-2|7-1
4 |5 |Los Angeles Clippers 56-26 |32-9 |24-17|219 |35-17|7-3 |82 |64 |../179 [3-5 |38-12|1-0 |86 |16-0|9-7 (85 |77 |71
5 |6 |Memphis Grizzlies 56-26 |32-9 |24-17|22-8 |34-18(8-2 |82 |64 |..|23-8 |64 [28-9 |0O-1 [12-1|7-7 |10-7(9-2 [11-6|7-2
6 |7 |MNew York Knicks 54-28 |31-10 |23-18|37-15|17-13(10-6|12-6|15-3|...|22-10|7-5 [31-12|NaN[11-4|10-5|7-6 (65 [12-6|8-2
7 |8 |Brooklyn Nets 49-33 [26-15 (23-18|36-16|13-17|11-5|13-5|12-6...|18-11|9-4 |23-17(NaN|11-4|5-11|11-4|7-5 |87 |7-2
8 |9 |Indiana Pacers 49-32 [30-11 (19-21|31-20|18-12|6-11|13-3|12-6|...|17-11|4-9 |27-14(1-0 |7-8 |10-5/9-6 |9-3 |11-5|25
[ 9 |10 |CGolden State Warriors |47-35 |28-13 |19-22|19-11|28-24|7-3 |55 |7-3 |..|17-13(5-3 (20-18|1-0 (86 |12-4|8-7 (48 (97 |53 <

HToR, QUE—DHRHE, RS LML B —1T, ARG
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SCERBAAR S, AR AT

dataset ["HomeTeamRanksHigher"] = 0

for index, row in dataset.iterrows():
home_team = row|["Home Team"]
visitor_team = row["Visitor Team"]

ALEERBA201438 T4 1, 44 FANRE SR R R — SCBRBA o JEAUTH BLAE R 5 AN R B K
LN ZFBE] TR A RERAN, F5 ZUE BRI 4 T, LABR R IE AR 4R 2% 3K BA ST AT Y
HEA o

if home_team == "New Orleans Pelicans":
home_team = "New Orleans Hornets"

elif visitor_team == "New Orleans Pelicans":
visitor_team = "New Orleans Hornets"

BAERRETT 2P S ERA RO HES , LUBCEA RS, SRR (EL

home_rank = standings([standings["Team"] ==
home_team] ["Rk"] .values[0]
visitor_rank = standings|[standings["Team"] ==
visitor_team] ["Rk"].values[0]

row[ "HomeTeamRanksHigher"] = int (home_rank > visitor_rank)
dataset.ix[index] = row
Tk, Hcross_val_scorerR¥IMNAZE R . B 5E, MEHRELE PR TR Z MR
X_homehigher = dataset[["HomeLastWin", "VisitorLastwin",
"HomeTeamRanksHigher"]] .values

SRJG, BlEiDecisionTreeClassifier/ S, AT, RIFIEMR,

clf = DecisionTreeClassifier (random_state=14)

scores = cross_val_score(clf, X_homehigher, y_true,
scoring="'accuracy"')

print ("Accuracy: {0:.1f}%".format (np.mean (scores) * 100))

AE ) IE 1 %5260.3% FeFRATTZ AT 25 SR il . T e s

HTOR, BADPRGET PSR L35 LUIRAOIEOL, 1EA 75— DRFE. SBIRBRBAHES A B T H
(HEZSERTRIIER TR ), (EAT IR 585 A ER B S T RE M HE A SERTAY . IRAATRZ . filn, HE
AR BRI SES TR T R i o B O B o IR R B D VR ST — DRHIESE L, e el
T, PRAF LS SRR AL, FERURAHE SR RIE . AR AR

last_match_winner = defaultdict (int)
dataset [ "HomeTeamWonLast"] = 0

SRR, IR, MBI PR A S SR L

for index, row in dataset.iterrows():
home_team = row["Home Team"]
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visitor_team = row["Visitor Team"]

A IEME BRI 291, FRATIEE — P XM SCERAE_E—3 R P BRI A
I, $ BT SCF BRI XS BRI TR EATHE , B R P SCERBAIGIE & PRk, #REE AR A5 .

teams = tuple(sorted([home_team, visitor_team]))
T AT, PP ERBA IR LTS . SRS, SRR AE X A5 -

row[ "HomeTeamWonLast"] = 1 if last_match_winner[teams] ==
row["Home Team"] else 0
dataset.ix[index] = row

5, HHlast_match_winner 78, {H AP SZERATE MHTHK LFEP O E &, PSR
PR AR I AR A 2%

winner = row["Home Team"] if row["HomeWin"] else row
["Visitor Team"]

last_match_winner[teams] = winner
T, AGEEHMIR PN RE R SRS . WA RIRIELE & 1 ek . RIS
X_lastwinner = dataset[["HomeTeamRanksHigher", "HomeTeam

WonLast"]].values

clf = DecisionTreeClassifier (random_state=14)
scores = cross_val_score(clf, X_lastwinner, y_true,

scoring='accuracy"')
print ("Accuracy: {0:.1f}%".format (np.mean(scores) * 100))

IEFRK60.6%, 455k T,

BRRATRE — T, JORRENZGEIE 2R RIEN T, REEEREIARUN I, RATH
SRR INER BN, LAKEI & 215 RE R A 0 1R B

AR BRI A BRRFAE A 20 B il . (Hscikit-learn PRSI AYHR SRR AL 2R
SEXT X RAFESA TN . HLabel Encoderfffe st BB AT H 2R PR 24 Ak e A, (RS
mr.

from sklearn.preprocessing import LabelEncoder
encoding = LabelEncoder ()

K IR FREL AL AR B
encoding.fit (dataset ["Home Team"].values)

HTOk, A LR B R BRI ERA S ( E AL BUE Y ) JRR A S (7ENumPy
AR “stacking”, JEMEAGIEE) X, R MER, T

home_teams = encoding.transform(dataset["Home Team"] .values)
visitor_teams = encoding.transform(dataset["Visitor Team"].values)



3.4 FEHLARA 41

X_teams = np.vstack([home_teams, visitor_teams]).T

DRSRA T DL X B E 1 7%k, {HDecisionTreeClassifierf BB 1 E &L RILE
o Bilan, g5 MORN16M173KBA , SHIE S UCAERBAIFI2AALL, 1iEKkBA4FT 10 [A], (HHAEX B
B, SFHSERANNS , BB AR — BRI, BARRE, B PR

F T BRI AP ASE BRI A —E IS, B AT AT LA FOneHotEncoder’% i 41X L6 K s
oy AT . BRHEH A RIECT RFR  Biln, LabelEncoder by 2 fingf A4k A7 BiL
IR B 27 , IS 4 OneHotEncoder A & 43 Bt B9 — HERISCF IS -E Al 1, HA MRS -E At 2o,
BT REAGRFAE (AR AR AL B, T BRAE 7RISR A, RSN .

from sklearn.preprocessing import OneHotEncoder
onehot = OneHotEncoder ()

TEAR R B AT T BRI 25380, B S5 AR AR & H
X_teams_expanded = onehot.fit_transform(X_teams) .todense ()
e, BRI BAREE s FHDR SR 2024

clf = DecisionTreeClassifier (random_state=14)

scores = cross_val_score(clf, X_teams_expanded, y_true,
scoring='accuracy')

print ("Accuracy: {0:.1f}%".format (np.mean(scores) * 100))

IEBFN60%, HILMEE R, (HIEBA ZRTARBCREF . JE AT REAE TR S, Pesk
PALHIAR S, ST, WAI=BSRAE, BREASASENM. Bz e Al
2 HAPH R A AR

3.4 FEHLARIK

— RO AT LA BAR A Z O RN o SR, AR AT RE 2 OS5 T —— 2 B ML U
TN . MRTTEZ — e TR IR 1, BRI E I 2 AL A B . fln, SRR Y
WERGIE =)=, Ribessd ham B Ir o Bante fy i RN, Akess i R A A4S 2
RN, o SE RN 2o Kb A E— 204 o3 S SO B R o ol IR T b 05 5845 B SR Z AL
REJyim, (EAREIRRBURSS o

N T HRAN ERTERA L, FATAT LRI BRI, e 1T B, PR AR
M HL B U A TR 45 R e PR A TN 2R . X IE SR REHLARARAY T AR

R Esd R A P R, — B A R SRR AR R BE A [R] A —— - U AR R )

O A ZDMFIE, R A 2000, —FFE



42 H3F  ARFERTAR KA

A, BAEAEE A RATRA—MIZGE, IR0 @260, EIrH AT 68
ARED Ptk AR TR ) o ffR T R AR FEATL B 45 A B B —3 o Bl VRV 546 o X ad
FEIEE % (bagging)

S AN AU TR LSRR AR A RFIEAE R S o BV FRATT AL B0 3 i A1 2k
8, BIERDSERAMETIHAR K . itk BEPLEEIBGR MR A .

IR, FEHTBEHUAN RS h B B A (JLPJ2 ) FENLEIRAEE, BId R . X
HURBENLARAR, BORE ERRAA L AN, (HEMEEEARZ AR R

3.4.1 REWEYER AR

REALARAR 12 A TE R B LI L E A JERGE S I A R aa o SR, i X AR LT FEbLAY
BT A B BIN S RIBOSE, HRERE RPN 25 R AR — B . AT 2R 3R XA A —2L.

7r T GREER AL IR o PSRIIX D7 22 RN IEN 5 Z BV GRAR AL AR sE R, AT
PR LA AR

. *Fr R, MR (bias) 2w Ik o5, mERBEEXHAXEZ.
Wodo, SEAMRABA I ARIE L EASNH, A FHABHORE, Bid 5
K 0 HOB B o PRI S 60 IE B L, ARAE MR AR R A4 7 B

X BEHLARAR b B DRSRRS B BNZE RIS (E, REATRRIRTT 22, SRR 3 A AR i S AR
NRECIIS

— BT, DRSS TN e B AR AR 2E B REALIE, BN AR R
I, A 22 MRS B A T AE SRR RIE, RERE I ERBEHLIR 22 A5 i —— LR B TE A ) Tt 4%
o ABHEHHEZHERITEHBRRZEZNG] T

3.4.2 MENAMEBEZENSH

scikit—learnﬂf:q:‘E@RandomForestClassifier?ﬁ%ﬁ'l‘f@ﬂﬁﬂ‘%%%ifﬂ, TARAET
—ZRHNZH, WM EMiH ToecisionTreeClassifierfI KRB, FrLLEMHRELSEE—
W, PR bsE (FEEALEE /(5 81825 ) | max_featuresflmin_samples_split,
MR, RO A T —EH SR

Q n_estimators: HIRAEE B JRM AOBCRE . Z(EDBGS , PRAERT S, IERR (ThE
LB
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Q oob_score: WHRBEENE, MEXFPEE A VISR A%
Q n_jobs: RAIATIHE I NIRRT T 20 PR EE .

scikit-learnfEERHE T HTFI T M Iob1ibE . n_jobstia I NAZEL. BRE
DA —URCPUR SR, WTZHILAS, s HsE -1, JFaheifa i,

3.4.3 {FHABEHRMNEZL

scikit-learnESCEAYRENLARAMBE LA AL TR 10, FHAS SR iR e BT, XA
R 2Z KRN

from sklearn.ensemble import RandomForestClassifier

clf = RandomForestClassifier (random_state=14)

scores = cross_val_score(clf, X_teams, y_true, scoring='accuracy')
print ("Accuracy: {0:.1f}%".format (np.mean(scores) * 100))

RS2y, IEHREIRT 170.6%, i£%160.6%.

BEALARARA FHAS [ AR AE TR 727 >0, % L3 ) S B R Sl FTRKRE — T 2 H
JUAMFRIERCR A

X_all = np.hstack([X_home_higher, X_teams])

clf = RandomForestClassifier (random_state=14)

scores = cross_val_score(clf, X_all, y_true, scoring='accuracy')
print ("Accuracy: {0:.1f}%".format (np.mean(scores) * 100))

EHIR N61.1% NAFETF "M HceridsearchevS R RIESE, BT .

parameter_space = {
"max_features": [2, 10, 'auto'],
"n_estimators": [100,],
"criterion": ["gini", "entropy"],
"min_samples_leaf": [2, 4, 6],

}

clf = RandomForestClassifier (random_state=14)

grid = GridSearchCV(clf, parameter_space)

grid.fit(X_all, y_true)

print ("Accuracy: {0:.1f}%".format (grid.best_score_ * 100))

RYEFRETHCR, K5 T 64.2%!
i R AR A R AR B A B AL, A AR T IIRE 2, (RS AT
print (grid.best_estimator_)
NSRRI R ES S e bl o R EI e S Ve

RandomForestClassifier (bootstrap=True, compute_importances=None,
criterion='entropy', max_depth=None, max_features=2,
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max_leaf_nodes=None, min_density=None, min_samples_leaf=6,
min_samples_split=2, n_estimators=100, n_jobs=1,
oob_score=False, random_state=14, verbose=0)

3.4.4 GEIIFE

MBI, BT TR SIS AR X Sk B B AR Wi . 28 /MU A B
AR A IR RAE, IEFFTEARETE T10%.

HpandasH LAY pRECEIEAFE . ARSI .

dataset ["New Feature"] = feature_creator ()

feature_creator@ﬁﬁ @ﬁ*ﬁ% "F%ﬁ*ﬁ%%/ﬁtﬁ?ﬁﬁo ﬁ%ﬁ*ﬁ%?ﬁjﬂ%ﬁo

dataset ["New Feature"] = feature_creator (dataset)
i LR IOA R — I B R IE R BB RME,  Ehano, W R PR
dataset ["My New Feature"] = 0

HToR, wBEEE, HRPIERE, ARW 20N T XA R BT

for index, row in dataset.iterrows():
home_team = row["Home Team"]
visitor_team = row["Visitor Team"]
# Some calculation here to alter row
dataset.ix[index] = row

THER, bR APE 7 8RN o ARVREEIAIE , 1 — A B A R . HTRY I
R i B AR R et AR B —

RTINS PR REE IR — P AR

Q BREA LRFT BRI A Z K a7 I NESER, 55 FEER %S .
Q PSZERBAT & It BRES R anfar 2 X A2 e Home LastWinflVisitorLastWwin
RE S BR BA 1Y LK CRTBURRIE DT 2800 )
O BRPAEA R IR SR BROAFT LRI R A A7 iln, BREATERAMAE I BT L 3E,
A& R R Rt e A AR A
5 b B T X SRR A 3 B R XE, §E 2 % pandas F) SC £ http:/pandas.pydata.org/pandas-
docs/stable/, IAh, 7B A] LLZ2iR M Stack OverflowZE4E X TR H5 Bl

SRR, BBk GBI TR BB S LB B . LS, IRRERIR T AL
e BRI 852 Z RO RRAE TR BE F 45 SRR AR A
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3.5 Ihgg

KRB fscikit-learnER) A — P fsDecisionTreeClassifier, I T WA
pandasfbEEEHE . FRATTAMHT T ELSZINBASER 1Y LRSS B , QUEEBHRE R T2k, JRERX A
R R BRRRA AL . T B T BE A A — 2B /N R

ANV B P RAAER ST IERRARAG R B, ] T — BB A —BEPLERAK, 2D 4
PRSP R BRI S, AR B RIA R . Bl TR A2 a0 fa]
FE DR AL, LR a4 TR Z 4 5 i A el e




R 3= F0

E IR AR RS

AR QAT FEAE AT T i AT AT 00 S X R 2w —R I B ik, X
WM, U A ESR IR R AR — R

FITERIEMIXTZRNEREN, FEHIRAIER R BRIA . AT BT IR0 s 200 Ba A BT AR, FAT]
PIREERIN S (R ) MR o A2 TS5 1) B AR SE4R H XT SR R B 50, sl
TR P RN E O LES RS I

AT FEP RUIT IS

Q SEFESM T

Q JH AprioriB A5 48 X BAFE
Q R

Q K g )

4.1 FEMMEDHR

SRR AT R P R AL R BT O o TIRTLE, FRATTOCTERYE RIF G 2 [ A
U o AR BT AR 5 R 2T o (R B idls . MEDUL BT, i eeXidln s o iy
I B 5E 5 i —— M BE R IR LE R R O — R SR

SR, SEAME MRS IS AR Z, .

Q YRR
Q JE X 53
Q Hiife
Q = aifErE

SENIWE AT O IS AR, RO id W A 1 JCE = BVBAEAR 200 AT 55 vh i T IR R e B
mEdEdE . BN, fERSAERAE SR, FRATERIR AR XA R Z RN H2, 8T
FURATREVEOT I BT R, X4 2R A i e — AN AR XS AR AT Wi
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AL, PR B (IR AT ), PR TR RRE
WA

AREEAKT L USR] 28 B A A S LR A TR T A B A PR . X
LS B TR T RR A R

411 FEMNHEDREZX

FANTHEENVEAN G T — MR AR TR, 20l T rA T RER UL, THR T aRs
RUI B A5 BE AN SR BE , TFARIRX PR EBEA T HER , e RN

IR, XATTIERCRA T o WS Pl I B dE b, B2 B 8dis R ST M R i
ERSFAR L, R FEAEIR /N B R i ds L dh iz 2, RSSO A T BT
Fydh CEEZEJLA TR Do ANSRAIN A 5 AR SR 1 IR TR B, AR S U i 5 2 A s 1]
SRR AR R o B BT AR AN, TR AL P B (] R AR R . T EL Al
Ui, FrA AT RER LR 22 -1 MR SR, ATRERIMUNBEA 31555 A 10MHIE, nTAE
AR AT 1023555 ALACAH T00MEAE, HUNBCREREA 230040, BV RE Ty KR Fe TR
WREEE FTERT AR . R, SHBOHREALE AL, A SRR R

Apriori$ 5 il IURZ SRR AT RE o B FONEG S OB 2 BUA R h e O [R] o
BAYRT AR F R S (frequent itemset ) , JEESE 1 FiAKR ZR B ARG K AR, — H k3]
BT, AR ORI AR A S T .

Apriori ik F B EL RIS AR I . Ho, wibk TR AR S A B0 S
Apriorif k) — N EES SR/ N R . N, EARRE SR MA . BREIUEE (A,B) ,
BORSHFEZRD N30, ABAAFIBERLLZ 2 /DR BAE AR B30 . TR AYHI S AR L 20 <1 %
WZE, HNE AR EIUE (A, B,C,D) , ABATH(A, B, ORI EIUE (HADA W
B AL R/ NSRRI )

AIRE R RS, A REIEHAL A RER IS S p e (XRERER B AR ) , IR
Rl DRI AL 5 PO s 1]

HoAth 2B A3 T35 57 EclatFl9m %7 42 4248 S ok (FP-growth ) . MEUEIZIEMER, Xt
Bk R R A Apriori B A IR 2otk , PEfEW A TE— T, TRk, kB — T RIERE
Apriorifiik,

412 EFESH
YA SEFE AT F A SRR 22 1T, FRAT1 5 FH Apriori 8 A iU B i g HeE, aaa i




48 H AT RAEARAV o EEALY

WEIUE PR MEAE RS, RSO (Fn, R P ERAREX, IR AR AT REE A

®Y) o

F— BB, T BN Apriori kR E — MR ZRON SIS T /N SR o AT /N T
/NSRRI R A5 1 . IR/ N SRR /)N, AprioniBik BAGIICEIAR , 2 4tif8
MBI ;s foe/ N SCRFEEAEE RAYIE, AR A ST

RIS, 7E55 B BL, ARG EAS REVEBOCHRAN  n] LA E e/ NEAR L, R o] —
i1 U e e A W S Wl I A W VR E b

AR, BATSCER/NEERE, R RS TR, RS IR & S BN S, IE
BRI EERE S, SBOEMRE, (R BRI

4.2 EFRHETREFE@

P RHERE RIS T IRA R o WO 28 R DA P AR A AT T T RIS A7 i o S O 5
LB R B LSt BHAEA LA Y=L TIPS M, A e 2 B R,
TEMS 4 5 5 T W o

FERIEA N T 24, HE—EARAK, EHF20074-320094F 1], Netflix2s #]
e R R RE, 7 Netflix Prize 512 J5, A & . 1455 388 7E T4k o Netflix
)T FE B TN FE P R HE AT A Y R G R ER AR . B R BMELLL LB R G 10
ANEFERAE . BRI B AR, (HJENetflix > wl A BE B e SC S 1)
CER-Zii e 'S NI TEZ ANEWIE

421 FREBIESE

HFTNetflix Prize? 7 LISk, SEEJE7RE K1) Grouplensfff 52 HIBA AT T — R I T
MR BB . Hod, S LN RN R B PR s 45, 204 1003 . 10005 F1
10007 45 FLEPEo 450405

B EE T 2 ik A http:/grouplens.org/datasets/movielens/, A Ff (8 FH A1 5 100 77 45 B35 1)
MovieLens¥li4E . FaiBdisE, i/ ERURAData 3 F . JH 8TPython Notebook il A, i A LA
TR

import os

import pandas as pd

data_folder = os.path.join(os.path.expanduser("~"), "Data",

"ml-100k")
ratings_filename = os.path.join(data_folder, "u.data")

fiffratings_filenamed§ M EEFSEIH X A . data X
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4.2.2 F pandas M EHE
MovieLensBE AR #3%, (HEA JLE Hpandas . read_csvIiEBRIANR EA A, Frld
BRI SEOE . B U EE AR B TR LA EE Z B R R A AN S8 54 be . Hak, %
FEk, XFRRBHRERNE TR, O T3 N A,
TNERERAERT , H PR B 24, 5 fpandas AL —F1/E A #k( header=None ),
BE IS4 FR, AR .

all_ratings = pd.read_csv(ratings_filename, delimiter="\t",
header=None, names = ["UserID", "MovieID", "Rating", "Datetime"])

BT, 2R — &, R0 DUTT AR e A ik ) s o

all_ratings["Datetime"] = pd.to_datetime(all_ratings|['Datetime'],
unit='s")

BT MRS, B—FRAAIT R

all_ratings[:5]

FHhaER T

UserlD MovielD Rating Datetime
0 196 242 3 1997-12-04 15:55:49
1 186 302 3 1998-04-04 19:22:22
2 22 377 1 1997-11-07 07:18:36
3 244 51 2 1997-11-27 05:02:03
4 166 346 1 1998-02-02 05:33:16

423 WRBIHEER

B MR, BATHT LA RSB R AEAE 1 — 6 7, AL S
MRERE . fEXANERER, B—1rFon—PHP, B30 —fE. H—dhE— NP S%H—
RHEEZITR L, 26 5N E— AP 4558 AR ITRY L, DAL

Bl 5 tH A 100044 FH P FT7005F LS , XU E ARG B FEAR K o B AR P2 8 N A b AR B
Bl F AT AT REAAAEXERE o SR, IXANHE AR A% B2 25 1, W Rxt KR 3 F Pkt
A TR D EU LR EAT I 4o LA P #2133 R HSE#6T5T Tl 43, KR4 P A S KER 43
qi%/?Tii

BRI FE ks ge R GERE, HE %, B9 NORIR—1T3R, H P #1967£1997
12 HAH #2423 T35 (255 ) &
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ARART AT HH BRAE B A i P A S LA R EAT TSP L RANEAE R o X HERAE AR AR
FERIIN0, 58 TIRZ 250, kg X VEA 52464 ( sparse matrix ) . HRIRZRESRE, A05R%L
PEAEF60% LA EE M0, BN e RS AR, I A bS],

TEX AR AR EA TR, FRATIOCTEAIE B A SRAR AR R B , A2 2 lLBRZ HIOfH,
MR FAICTERZ A RS, IR EN T g

4.3 Apriori BIEHISEIY
ARBEHIEZIEN B AR A A IR . e R R P Bk e w S, AR 2l A SR
e, VERRT EIR Y, FATER e B LR 2T, R EER —E .
B B, 5 e E P R AR BT . NIRRT R EFavorable, #
P ERIZHY, [HATrue,
all_ratings|["Favorable"] = all_ratings["Rating"] > 3
FATEBIR S B — T X AFRHE

all_ratings([10:15]

UserlD MovielD Rating Datetime Favorable
10 62 257 2 1997-11-12 22:07:14 False
11 286 1014 5 1997-11-17 15:38:45 True
12 200 222 5 1997-10-05 09:05:40 True
13 210 40 3 1998-03-27 21:59:54 False
14 224 29 3 1998-02-21 23:40:57 False

WA A SRS, AR R AT, T Apriori FEE R
FRATILET20044 F P HYHT 20 B8

ratings = all_ratings[all_ratings['UserID'].isin(range(200))]

BTk, B —DEEAE, RASE P AR e AT

favorable_ratings = ratings[ratings["Favorable"]]

TEAE IR, e R SR . Bk, #2710k, FRATAT ZEHIE B P & = 0l
oI5, %M User IDHFI 744, I - P B i — s
favorable_reviews_by_users = dict((k, frozenset (v.values))

for k, v in favorable_ratings
groupby ("UserID") ["MovieID"])

EHEAUEAEY . valuesfEfif A frozensetr, fEFHUEFINIAI R AIIRRZITiE 0. X
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TP, A B R, TEs a2 E.
RS, B ERAE, DUE T AR i s R sk R

num_favorable_by_movie = ratings[["MovieID", "Favorable"]].
groupby ("MovieID") .sum()

VA MRS A7 fe sz UGH Y T L 5

num_favorable_by_movie.sort ("Favorable", ascending=False) [:5]
AT .
MovielD Favorable
50 100
100 89
258 83
181 79
174 74

4.3.1 Apriori &%

Apriori LR BRI — 51, LT T T A HREIRAE I B ImigE . AR 2 T —
AR B IR B IR BB S A, AR A A W B R B, SRR BEIAE T
X FEE TR

(1) fE55 H ) AL S H CRYIEE T, A i) AR S . R A B N R R H

(2) BRI I EIAEABLE , A IUH RO B IiSE , I FH A s A A e I 4 .

(3) MiaHT A B A A BE T AR A B RE T, QNSRRI S, Mg 5r . AN BAa B sk,
kR R —2

(4) FEAEB R IR I BT 4E , BhEILIR(2).

(5) AR 11 2 B T A5 43 B T4

BANBRIRUT .



52 %45 REAESNFEREELY

SR
A R AR B T

!

LIR2.
FHBLA S B AR S e B
fapradiE S

A

4

LIR3.
iR AT ey T
IRAIEE, W& FE

4

B4, =
BYRIE T RIVBHII
Bis?
B
y
LIS
TP S0P REETE SUTE S

432 I

AprioriFIES—UGEIY, BrABRIEKE N2, ENTRSERQ) PRI IR, 5
YGRS (P RR@)) b, BT R B R EE 3 o A B T RATHGE UL BR ) R A

FRATTHE A B A B IR R AT 3 AT A B2 By - i, A ARG BE A4k, i RERtmT L4k
P Eop ARSI . T A ARG — i

frequent_itemsets = {}

FRA T3 Ter B 5 TIUER B Jl A A B I 5 1) e/ N SRR E o A BL A AR R 4R 1 BT 0
K, T AFTEHAE, SRR KBS0 A o, R X FER T gt 2 & LB T
SRR R, BOEF N,

min_support = 50

TR I Apriori LR — 20, NP AR A ST A DI, K e 25
W%, WS i frozenset, JRHZEMBEGERIE. AL, EATRAT ITWEFIAYEE (8
ALY o RIS -
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frequent_itemsets[1] = dict((frozenset ((movie_id,)),
row["Favorable"])
for movie_id, row in num_favorable_
by_movie.iterrows ()
if row["Favorable"] > min_support)

B, M= REORLEIALIRQMA), ERNCHT AR, e, %
A PR B R S iR A G

from collections import defaultdict
def find_frequent_itemsets (favorable_reviews_by_users, k_1_itemsets,
min_support) :

counts = defaultdict (int)

LR RRATT, EU R P B AU, T LRI FH R RO, i D i . IR
RAEIRME (RO BHREAXTRSN ), (AR RSO, SR 2 BA oM e
A P AT 20 K

for user, reviews in favorable_reviews_by_users.items() :

B, W PTRTIHR AU, e DR AU A IR, R E A
NTARPR RIS . AT

for itemset in k_1_itemsets:

=

if itemset.issubset (reviews) :

ok, P AT A MBE SR R, HEAERGEAE, Nz
IAv Y I

for other_reviewed_movie in reviews - itemset:
current_superset = itemset | frozenset ((other_
reviewed_movie,))
counts[current_superset] += 1

PR S A IR B SR B ORI, B E MM BRI A, I [l rp A S5k

return dict ([ (itemset, frequency) for itemset, frequency in
counts.items () if frequency >= min_support])

BIEAEIR, 27T Apriorifik , (AETEHGETT IR R BLROMIIUSE . DRI, kR I &
P B IR B R Fﬁ%k—l7UMfrequent_1temsets%,\*%EXW'JEB‘EE%J‘I%ID‘I%O el
RIIE IR DA B, IR R h . ST

for k in range(2, 20):
cur_frequent_itemsets =
find_frequent_itemsets (favorable_reviews_by_users,
frequent_itemsets[k-17],
min_support)
frequent_itemsets[k] = cur_frequent_itemsets
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URAE LA GRS REHR BT PR A SR, BBk i IREs CRth RS, ST TR e sk
KBEN MBI )

if len(cur_frequent_itemsets) == 0:
print ("Did not find any frequent itemsets of length {}".
format (k) )
sys.stdout.flush()
break

Jsys.stdout.flush () F &, FAERAREAZITHR, foZd R A R2HH

% B\ sk AT, AL T AR EAAT O RBIER P, KL RBATHRE

= #rds, Aflush & TTORER Rt 4252, % kR EiE 4 A—flush
BAE (rdi ) Pral ka9t LT 4 21142 B 09 134T B

IR AR B TR, AT R EE R, SHRATESRistt. WAREETT
IEIARAG, i DA A b — B [l ) — RSB A L E R AR AT
else:
print ("I found {} frequent itemsets of length

{}".format (len(cur_frequent_itemsets), k))
sys.stdout.flush()

R, PEMRESH, FRATX A — IR AU A BB —— T A ORI A7
Aib——E ORI 2 AT EE AT H o BRI B TR . ARRS IR

del frequent_itemsets[1]

bR SEARS ZLF I LA REIEA T8, EHLEH E R TR o A RARTEA iz 471 A 7]
A, LA IR = EHURTIERE , BARLNE WL %

EIRACHS IR [E] T AN B 1718 A BRI o AR VR S R BB TAR (BRI, TR Kb
A AR 3 i —Bemt )5 A TR D g R N IR IS B R AR SRR 2K o T
(b S AprioriATE L Z — o WERIA LR ITA ATRER A (A URINEIER RS ) , K
Wi 22 I A SR 5 2T T TR A

4.4 IHEN<ECHN

AprioriBIEL UG, FATREN T —RIVREIEL , X AFIE BOE R RSB, {H2
AR T o PRSI — IR B/ N SRR AT, i SQIBOILIN i AP A2 18 2o

FATTAT LA AT BT A i SCHR , fEH A LR E R, S — AR N A e
WATTFIECHIFIN . 4R P SR AT PP 0%, Rl ZhdibPeibd,
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B — IR AT A7 A A — 2
I T AR e i A [ B A S, DA T A A

candidate_rules = []
for itemset_length, itemset_counts in frequent_itemsets.items() :
for itemset in itemset_counts.keys():

IR, TP AR, SRR REE. R R AR DT, AT AZs
LR A ERLI o

for conclusion in itemset:
premise = itemset - set((conclusion,))

candidate_rules.append( (premise, conclusion))

DORERLRERTF R A e o G LA AU A2 BT AR

print (candidate_rules[:5])

RS SN
[ (frozenset ({79}), 258), (frozenset ({258}), 79), (frozenset ({50}),
64), (frozenset ({64}), 50), (frozenset ({127}), 181)]
il ‘ o " .
FE PR, S35 (frozenset ) SEAFAMINATERA g 'S, 5 H AT TRR
=)

VEREER RS o SH— BN WER I P B AET79, AR AT REE L2258

Ok, IWERFMAEERE, TR 1R, FUAR I SRS X R R i i =X
[CEREN

FNTH Z SRR T, HDRA RN RS (B4 ) AR (Rl ) B9, A
LU

correct_counts = defaultdict (int)
incorrect_counts = defaultdict (int)

38 13 A P B HES R R SR sk i e v i g s 2 S IR

for user, reviews in favorable_reviews_by_users.items() :
for candidate_rule in candidate_rules:

premise, conclusion = candidate_rule

I AR AN Y TSRS P R R IE T . BT, P

I

WP R P LR . AU .

if premise.issubset (reviews) :

WA G, F— T ER R

4 oo MASERYE, MINIEH], Rz, HUIA
.

if premise.issubset (reviews) :



S6 H4T RERESTEREEGLY

if conclusion in reviews:
correct_counts[candidate_rule] += 1
else:
incorrect_counts[candidate_rule] += 1

PRI R 36 A UCRER AR B 25 PR R B Sk, THRRE S I Y A

rule_confidence = {candidate_rule: correct_counts[candidate_rule]
/ float (correct_counts[candidate_rule] +
incorrect_counts[candidate_rule])
for candidate_rule in candidate_rules}

X EAR R T ML THE RS, i B e e A T T AR AL

from operator import itemgetter
sorted_confidence = sorted(rule_confidence.items(),
key=itemgetter (1), reverse=True)

for index in range(5):
print ("Rule #{0}".format (index + 1))
(premise, conclusion) = sorted_confidencel[index] [0]
print ("Rule: If a person recommends {0} they will also

recommend {1}".format (premise, conclusion))

print (" - Confidence:
{0:.3f}".format (rule_confidence|[ (premise, conclusion)]))
print ("")
R .
Rule #1

Rule: If a person recommends frozenset ({64, 56, 98, 50, 7}) they will

also recommend 174
- Confidence: 1.000

Rule #2
Rule: If a person recommends frozenset ({98, 100, 172, 79, 50, 56})
they will also recommend 7

- Confidence: 1.000

Rule #3

Rule: If a person recommends frozenset ({98, 172, 181, 174, 7}) they

will also recommend 50
- Confidence: 1.000

Rule #4
Rule: If a person recommends frozenset ({64, 98, 100, 7, 172, 50})
will also recommend 174

- Confidence: 1.000

Rule #5

they

Rule: If a person recommends frozenset ({64, 1, 7, 172, 79, 50}) they

will also recommend 181
- Confidence: 1.000
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AR FUR R R S, A W U2 AR AT B B Bia 2 P ifu.items
SR TR ARG S GEAREAEER)

JtIpandas Mu.items SCHF N AL A4 FRAG B o 5% THZSCHF AN S 2245 37 I A 4 v i)
READMEX( {0 w.items U ACSVAR, (EURAISSA I FARE . BRI T 248 2 0 FafT, iak
Mgttt RSP MAREADMESCHFHHHREIRY o

movie_name_filename = os.path.join(data_folder, "u.item")
movie_name_data = pd.read_csv(movie_name_filename, delimiter="|",

header=None, encoding = "mac-roman")
movie_name_data.columns = ["MovieID", "Title", "Release Date",
"Video Release", "IMDB", "<UNK>", "Action", "Adventure",
"Animation", "Children's", "Comedy", "Crime", "Documentary",
"Drama", "Fantasy", "Film-Noir",
"Horror", "Musical", "Mystery", "Romance", "Sci-Fi", "Thriller",
"War", "Western"]

BESR LY 44 B TSR B, Tl Aok 2 — A T S A PR, DA
FRREREEN TAFRAYLUN . SR

def get_movie_name (movie_id) :

TR Emovie_name_dataf &R HS, KIS, HiRFEHZ TIN5

title_object = movie_name_data[movie_name_data["MovieID"] ==
movie_id] ["Title"]

FHATHtitle_object Wvalues B PERIHE L LK ( AN EAFMEFEtitle_object I
seriesXfR) o FATHIEE —MEBIE—YR G HT RN — 24!

title = title_object.values[0]

PRI R ML E A4 P

return title
PRAEZ HIA GRS, RS RE RS ) AR T R L RE 44 R . 15 7EIPython Notebook % 1078 3L
PERHTAS T Bl A LT AR,

for index in range(5):
print ("Rule #{0}".format (index + 1))
(premise, conclusion) = sorted_confidence[index] [0]
premise_names = ", ".join(get_movie_name (idx) for idx
in premise)
conclusion_name = get_movie_name (conclusion)
print ("Rule: If a person recommends {0} they will
also recommend {1}".format (premise_names, conclusion_name))
print (" - Confidence: {0:.3f}".format (confidencel (premise,

conclusion)]))
print("")
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LEREEZ T (AN, BT ) o

Rule #1
Rule: If a person recommends Shawshank Redemption, The (1994), Pulp
Fiction (1994), Silence of the Lambs, The (1991), Star Wars (1977),
Twelve Monkeys (1995) they will also recommend Raiders of the Lost Ark
(1981)

- Confidence: 1.000

Rule #2
Rule: If a person recommends Silence of the Lambs, The (1991), Fargo
(1996), Empire Strikes Back, The (1980), Fugitive, The (1993), Star
Wars (1977), Pulp Fiction (1994) they will also recommend Twelve
Monkeys (1995)

- Confidence: 1.000

Rule #3
Rule: If a person recommends Silence of the Lambs, The (1991), Empire
Strikes Back, The (1980), Return of the Jedi (1983), Raiders of the
Lost Ark (1981), Twelve Monkeys (1995) they will also recommend Star
Wars (1977)

- Confidence: 1.000

Rule #4
Rule: If a person recommends Shawshank Redemption, The (1994), Silence
of the Lambs, The (1991), Fargo (1996), Twelve Monkeys (1995), Empire
Strikes Back, The (1980), Star Wars (1977) they will also recommend
Raiders of the Lost Ark (1981)

- Confidence: 1.000

Rule #5
Rule: If a person recommends Shawshank Redemption, The (1994), Toy
Story (1995), Twelve Monkeys (1995), Empire Strikes Back, The (1980),
Fugitive, The (1993), Star Wars (1977) they will also recommend Return
of the Jedi (1983)

- Confidence: 1.000

B

JUSCEYE, FRATAT LA A AR — R o YIZRAT, B — AR e T, 3
fiti R BRI AR B AR B

ANSREARAETT , BT TR 2 R A A b ) B AR
X AT IEXR PR, FURRIAE — TR AR, FHRara s,

e, WP A TN B E IR . IR HRT2008 P 4T 08t , ik
LT B o SRVNZREER G, FRATT S iz B i 46 h i g — O P R Bk 1 L . R
wr.
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test_dataset =

all_ratings[~all_ratings['UserID'].isin(range(200))]

test_favorable = test_dataset[test_dataset["Favorable"]]

test_favorable_by_users = dict((k, frozenset(v.values)) for k, v
in test_favorable.groupby ("UserID") ["MovieID"])

B, RN RS AR, D7 AR ATARIR] o PHE— A A T Rk U e A RS 1A
pal|E4 5 G/t AN Y

correct_counts = defaultdict (int)
incorrect_counts = defaultdict (int)
for user, reviews in test_favorable_by_users.items () :
for candidate_rule in candidate_rules:
premise, conclusion = candidate_rule
if premise.issubset (reviews) :

if conclusion in reviews:
correct_counts[candidate_rule] += 1
else:
incorrect_counts[candidate_rule] += 1

HToR, HWHPA RS B AR

test_confidence = {candidate_rule: correct_counts[candidate_rule]
/ float (correct_counts[candidate_rule] + incorrect_counts
[candidate_rule])
for candidate_rule in rule_confidence}

e, i T R A8 RITAN I B 4 5 2R (R ORI

for index in range(5):
print ("Rule #{0}".format (index + 1))

(premise, conclusion) = sorted_confidencel[index] [0]
premise_names = ", ".join(get_movie_name (idx) for idx in
premise)

conclusion_name = get_movie_name (conclusion)
print ("Rule: If a person recommends {0} they will also
recommend {1}".format (premise_names, conclusion_name))

print (" - Train Confidence:
{0:.3f}".format (rule_confidence.get ( (premise, conclusion),
-1)))
print (" - Test Confidence:
{0:.3f}".format (test_confidence.get ( (premise, conclusion),
-1)))
print ( "o )
BAPRE — MR TR RN 5
Rule #1

Rule: If a person recommends Shawshank Redemption, The (1994), Pulp
Fiction (1994), Silence of the Lambs, The (1991), Star Wars (1977),
Twelve Monkeys (1995) they will also recommend Raiders of the Lost Ark
(1981)

- Train Confidence: 1.000
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- Test Confidence: 0.909

Rule #2
Rule: If a person recommends Silence of the Lambs, The (1991), Fargo
(1996), Empire Strikes Back, The (1980), Fugitive, The (1993), Star
Wars (1977), Pulp Fiction (1994) they will also recommend Twelve
Monkeys (1995)

- Train Confidence: 1.000

- Test Confidence: 0.609

Rule #3
Rule: If a person recommends Silence of the Lambs, The (1991), Empire
Strikes Back, The (1980), Return of the Jedi (1983), Raiders of the
Lost Ark (1981), Twelve Monkeys (1995) they will also recommend Star
Wars (1977)

- Train Confidence: 1.000

- Test Confidence: 0.946

Rule #4
Rule: If a person recommends Shawshank Redemption, The (1994), Silence
of the Lambs, The (1991), Fargo (1996), Twelve Monkeys (1995), Empire
Strikes Back, The (1980), Star Wars (1977) they will also recommend
Raiders of the Lost Ark (1981)

- Train Confidence: 1.000

- Test Confidence: 0.971

Rule #5
Rule: If a person recommends Shawshank Redemption, The (1994), Toy
Story (1995), Twelve Monkeys (1995), Empire Strikes Back, The (1980),
Fugitive, The (1993), Star Wars (1977) they will also recommend Return
of the Jedi (1983)

- Train Confidence: 1.000

- Test Confidence: 0.900

PG, AN, ARG EEE N, (AENE EIER HAA60%. HATT4%
R, Al LA TE D U B A AR FH BRI R ROR A

‘ B LR ARHLI, AR AL IR AN 0 BAZE -1, BRE—fZKA0F1Z
FEE 5 B XA MRS PARA R A2

4.5 NG

AEALEAE DT IR e r? b, DO T 0 00 4R 380 T e R ) SR
W, BEASS R MR RT B e, B ApriorifT ik SHEHE h I EIUE . N5, RIEHREIR
IEEIAE A ORI

TR K, Apriori B L FURA M B, BAREE 1T R AR A i sk SR, (HJR7E
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G T, BT R, RINFEF BRI R . XFINRTE
BRI TP ARE UL . BAR T DU SR I ik 5 R AT I R ke ), AR A AR R B I O
WAL R R . P S

AT EARVE RN GREE L) R I, ZE T A5t —— A4 B aE i, vTAH
T L AR A8 SR 7 7 %) e 5 U (R 3 SR A 7 B8 R 3 9 B DA o

FIHFCA IR, FRATEFHOEBIREERA R R ARIE, SR, A EdREA X T
T—E¥¥ > Hscikit-learnfiEgs ( %?ﬁﬁﬁ\gﬁﬁ ) MWEHE M EBURRIE . R ERE
SCELH OSSR R C A Ay, T AAOCHE S




FEE R agm EVFAE

A LE BT 2 B R R TR AR 1 . AR b — B p R e 5y J i Bl , TEaK
FA AR, AFIRRES i 2 —Ff R AR R 1 R 4R

Frivzoh, AR Z HAWSEAIR B, iSOk, BE . B U 2 R Bk,
IR, R ZBOBARAZ I AR T RUE SR B BIRFAE . IR B 2 A e B e 12
AT, 2R R eIk,

AL PSR AT M ECHEAE i ORI E A B BURRAE , SRt th e EARAE, AP R Ri S0
FAL F X ERAE . FAT 23 AR ARSI PSS AL TS

AT FEA AL IR

Q MEHRE S Rk

Q BIEHTRHIE

Q PR RRAIE

Q Bldfeseds, ABIEIRLE

5.1 4FEHEN

FHEAHBORBARAZ AT 55 e 0 2R — IR, — R, 0 e A5 R A R 2 e Kl
PRI S o AR, KT EREBUF AL, EBA R PERRL AT g, SOkt
BRI R AR IE — 1 TR o QU AL AT B0, i B2 U RS2
RS, A XL, AAMER, BUR, PR, A2 R B SE

511 HRBEPFRES

AT R BRI R R o Bl gE vl LR — (RIS i i 1548, il LIE
19794 LR BT AT SRR, 38T LA B —H 7 s 30 o
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AT RERES L _E BRIz o X TG AERL , FRATRRALE X (1E S50 S i WL 3=
B X TRE, BAOTERIE LML SO B 2SR T3¢, RATEREEA TR Y. 3
MIBIMEIE T HARTE A R PR AT 2SR

FA SEAB IS RFIE R R R, A BEAS BRI 472 9 14 ) e 4 30 )R 24 8 o R i vl T Tt
FEI LIHLARZ 0 0 RS B A RL A 7 SRR B . IR T LA, AR T 2 LI 5t xt
SAHLETTTH, R ER— DA 2800, AU A S AL S 15 B A — R

FAEEFER 73— MLEAET . BB AR A AT, B IL SR SR . R —TF,
] — D BEA AL SRR AN — MOy, 2L AR AN | RS AN A (A filid /s 24
PG RATAIRER EAGURCE L SR B, ooy, 4R, 3B, A& "R

SR 2R A AT RRE TN S 1 TA2%, FA IR MR, TN g i AR R )

T LV EAHZ IR T FAR %O o ABR IS IFRIRIE, XNXRN TS, FHEERE
KREZ, WRFEEHFE, SRR NP R RAET 5, BB ARSR A BERLIE

BRI MR AL, (A AR, L2 ZIARZANTY, TR TR IR 0 Ak e
BB REE .

FAMINERIRL ST B AR GRS, R SRz B s, miA R AR BFA]
R AL, EAR AT ApEth 4. SH3FQIERER T 518 A br (B ),
il FHEEER EBE USRS PLE N 2R 5 FEBRE R VIRSE, SR AR @R ik o

‘ AT W AR LIRS R KRN AL, BB T IR, B Ao A S 2
MEFECEMARRT . REOR, BRAMR, AP E Lo AL A B4
£, R B LRI &,

FH A duleB5 805 52 D Qo fal (5 BYRFAE S 52 2% i IS thE U AR AL ARt o FRATTa LR A2 4 i
bR, Wl—D ANEEFEIRAZ THITEIC, BIELE T Z Uik Ahttp:/archive.ics.uci.edu/ml/
datasets/Adult, s5iifiData Folderff#%. T #Xadult.datafladult.names3Cf4:, FEEUHESE e (£ H
SE FData3CF3e ) HalEAdultSCIFe, KX S s BL i .

BARGRAERIR T — DG AR A SHABTIT AL 93RS | 5 AR TR

FTFF1Python Notebook, HitE— B ICA S TA T LS, 3 Apandastiidl, $87&E B4R
R4S, Fpandashin 2 BG4 Sk

import os
import pandas as pd
data_folder = os.path.join(os.path.expanduser("~"), "Data",
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"Adult")
adult_filename = os.path.join(data_folder, "adult.data")
Using pandas as before, we load the file with read_csv:
adult = pd.read_csv(adult_filename, header=None,

names=["Age", "Work-Class", "fnlwgt",
"Education", "Education-Num",
"Marital-Status", "Occupation",
"Relationship", "Race", "Sex",
"Capital-gain", "Capital-loss",
"Hours-per-week", "Native-Country",

"Earnings-Raw"])

KBS TE b —Z st

adult.dataSCFRBA WAL 72517 pandasBRINEBIECEE A7 i E N —SAREIREA ( AR
HFNE R ZS ) FATHEMBRAL S TCREC 1T (B inplaceZHUNE, FRRs YHTEL
PRAE, AR ),

adult.dropna (how='all', inplace=True)

AT BT, AB A RESIR,

adult.columns

A A SR-AFTEpandas i) Tndex X R FYRFIE S R

Index(['Age', 'Work-Class', 'fnlwgt', 'Education',
'Education-Num', 'Marital-Status', 'Occupation', 'Relationship’,
'Race', 'Sex', 'Capital-gain', 'Capital-loss', 'Hours-per-week',
'Native-Country', 'Earnings-Raw'], dtype='object')

5.1.2 BRAMFHERIZERN

PIRA LA RV RHE QIR T, (B — Sl ] TR AR R SR, s
AR RIEORTE , 5 25 TR R A A R Z MR OC R o IEANZTERTULR), AEE
HPEAN 5 A UF R —— SRR X 1 B N BB B R/NATREA % 18

— B3 FHRFIE ST AR I T X R A R A

Q ZRJEME, WaXRAK. 5. &

Q M () B

Q AFRY . AR BR A

Q Ak
Q §hE

73— SEREAE AT BE -5 0 R A BT S A OG
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Q A=, AR A

Q A== (]

Q Tk

AT —BEREAE N ZH RN o3 Ff BE R AR XS 42

Q KPR HIE,  Gn—A 45 A A~ B ga] ) e A5

Q KPS R B () RGNS B

Q KBS HE RN, BlanEE A&

FFRCERAE AT X HHE . 434 IEURGJLEEAT IR AY, 4RAEnT LIRS e 2R AT . B
T B WOV A IR A6 (ordinal ), 4N, Zmizz. #figh. =" AH SS9 H1.5m,. 1.6m
A1 7m, FRATATLAVEZ N 22 At , LR Zm 22 A, 7655 F AL,

E—TIRATFARESEE,, S ELRHE . FFEUHIE . FlU, Hours-per-weekfFIEERR—
A NEEJE) TAERTR] . SXANRAE o] FR T TAERT R . brifE2s | e K(EAE/IME . pandasfi
T W W AR T

adult ["Hours-per-week"] .describe ()
i 2SR EFRAT TR ANHEAR T2 T i

count 32561.000000

mean 40.437456
std 12.347429
min 1.000000
25% 40.000000
50% 40.000000
75% 45.000000
max 99.000000

dtype: float64
XL P AR T BB B o BN, T2 BB R R W REE AN

A LERHE, EATREIRAREUE, ERE TFRUE, HnAdultddi et i Education (4
F)RHE, A m b s, ERZEERE L, BRI, mim Rl B SE
el R — R R EMRRIES A S, (ERBRATAT RS —MT R 2877 1% . Kl
A EEducat ion-Num (ZHFFR) MR, BRBUEREA ot a0 BrBaiFmR.
DREFRATRRE PR A2 A AR IRV (EL

adult ["Education-Num"] .median ()

ERN10, BEE AT RLRIB NN R — o RBA 2 HE EIREE , AT AR ZEE BB
TRERT T, Wl LIRS,

IR AT ORI o i, — A BERATRUE Mk, Heak, RaREUHABRISE . 28R BIRHIEd
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ATLAFR R 44 SURFHIE (nominal )o XT84 CRRIEINTF , JUAMEZ M EL 2RI ZEARR . BRISHT LIAR
PR/ Y, (R TOR R AME S i ER TR MERAREER, AR EBR, AT
AL R R BR, PIERA R/ INIRFRER T B, (FURTCIRAE 28 3] B X o —— BT 4 2 [
—, BaRNE,

FEBREIE B AL AR B T BUERVRAE, B3 Mt . X LR AE, nT LA
HEEASTAHRRE: CRMEKT R R R EEKT. WAREMIERATE, FRIEm R, 0, 0],
BEBRIO, 1, 0], AIK[0, 0, 1], XELFFAEHS AP NBUE, RZH AR L e IWE N iE S
i, AR AL, (8T EHF TR By i (At MAZ R B ES ),

AdultR A & — LR BIRRFAE, Bliwork-class ( TAE), HAE M e ny LIt 7it
P b, AR g ARG (FIAE TAER N SR TAER A S ). FEEAn,
HNBURHR A B TR K AT RE LA HR T 0

FHEHRHE Y uni que AU RETS 2 IR 1Y TAEIE O

adult ["Work-Class"] .unique ()

AN

RS S I

array ([' State-gov', ' Self-emp-not-inc', ' Private', ' Federal-gov',
' Local-gov', ' ?', ' Self-emp-inc', ' Without-pay"',

' Never-worked', nan], dtype=object)

BRI BE sk , (HA 2RI BT

[FIEE, B RURE At i) LA & S B O SO TIRAAE, 4z b i Al filtn, &
L7migN, FATRHA S AT, AT 1L7mA MRS AR 2 1 2850 BUARE ( AR
E2RA ), fEX B ESEEA T—2E 8 filin, AP, BErn0e1.69mAl 7Im, 3%
PSS 2E A 22 HRRE B 70 B PIMESR A R RO ZE 50 B . 100 B 5 O 1. 2m AR 28 5 B & 1.69m
1) “ZEARZET I B R BB — T, LR R R B R AR R TR AL

YT AdultBdEgE, BT IEIE LongHours (K ) $HE, B dRFR—D NG E TAER
KIERZ T4/ XFERIEHELSHE (Hours-per-week, REJETAERE ) Fif 2R RIKRIE

adult["LongHours"] = adult["Hours-per-week"] > 40

5.1.3 BIELFRIFHIE

LR, R AR PR R TR, RESBURRMER, KB Ak
A —ERENE T TR AT HE A8 T BAE 2 07 15 o SR 2 AT 5 LT A B ok IR ek
AORIR, BRI, ERUN LS IR EUR A, THAWLE R IEER , fEttE
b, A REBIE TR R BT AR
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B, & SXAFHER R — D ASNRIIEATTH, (FRABERIIX A2 ) STy,
FIr LASSEIN 27 2T T, BT B s 2 R B A B

RCIE A28 8 A e — T T EARTMAS R =R PRI e o iU B 45 AEXE LA
N, ZVEHA EENE S, NICE AR TR SIS . e A 2Rkt LU4R
THEEAZ A8 BT ASOCR (il S i i B A AR R S B R R H B9

AERBH ABAHAZ IR, B A ROZERE R TT 1, SRS P ITE S H bR .
EACKERZIE, SREHE I AR B A, R R A R O A

5.2 4$FEiEkEF
FEfR L, (HFRAT AR —/NE S BT IVNRRA,

B BERPFAERCR AN, AR BAHZ I A T 2 2 AR TR R BEIR kD

Bo, Jeim kst T, WA SHRE ATk

&R SINBSMFIEIF A B S PRTH LR B BOMHIE ] REPLALSA I IE R TAE,
RS ML 1] B A G E AR BAT SEBRB N CX R S/ N AR EART UL ). R
VEREE I BORRAEAT B T80 B BAT S PR SCRIAR SRR LR

Q A AR ST ibk . AR T LT MR AE B AR A 24— R RE, X HLR SR
Gy, ABBIRITERA] F CoR UL R TG L . Pk, EHTEARHIE, QUEFRATA ST IR
flp R, AR L

AL JRER ARG, RERS AL BT (R, RRE AT, (R i Kl
VEBCE HAAME R RAE , X RBCR TR AR B

TETF B2 0 TAERT, AT SR MENATRA T2, FCB PRI A R A o A RASAE(E
HRARLE, BEERBEERI AGG R, 2tk TR

scikit-learnH ivarianceThreshol dff g i) FHARMHBRFFEEL A 7 22 358 3] 5 fIAs
FRFIE . Tl A R P N e, B e numpy BIEE—AN R ARG RERE

o &
e
3@
=

M B E B

=
x

=
e HEUJJ }?mk

]
e

NEY

4

import numpy as np
X = np.arange(30) .reshape( (10, 3))

EIRFEFEAE0RI29, HI0NEE, 7 3s10fT. ATLHEEEB—MA 10 3RHE
AR .

8],
, 10, 117,

O o W o
~
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[12, 13, 14],
[15, 16, 1717,
[1s8, 19, 20],
[21, 22, 23]

[24, 25, 26],
[27, 28, 2911)

e, RIS A BEARSON L,

HF— . ZHVREEEDTZEARR, WA 072550,

array ([[ 0, 1 21,
[ 3,1 5],
[ 6,1 81,
[ 9, 1, 117,
[12, 1, 147,
[15, 1, 171,
[18, 1, 207,
[21, 1, 231,
[24, 1, 261,
[27, 1, 2911)

XA EvarianceThreshol aféfiagy, FEAIFREIESE .

from sklearn.feature_selection import VarianceThreshold
vt = VarianceThreshold()
Xt = vt.fit_transform(X)

fixolm, BATRIEH _INHET .

array ([[ O 21,
[ 3 5]
[ 6, 8],
[ 9, 117,
[12, 147,
[15, 171,
[18, 207,
[21, 2317,
[24, 26],
[27, 2911)

ST 2%

print (vt.variances_)

T AERRMS — | SRS AMEGEE, B A072N0, AEEEA KO XAEE.
array ([ 74.25, 0. , 74.25])

Tt A, EREGEG, SO JRIR R BRI T, SRR Bk U A R
J5 28 MO MEAEXT B Z IR AT 22 22 AL, FH S 2N Sk s f T
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R AEFHIE
FARRZMIE T, BARBEAERILAS, A G B R BERIZ 8 S A B,

WHRRKR. EWR4EIRR, BEEREEGEREm, SHRTERES A R IEPUE K.
TR AERAIR L 5 Y IR ) 2 2% B R SR AR RO N o

Horp—AVASE T e AN EHR R I i T4, T HUR R BMRHIE (R R %), KYR
SEEATE A FTREIRBIRURTIAE . 7024 55 1 W R A, FA T — B SR A A H AR 2
[ ) R AR G T

scikit-learnt# it T LA FIEFE AR ARIE B 8s . HitPselectkBestiR Ml RAE:
FHIE, SelectPercentileiR FIRIIAER A% ML, XL B2 AT AR IE R B
—FRIN

FAANFEE AR — 250 Z MRS ER TR A A IR Z . RE A ROk ( x*) o HAtor _
VR HAR BAME B

FATRT LA AR TE Adul B 46 BRURBL. 15, RECTIRMEE, MpandasBUaAE b
TR o Hs o

X = adult[["Age", "Education-Num", "Capital-gain", "Capital-loss",
"Hours-per-week"]] .values

HeAi, HlWrEarnings-Raw (BLRTICA ) BAIBFI T ETC, BIE HARERIFIE, WAGAE,
Filhrrue, W, Khlhralse, ESAT:

v = (adult["Earnings-Raw"] == ' >50K').values
i fflselectkBest Feffednds, R REETSr, VIR ILERA.

from sklearn.feature_selection import SelectKBest
from sklearn.feature_selection import chi2
transformer = SelectKBest (score_func=chi2, k=3)

M tic_transformdiik, XAHFABE ST IRE BRI . S5 0 73 RO =
AFFAE . ARHSINE -

Xt_chi2 = transformer.fit_transform(X, vy)

A RBTERE AL = ANRHIE . FRAT T8 FT AR B A — RS, SR At T LURIE ARG 1 WA
BEARAE, B RF T

print (transformer.scores_)

TR S I
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[ 8.60061182e+03 2.40142178e+03 8.21924671e+07 1.37214589e+06
6.47640900e+03]

RN B e — . = DUB, 25X N Age (4R ) | capital-Gain (BEARHK
fi ) Mcapital-Loss (AR ) =AHFAE. MEAARERFIECEHUR BER UL, X SRR AL

de RARIT M FE % X TAdlt#IEE B Hr L0948 £ 15 8., 5% Aadult.names
- I, LmAE SN BRABK LK,

AT DA A T AR DG, Fean B2 /R (Pearson ) “AHXE R %, H TRM#IHHE B SciPy
JE (scikit-learnfEEEEA FIFA ) S8 Mk,

% Jo RARGH AT VA iTscikit-learn, ARAF T VAE47SciPy, &84T F
‘ XA F R E B ASMG E

B, MSciPyF Apearsonrhi%l.

from scipy.stats import pearsonr

pearsonr PREINHE ML Sscikit-learn AR g G aR 2 1 —2L, % pREC 5l
CYFTEF R R Ay ) FERSE RIS . BRI B2 R OC R BCFIofE. (p-value ).
AT RN chi 2 AU O3 AR A 20K, L RITEEEE A A selectkBest A .

SciPyfpearsonr S ECH N, (HEFRENREFE —NSEoN—4E80d] . FRA1RSL
LA PREL, XA TR 2 440 . sRBGS AT .

def multivariate_pearsonr (X, vy):

il scoresMlpvaluesi, W HEIEENRE—5,

scores, pvalues = [], []
for column in range (X.shape[l]):

HIEAZIN R B IR MR R IpfE, TRH AR BRI B o

cur_score, cur_p = pearsonr (X[:,column], vy)
scores.append (abs (cur_score))
pvalues.append (cur_p)

DO /R - fi/Ritd (Karl Pearson, 1857—1936), JA&Carl, HEEAK | EYGITHHK, —FHE
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plAA-13 1 M EEAE, MEA ], RFBAATEI ML EMX, EA-1,
Bt AR, B—AEREAK, B —AEFMAAD, RLRR, JAGHLE
&\ G AL EZIG L R, AR R D RATHE R, SR AR S
HASE T, THRAHAF R, B, BRAOSpEARETLE, BEAFscores
B, RN R

PRI 3R [ 55 B A G R B ) 704
return (np.array(scores), np.array (pvalues))
BAE, FATHAT LMRZ RIS e 20288, HLAIE B R SC R BT RAE A THE T -

transformer = SelectKBest (score_func=multivariate_pearsonr, k=3)
Xt_pearson = transformer.fit_transform(X, v)
print (transformer.scores_)

IR IR IR R 7 R S AR DCPEAS B A RAE A —FF | X IR RIS — . = 91 : Age.
EducationfllHours-per-week, iX 7 BHMFLERAIE 2 B 4 13X (0] U A AR A Se—— e T 1
HhRIE

BT LT BB NFIEESRORE L, TEE RS0 2s Rt H RIS T4 e 43 225 Al
(50 FAEFRACR I —AEBARAZ IR, —Fh R ARG B0 AR L o) —Fh o b i1
JUFEA ! SRR aT

from sklearn.tree import DecisionTreeClassifier

from sklearn.cross_validation import cross_val_score

clf = DecisionTreeClassifier (random_state=14)

scores_chi2 = cross_val_score(clf, Xt_chi2, y, scoring='accuracy')

scores_pearson = cross_val_score(clf, Xt_pearson, vy,
scoing="'accuracy')

chi2 JFEERPFIERR#90.83, 1M B R EMAHSE R BUER 1 0.77, TR K315 2 iR ik 240
BRCR LT

G TARSERARAZIRAT 55 AR R B o R E R, SRR Ed &, RA=
AR, SRREIAFI83% M IEHAR

5.3 BIEHHE

A, AGEPEC A FEAE o X, FRATHERT LU (4 77 I E AT RRAIE R & BT AE
FeanmT i B A — A A S (one-hot encoding ), FRATTATLAFHEIIEA, B, C=ANGI 25
FURFIE R = A BUERE . “JEARG? 7 “JEBAL? 7 A1 “JECi? 7,
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QIEHARIEE F LB e, BB Al ——EEsE, X UfE BRI B e B, AT
FIHMCE o SR, FFAEZ EAISCHEIR SR, sERFAEICAY, S50 AR AL BEXERE o

WP, QRS W2, RZITEWIETAE

ok, ATEME—AHEERE, IEIIZ B8 IPython Notebook 2 i A S T,
M http://archive.ics.uci.edu/ml/datasets/Internet+Advertisements | Z Advertisements (] 45 ) HHlE4E,
PRAFFI A & F H ok T WData 3 e

1, Mlpandashn# it . FATERAehiE SCIFRAE.

import os

import numpy as np

import pandas as pd

data_folder = os.path.join(os.path.expanduser("~"), "Data")
data_filename = os.path.join(data_folder, "Ads", "ad.data")

BAREAFAE LA RS, gt FETe ZEIRA TR B (A8 — , BT JLAMERIFSE50(E, {2 Epandas
SHUENTY T H . BB, FRATT E g T AT AR BT R, i PRERRE S
AL BB I AT BRI N B, SRR BFE IR “NaN” @ ( “Not a Number”, AJ&— ),
FORSEUETCE AN, 2 EI T HAb G5 7 Anone null,

IR, EPaE AT S EEk, SRR 27 FoR. SEENE, RIS RS TR S
AR, L, JATBATLHE eI N “NaN”, JG2eae 17 & P A A BB AR K ik,

e RO WIANT

def convert_number (x) :

SR BT R ECT, IR WO B L5, LA X Bl e ry / except 45H),
firkvalueError S ( FAFHR RO TR, Pt 5554 ).
try:

return float (x)
except ValueError:

TERRE R , AARFARIIM, IR [MInumpy FEHHEY “NaN” 288,
return np.nan
FAPRANE T BAFAE A FAE XA G, FRA AT AR IE (B 3 R P2 R R
converters = defaultdict (convert_number)

T TR ERSG—5 (gR'5 A#1558 ) WIEFAE M0EE1, 23R 48R 25, 7FAdult

(D JavaScripti & A ZEA, #EW (JavaScripti FAETF BT (5E3M)) 2200, —F&1E
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Bllmserh, JATLT TR T —FIFRI00 . X T YAy, S ABAERS, WEH2E 5 —5 254
FME AT A o EUE -

converters[1558] = lambda x: 1 if x.strip() == "ad." else O

AU read_csvilZEIRE T, ESEOh e E TRATTRIE 20 4 Rk

ads = pd.read_csv(data_filename, header=None, converters=converters)

BRI, A155951, 20002 58 . JokF P RTTLAKE , TEEICARHHE T i AJf

i5fTads[:5]

0 1 2 3| 4|5 6|7 |89 1549 | 1550 | 1551 1552 | 1553 | 1554 1555 1556 1557 1558
1] 125 125 10000 | 1 o (0|0 (0|00 1} 1} o o o 0 ] 0 0 1
1 57 468 G205 |1 (OO OO0 |0 1} 1} 1} o 0 0 ] 0 0 1
2| 33 230 e%9% |1 (0|0 |0 |00 |0 1} 1} 1} o 0 0 ] 0 0 1
3 | o0 468 FHEOOO |1 (OO (OO0 |0 1} 1} 1] o 0 0 ] 0 0 1
4 | ol 468 FEOOO |1 (OO O |00 |0 1} 1} 1} o 0 0 ] 0 0 1

B TR 2 MRS, BARRETE G

MBSk TP IC RS B A0 & o R 2 55 AN A S0 ad DOCUMENTATION A
ad.namesfg A5 B, 0T = MMFE IR EUR S B . S M L. e —d 28 dEni2em)],
LR, ORI .

HAREBUE M L35, FREIREYURL . alc)@ P i ek FR bR o & 52 i ] LA 3
ISR B3, e an%sponsor (33 ) o IRZHHMEEA RS, W EIHEE—
A HAERAE . L, BdEEa S KEIIRER.

BRIz BlpandasZ J5 , FRATTHRIMBUT T 0 38 BR W0 Ry B0, <R B HE
MRt m—d R TAa S, vE A S BIEER RIS —5), Wil 95 A#155819%1 . (RIS,

X = ads.drop (1558, axis=1).values
y = ads[1558]
ERWT T

AR, FHMEZRIERRE% . Flan, SJA VMRS A, SRR & e Rk
W R 9] RHE A DGR B AL & 2R AR B2 8 A 0l AT 2 BT UAR (G B

AdvertisementsBUHE AR HA SERFEARSCHERRINR , REAAR Z2 0CHEATE IR Y a1 e IR PE(E S BIR
PR R 2

FE R A2 H 5% (Principal Component Analysis, PCA ) 1 H 123k 2 58 F /DM B AR KL
PR IAFIE LG o B RAE R Z AR FHOCHE | BRI A SR AL HURRIE , B D)X LERAE 1Y
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Tr 2T 250 Z R, R R R 2 oo XU R, S BhIX Ak, it
REIE T S/ AR AR SR 3 R A i R A5 R o

PCABRH A4 a5 ML . B HA ERUME X — 28 BRIk RS T A
AR, SR, PCAZRTIR MIZE SRR 5 22 K/ NHATHEY . IR BIRYEE —ANRHE T 220K, 3B A4
T 227008, DA, I, w0 LANMRAEA At e S i BB R I O (5 R o 18 WA RS

from sklearn.decomposition import PCA

pca = PCA(n_components=5)
Xd = pca.fit_transform(X)

R Bl R x i B U AR, ERAE/NMR, AT — TR MR 7 22

np.set_printoptions (precision=3, suppress=True)
pca.explained_variance_ratio_

S8 orray ([ 0.854, 0.145, 0.001, 0. , 0. 1)ZEHE —ANMRIF M7 250 BUE 4 m
T 22 DIIRR N 85.4% 0 2B A N14.5% SRR 7 22 DT R AN RE R T 1%0, JRTRI15534>
FEAE I HE /D

FHPCAB AL FREE — AR e T, A58 0) F i AR A LA IE R E A1
B, RS — AN R N B BAESE A 15S8ANERIE ( BUARIR ZAFAE(E 0 ) TR LIS
[EAYEAS SN, AT = AMERIE AR —0.092 . —0.995F1-0.024, 23t HaFhaH S 153 4RHE
WA E W IR0, PRARE AR X

FPCARIEAFRI ARG QIR , AMUARERS I /R IR S , BB TH I RAT 55 1Y IE
%

clf = DecisionTreeClassifier (random_state=14)
scores_reduced = cross_val_score(clf, Xd, y, scoring='accuracy')

IEW%40.9356, ol S RS ERFAERSCR (F8) 4F . PCATRZE A EULARREA RACR I
HEETE, (HZEE IR A LAL

FAVX L APCAF ik RS BB IR b 09 TARMAE, — MR, RTRARA T R

i e AT AR R B b T AP, R B SEPCAR A K £ 74 jeik X, B4R

~ FEAEMNK, @A-EAAH I http://blog.datadive.net/selecting-good-features-part-

ii-linear-models-and-regularization/,

PCARIL I 73— 2, VRAT DB G i e SR 2 R E o ln, JEPCAIR [T YR
PIANFEAEAUSETIE

G, 5UFIPythonfE YT ICAMER], F Apyplot,
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54 AlEa TSR 75

$matplotlib inline
from matplotlib import pyplot as plt

HH, PHEHREPIBNPrARE (AP ) EAAR S ).
classes = set (y)
TRETEEIE I A BN R R X2 .
colors = ['red', 'green']
Mz ip PRECRX PR SR, (Rl
for cur_class, color in zip(classes, colors):
N TR A A AR i SR
mask = (y == cur_class) .values

i Ffpyplotscatter AU /R BTN E . I H A < Flly FE AT RN RRAE

plt.scatter (Xd[mask, 0], Xd[mask,1l], marker='o', color=color,
label=int (cur_class))

W, TEPERRRISNET, BIREED R, BB, WHtEEE 2100 jE A2 r A

plt.legend()
plt.show()
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5.4 fZB RIS
B B SR OB B A TR (b, RTTRER L, BRARAREAE ICH f5 25 R R A2 7
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KT e, SH7E N E XRS5 BBCREE, S 2 A O S S

Fetan Gt T e B EHM—MIEEE, fth 5 0h—Fp s St il LUHIZRSE
N2k, LRGSR LUIARF S 5

Fetdr i APT (I HZiEsE 1) ARG R E s XA R, o — Bl =X Kl
(Al RE S ABE R ORI, Wl BEARE ). BIRIEEBA - ARFIREOR T,

54.1 523 API
A T T S R

O fic(): BUBIIZREIRE, BENHSE.
Q transform(): Feiad e, FRBON A S RIAE R Br ka4 .

fit () Mltransform () PRELAIHT AN 2% M 6] —FhE a7, (H & trans form () A PAR [EIAS
E[iEA €S

FATEAE I 1 S — A TR RS, SRULIH T APTROME R . s i iinumpy BUHAE N
A, WIESEE B, RS TYENREE (UIZE ) Bieoht, DN FSSETHER
A0

AT £ H pandas X Adult 240 4 50 250 A9 #5 30 . F Hours-per-week FFIE QI 2 T
LongHours$#E, Ja# 28 aE TAERHK IR RAE40/ N DL o BRSO s A7 N AS TR] 25

W, B Hecikit-learndE M —30, [ TAERIKS T, 85—, T A 2 M 1ol
(FLongsour I F A0 A 4(E ~(HfLEIMITH ).

542 SKIYETS
FTIFI3 M Adwl R A B EICA S o SRl Cell S8, ZEHERun All, 3B47FTA BT .

B, AL EAPI BTransformerMixinds, Pythoni%% (AT T IavaZ KiES
WA PRSI CTRIVE, I mi xiniXFEAYZE, scikit-learnii iR E A2 11 254
g WATETE S AT RAIW ARE RSB ATE R, RS Esta .

SR

from sklearn.base import TransformerMixin
from sklearn.utils import as_float_array

HE, QMR Anixinf2,



>\.ﬂ

54 REATHERSE 77

class MeanDiscrete (TransformerMixin) :

AT B L T S API— 3 £t Fle rans formpRE. 7 £1c bR, THAL BN
WM, AN R RIAZE. sRBEHINT .

def fit(self, X):

fiepREUP, BEMAEEEET UIALE, FRATHAR T as_float_arrayrR# (248X xifff 754
o, BN TR S B i il DA e T4 )

X = as_float_array (X)

IR NIE, HNEARRAFIZE. IROEZ R, Biflsel f.meanfRIFIIES:
AMREIERIRIH

self.mean = X.mean (axis=0)

fit AT ZR M EA Y, BiiRAEfeean RS 118k =0 (N H rans former . _
fit (X).transform(X) ), PREGREIERUTT .

return self
4, FrifttransformB, SESM S 1 B, K& FTRARE AL,

def transform(self, X):
X = as_float_array (X)

A LAEnumpy 54 (EEFN RBURESE ), BRICZAL, 75 2R A A B Bs 51 BOE 15
— 2 xFPIYRFIERUN % S I ZREE TP AR R— 2K

assert X.shape[1] == self.mean.shape [0]
PRI R T v R T A B

return X > self.mean
TR — S, B AR B A T4

mean_discrete = MeanDiscrete()
X_mean = mean_discrete.fit_transform(X)

54.3 B

DIESE R BFIZRT , e T ocilial, Socillial, Wis 8 S, g Ao il—1 2
REAYACAD FATCHEA TN 7k BL, MU Fe s BT RE R A3 Bl

FEIT BIIMECR  AEASr T BT AR A AR B AT o o BRI A 2, Sl o5 —Fh
FRUE T SO ORI TAHRI T3, FRATIX B FH Excel B SR 4R, PTG —BII38MH, T
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R ERFE PSS AR L

FAICIENTZIE /N BT R, FA T A R AT IN AS T  K e
SEORAAAERT RN A x B, PRI 2 BB B X RR 4R o B AR PR IE A (23591
H13.5H115.5,

T AT, AT numpy Wtestingfl it F S Aassert_array_equal ¥, EH¥
AR PRS2 H o A A o
from numpy.testing import assert_array_equal

BTk, RUENLCREL, TR “test " JT3k, XFhans 0r 8T TR AZh&#Ifiz
il AR AT .

def test_meandiscrete():

X_test = np.array ([[ 0, 2],
[ 3, 51,
[ 6, 8],
[ 9, 117,
[12, 147,
[15, 171,
[18, 2071,
[21, 2371,
[24, 267,
[27, 2911)

B R B ], P 2 T 25
mean_discrete = MeanDiscrete()

mean_discrete.fit (X_test)

T S TEExcel MR A R LS, Kt NERBIESEUR S IEMR I E
assert_array_equal (mean_discrete.mean, np.array([13.5, 15.5]))

BT RER, AR S RS . MER A IIAEE (FEExcel HRIEERY ).

X_transformed = mean_discrete.transform(X_test)
X_expected = np.array ([[ 0, 01,
0],
0],
01,
0],
11,
11,
11,
1],
111)

e, MR AR [ 25 R 1 5 AR — 2

B R R PR oo oo
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assert_array_equal (X_transformed, X_expected)
PR, THERIA
test_meandiscrete ()

WRBETESS, LI ILOZBA A AT L sh s, AL RTRE, FAE RS
W, BEAEMRAEE AT, O FE E E AR A

WERE AT Z AN, el nosePAHERRZ 1 T

54.4 4‘HERFR

BAE, AT T — M p sy, SRR, H LIRATZ ar2#2l i s, g —
MK, FH—A i HMeanDi scretefG#ids, 0 MIHUIRR I 8%, RG2S,
LTS S & <l AW T

from sklearn.pipeline import Pipeline
pipeline = Pipeline([('mean_discrete', MeanDiscrete()),
('classifier', DecisionTreeClassifier (random_state=14))])
scores_mean_discrete = cross_val_score(pipeline, X, v,
scoring='accuracy"')
print ("Mean Discrete performance:
{0:.3f}".format (scores_mean_discrete.mean()))

TEWIHH0.803, G RUATZ RIS . XTG4 R o5 BSR4

55 Ihgg

B O R R e, LR AADRE HH BB Z I K 4 b o AT TR T A 2R 4P
LK A2 R vh BB EEARAE . AT, BEEEF AORHIE LR B Z ISR —T TR,
g LA A IR I 225

AR T A SRR, 0 scikit-learn® AT EE O —8. FEETLSMETEL
et T LU BT BRSO A 7 58 73K

T —FRA SO BREAIBO T o W T ICRN , Fefed MRHER AR A, (HENSA
ZAlL: s



£ AN = DI A TS
GRR T2 IR

N =S T NTE e N S N S R I G B4 s MY &S oy S L e W AN A
Bo MWICABARESMEURNE, FITRARMRSH . AR, AIBEREBZE I T SORZE A H]
Jitke

AREE S G AT PSR R A H 2 A B A 3R DL A R Bt S AR I AR IE S o AR DTS4
AT T JemRng, AR5, U SRR BURAR AN A, A TP A A&
T EMAY RAE T XA BB AT 22, AT AUERFAE . A F A E AR
TEZ PR ERBUEAEE, AR Z SO IS I 2R

AREEFEW RANTNE.

Q A ML B APT T 850
Q FTALFE SR 1 e g

Q FhEE DL 28

O FHISONTRAEF Nz £t 42
O HINLTKZE A SCA i URAE
Q FFEAL 2R

6.1 JElY

SOARTEE RN R, BAAEAEREZER, ERMBATR, RrEmsa, B,
PABCHABRR, 2oL RSO IS B . BlRIBR 5%, f73Chawmaie &, X511
G ABARH W—— M Tt RIS B AR

FA i LB B (s SRR BB h 915 6L, SR T B A IRLE D7 T AN [ A3 PPy
. B GrEREE R R, R KB, JREDEEAEAT, HE ARG A REIR




6.1 HH 81

PBifE . mih: TS AR B BE, B—EA 45, AARRER B, A ifE
SIBTERAE T, fRREEARANA D) . SREARIEA | & RE B L&, SORH i Z 3%
Yoo By SRR S| BRSAEockdE, (EU R 2R TR 19 CRHiE, X it
RHRIAE A R IE

ARSI B — A ME SR BT, TEBREE SCHE B RIFR A, 4 AT bank VX AR,
75 B8 ) S 4 R DG A ELA IR AR G (EbaniTi ) 7 7EARZIEML T, XA H kU,
B L2 5 (A BN ), (HIEX LR e B 2 KA &

A TR R A ] X 5 Twitterdi B H Python i B 8L . Twitter Ml F i)— 2574 B Etweet,
AT 14024 . XWERM T U RED . WA, Bha2bmdE, B8R H Saw
FR R TE B F 8,

Y AMTHE S Pythonff, A TIRIE AU T BE 2 «

Q %if#1H 5 Python

O &= R A Monty Python®

Q Wk

Q #F4 Python

] REVE A5 1R 22 Ho A 2 P A1 Python., FRAT 5250 9 H (4 S AR B A0 N 2%, I 8. 77 (9 Python
RN RARRFE S
6.1.1 MAE3Z Mt TEEIE

TR, M Twitter Pl N #—Leifokl, WP BIBREIRE BG, JHT 2RSS . Twitterfflt 1
MRS R AR A5 SRR APL, /NI G 2%, (EANSRARST 3K Twitter Bt TRl i
T ARCLE .

B, REE—ATwitterl 'S (05% ). WIEREA MG, Vil http:/twitter.comiEF 1Mt

B R AN R Twitter ITALE B9 LR BAEAASIT, L FROGEE/NRF180UC, XKL
TEANGFERAST, I, SRZUE U BN R 5 Twitter i APTHEA T8 15

Vi la) Twitter B I 75 B HE AL 4H . FTHFhttp://twitter.com, & SETwitter

kA, ilnlhttps:/apps.twitter.com/, .iiCreate New App ( RIESH N H ).

@ 7E3EHTT, banklWE T LIRARAT, Wnl LIEITR: . —%# 1T
@ HifRiH 5 Python 44 FIE &K H TRX A JEE FRIFIA 19445, Guido van Rossum R VLRI M, TRAEA
BISL 2R 5 A 44 A Python, —— K TE




82 6% ARJAANE WA AT AL ALK AR

678 B I AR, LAl AR S EAE RS Rl . QRN T AR Rl i, 3 7
Website SCAAHE F Bl B i AL PN 2Y, ORI R REE L I UE . Callback URLICAMEZS H A
WH—IRATHAR], 75 T BT &S ML EF Yes, 1 agreeRii i 192 EHE ( QnSRARHASERE ),
4 i Create your Twitter application.,

BIEFT N, Seil s s 2 i oL T — ) T2 FH 2 5T L i access keys ( ViR #9] ). 4%

ok, TRER—A5 Twitterili {5 B Pythonf = FE, WHEARZL, W WH Twitter s 7 #24EAHY
twitter/E.

S ik

do RART IR ApipZEH ZF 6, TEHApip3 install twitter% %
twitter B, e RARMA 62 Etl R4, &3 7 ki A L AShttps://github.com/

sixohsix/twitter,

BIEEH TPy thon2EiC A UK 4 S T 48 Twitter T BLIACHS . ARZOR AL A RV ZETE A SC
1, AT ARRBAEIAES , BT ARGt — S de, eimsl—i, B8l it
ch6_get_twitter & [ ] IR T 2087 1Y Twitterif gl ,

B, FAtwitterfE, WEBRASH, NIAEIE/RICH BHB— T Keys and Access Tokens
(ZEARI AR ) BEIT-R T, 45 consumer key ( FHJ %% ) Flconsumer secret (R4 ). sk
TE[A]— UL ¥ Create my access token (BIEEFR AT AR ) 240, FRECTR)A . FARAS 21 0 2% 4
A R4 T ACRS rh ) o5 64

import twitter

consumer_key = "<Your Consumer Key Here>"

consumer_secret = "<Your Consumer Secret Here>"

access_token = "<Your Access Token Here>"

access_token_secret = "<Your Access Token Secret Here>"

authorization = twitter.OAuth (access_token, access_token_secret,
consumer_key, consumer_secret)

AR cwitter EARMEM R REL (search) AFRAL S HIA “Python” AYTHE.. BIEEN
PEA g, SRAEAUE B iR Twiccer, RRMMIRBLE X RTHR ., FEE LA, 18
FETH B RAARALE .

import os

output_filename = os.path.join(os.path.expanduser("~"),
"Data", "twitter", "python_tweets.json")

PRAFE R ZE 2] 5 sonfE

import json

54, A AR M Twitter P B 2BOSHR X 5, 8 BAUE B, 75 2 3151 1 A1) e 4 #3243
pOE 38



6.1 H &3

t = twitter.Twitter (auth=authorization)

FIF R SCE, SRS ABdE, BARBIEE N “a”, XFRIRTE SR BB . i
FHEEST 03542, MR BA4R “Python”, X Tsearch i iR IIEHE, FRATHTE “statuses” #
4yo RIS IREE Twitteri 8., (5 son i dump sRECKH LA ERF R IERE, B A S
B, HRmERHEE, 5 17T, ETHEAE LXK TR,

with open (output_filename, 'a') as output_file:

search_results = t.search.tweets(g="python", count=100) ['statuses']
for tweet in search_results:
if 'text' in tweet:

output_file.write(json.dumps (tweet))
output_file.write("\n\n")

EARTER R, A T B ALEE “text” . JFANE Twitteri® [ AP AT X AR RN E (A
Len] GRS IR MM ER T BB N A B3 ). T EXTR S AT R 8 AR L T B X R rh i
AR “text”, XWIEREFATL BRI TR o

EIRAEEATIL S, SRR 100451 R

RALT VAL E $ AT IUo4F, IWRE S 69758, ERE2E0A, R Twitter
= T PR B AR BeaE, AR R A S ORINIR, 13E| 690 BARTRRAA T A H,

6.1.2 MEBIBEHTHS S

SERMIHEREIS , TATER TR B, e L A BE AR, AR T 02K 55
TEETCA B — AR5, 7 bR,

TH B A AL TISON., JSONAR AN 20 Jidli s inidt 2 TR a5 s B, aTLLE 2
FJavaScript ( JSON%4 FH i JE X 4K 1), JavaScript Object Notation, JavaScripthf % ik ) i
L, JSONGE XL TIEWEL Y . FAFH . B . FIAERAN S, A et SR EUE 2
Bl . A ARBIRAE S AUREUESETY, T A S PRI, Bl 2SR T numoy R BRI RE A4S
FORFA

AT EAR S N A B 69 ISONXS R OCHE X BIFE T, BB ZMA —172517, X
SR B 2, B BB AT S RN T AT SR AE— (FEEIERISONAR U, 38 IngidE X
2T, AT B IR T, BEFAHISONTAT B R TH B Z A —112517,

FATAT LU S son PEAFHT LIRS , (EUR BRI LRI SR 7 (splic itk ) il
—FIF, MR EIERHEXR.

AN EICA S (TR E A4 Fch6_label twitter ), T8EHHREM AR, ZAFREIN -




84  H6F ARAANE N et AT ATAR ARIE I

THEE R SO T FRA ORI TAA R A BT R S B S F 4 o AT

import os

input_filename = os.path.join(os.path.expanduser ("~"), "Data",
"twitter", "python_tweets.json")
labels_filename = os.path.join(os.path.expanduser ("~"), "Data",
"twitter", "python_classes.json")

Eme 2, FATEMASsonfi, SBRFAE.

import Jjson
SIS, FTAEE NS R i A IH B
tweets = []

i I3 SO R —A TR . RO ST BT CEMHT AR E ) ARG, Hit,
KPS EAT (LBMERS A ER) KERG N0, R R0, ZWMSRITT, dReLHWi T~ —17,
WERANO, ffiflison. loads CRISONTFAFHE4# N Python k4 ) kBN L., ez
tweetsHIFRHP, LT .

with open (input_filename) as inf:
for line in inf:
if len(line.strip()) == 0:
continue
tweets.append(json.loads (line))

FRNTIAERFNTE — 2T B B AFATHOC (FEX R, 482 RIR 48 49 & % 7235 5 Python ), 4%
Tk, TEEICA AR AHTMLAGHS, SE8JavaScriptFIPythonZ [H] (38 {5, I TUE ARSI
JS W I T

FATESLHLIRII6E, P (IR JBA—40H R, BRI EAZS . A5G,
FEF DRI ALE R, QRS RR T — SRR TN .

HOE, BTSN (ARESSR) mFIR . A ERA R 59 FEH 5 PythonfHE, &
ITARRAFE RIS, I 25 I P B Hh 2 ] e 0 — 2% 18 B 251

AN ZAG A A TR L C S IES SN T, A RIESUNEaX eI . iRAIRR TS
—, IR SHZECH LA S, A Tix6E, FHTIERE, (UEate e A 25 —Bokii,
XFTRMRES, BB RAF P RIZSARA L E XA R SEAL PR seL, % — A/
KB TAEREA R T2 R AT

labels = []

if os.path.exists(labels_filename) :

with open(labels_filename) as inf:
labels = json.load(inf)

HTOR, BRI A RREL, ADRIR IR — 46 ZARE AR . FRATHRBIFR 15— 4%
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ARSI E AT, AU,

def get_next_tweet () :
return tweet_sample[len(labels)]['text']

FEMEH T —MNFRZKER P (KR! 5K L8 “Python” Z£F

% W mALIE T A R, EELK P, UL A Python, Kikidid A5 A P

- HAT R A 84 7 XK B8 B A%, B b, A1 R4 8 — & JavaScriptA=HTML
ARAG R IRBR PN

TRk, LA EJavaScripthd 7R IER A o WTDMEBIBEAR 777 (magic function )
LA R AHTML lJavaScript{ URS 45 . FEEICARBTHE T i A Qn F AR5,

%%javascript

XHELFR T T A JavaScript{ U, R, KAGS50EEY 7o AFLG, AR /1R 5
Pythonf¥, IR T IfiJavaScriptf VAU 5 EAR ke javascript [l —4§FHL,

MF I E LIS —AJavaScript PREL, BEAER FIEE LAY, P IavaScriptAIPython 2 [H] Y1
FREARS . XA REYIGEZ M Label s (PythonfUS ) BIN—4TH .2 E 25,
AR Se M IPython W 4% (kernel ) X142, HEHIE RS TPythondir 4. RSN -

function set_label (label) {

var kernel = IPython.notebook.kernel;

kernel.execute("labels.append(" + label + ")");
load_next_tweet () ;

}

PR S 1 0cad_next_tweet BREL, MNER F—4&AMMERTEE . load_next_tweetiX 4
JavaScript PR BT T PythonfC A% Y JFEFEER [ 1 ArFA AR TR « FH Nz i IPython N A2 K $4 4 TPython
s CIRFRTT E X fget _next_tweet PREYL ).

SR, ARMOT RS BA s, 75 ZE TR0 [m18 e, 2 (PR 8 2 PR 8 T3] R R )
FE SO T ARG o AR AR B B 2 JavaScript/Python g .5 R IEO%HR , 1 2% 1Python
SCH

AV I

function load_next_tweet () {
var code_input = "get_next_tweet ()";
var kernel = IPython.notebook.kernel;
var callbacks = { 'iopub' : {'output' : handle_output}};
kernel .execute (code_input, callbacks, {silent:false});
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[FE R Ehandle_output, FHEFCREIETE . Hkernel . execute () P& K Pythonpk
BORPIZER)E, Stas AR REL, a0 Rk, B R A N A TEA B UL F 25, &
T B E SR A LR Al ) Al SCAAS U8R, FEIX S8 B TR fcweet _text divHEIR,
FRAMTREE 2905 AHCHTMLARES . Wl sRERAS AT

function handle_output (out) {

var res = out.content.data["text/plain"];

S("div#tweet_text").html (res);
}

HTMLAUEH , f/MNERid N tweetboxdiv, EHEELEId N tweet_textdivicE T
R — SRR RTH R . FRATIEBIEE SCAKE , i A B3t (B0, BiCABRPESik e,
JavaScript g JCE AT FH S o IXAEFRATTHE AT LU BESR BB T R 20y 1550, L 1]
BRUb S TR R A T R R —— R N FRAT T 2D TR AR 1004500 B

1847 JavaScriptfCHY T fERIMS T, BE27E U ik AJavaScript{ Uiy, BARTESS R XA A 3]
fEATAELE.

B, AR — AR I i%%heml . ZZTREEN], BRHIR B ICA PR AHTML
ARl FERAR T A H

gshtml

ROk, TR AHTMLACRS A LA TlavaScript Ui, &5k, & L—1aivit®, W
KR Y ATEARE R R . RGN T U EUE . #54, A1d#id Htweet _textMdivitE,
FRER T —S A hnE i B . ANETRTIR, FRATIATS 2N HESOAME AR st . QRS AT

<div name="tweetbox">

Instructions: Click in textbox. Enter a 1 if the tweet is
relevant, enter 0 otherwise.<br>

Tweet: <div id="tweet_text" value="text"></div><br>

<input type=text id="capture"></input><br>
</div>

FEANELIBTIE T

BIEESE R, BADRG G i3 S i JavaScriptf Ui, X BOEIAZI S #1) | IHTMLACAS
AT, oA #tweet text LR EHTMLAZFTRHITE DA IS ANFAE . X B EH 3jQuery
(IPython B il ARSI T2 %, THRHIRGIA) M—1 K%, Y tcapture XARETLE LA
AR, R E R pR AR, SR, THTERE, XS I BEAR ik e sheml, EIXH
115 JavaScript{ U, 7520 Hik B <script>thri,

FATHOCTE R0 1, ROATH R A AT BB IR T X 280! o sl i3 A A7 i 7E e . whichH I ASCII
POME, WUREHHE PR M N ERIE T 7o AR Z T ok, FRAHEISEME 1abe 151,
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SRR 23 SCARERI L. AR ANT -

<script>
S ("input#capture") .keypress (function(e) {
if(e.which == 48) {

set_label (0);

S ("input#capture").val("");
}else if (e.which == 49){

set_label (1);

S ("input#capture").val("");

}

Y

s oAb

T RAT G JL TIavaScriptfCaS ( FREIE ), FATIIH Load_next_tweet () PR%L,
WESE KR EREE, WEscripthrss, CHATF .

load_next_tweet () ;
</script>

TEEIOARY , BITZE T, Tl 2 IHTMLSCAHE , 32305t B — 4N B S SOARHE
WAHZIN S ST (4.8 P #Pythondst R 42152 ), HiAl; K22, HAO0, SEWMJ5,
W —2HE . AR, BE M —5%, EE U e, ERbREETAE3E.

SERBRIE S, BT B B A AT SR S

with open(labels_filename, 'w') as outf:
json.dump (labels, outf)

RIVEBEA SERbRTE , o] sty B, SRAFDRTEI IS RGBT EiLA 2R
BEAPRIERTHE,, SRR RELREEAR I .
PREETF B ZAE A E] I BARZ RS, SR QSRR TR ], AT AR AR

6.1.3 Twitter HIEEEE

Bz B MRR s, BN IAGE Bz Ak B, BdiREFIRPEPOATE
IS, EMSRARARE S, FoveA B TR s SR,

O x—Bifi, ME#FDk, ST a4, MEUEE RISk i R RS AR R IR, B ARE
WA R LR . ——IFE
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K Fok X — AN L IRATR0% W A A, HRY £ — AN ERAT
90% 8 EEA &, RAEBLIALEYHR TX, RALMAMGMKE L, ARG L
T TR, AR RS .

PR LT A AR R AR R R B AR SR AR . EZARNAET, SRIEWIEIAR], Twitteri [m1f)
WRERWHAR . WO, PRELRBATRESANESR . BIRA LK & B AR L %423% 3 Python
A&, BWAZEE AT BRSO, HANHIRA MR INE L AT, Fegs I a0brTESs Rt il iE
Weo RTREAELL, Twitterf@fit 7 ICE A F LMD, [HEMEMEHZED, RIFAHRBA—
TERARIRTU e E R

T AZIER, T A SZ Rt R 58 21 0 Rt B 5 A b A7 A I ) S50 PRIE B H, - Twitter
WAGISL, JEAL, TwitterBBHES IE B4 AR

fiptR Ik Z — R R I B, BT LA AR . AT B eI AT LA d 2 i S
iSRS R, PRRE N ARG T EGHE, SRR

B, FAEBA IH B R4 5 M HIEM R Tk QIR EICA S, SR TR
FHBIRILA R4 o RBBERZATZML, RN L 7 — ARG B g5 KIS AR
T .

import os

input_filename = os.path.join(os.path.expanduser("~"), "Data",

"twitter", "python_tweets.json")

labels_filename = os.path.join(os.path.expanduser ("~"), "Data",

"twitter", "python_classes.json")

replicable_dataset = os.path.join(os.path.expanduser ("~"),
"Data", "twitter", "replicable_dataset.json")

INZERIE AR, BRI HE b — N EICA SRR .

import json
tweets = []
with open (input_filename) as inf:
for line in inf:
if len(line.strip()) == 0:
continue
tweets.append(json.loads (line))
if os.path.exists(labels_filename) :
with open(classes_filename) as inf:
labels = json.load(inf)

[ 3 J3 A A S ST TR 92, B Bin e, R HLRAF RISk

dataset = [(tweet['id'], label) for tweet, label in zip(tweets,
labels) ]
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e, ACHERAFRISC

with open (replicable_dataset, 'w') as outf:
json.dump (dataset, outf)

A THERS S M, TN TwtnT LR Ba e . SRR R A A R B4, B
it (UL WA B RCE U AL

gz B E RS AE, (HREAESE ], B S, RZETI RS a T
BERSE . THEZERIAIE B g 5 1 SCF . FRIFHE TR SUR44, B IR AR s b R A AR 4
SCHFARAT LIBE R, AR —FE . CRSUT .

import os

tweet_filename = os.path.join(os.path.expanduser("~"), "Data",

"twitter", "replicable_python_tweets.json")
labels_filename = os.path.join(os.path.expanduser ("~"), "Data",
"twitter", "replicable_python_classes.json")

replicable_dataset = os.path.join(os.path.expanduser ("~"),
"Data", "twitter", "replicable_dataset.json")

i FHISON S RN i . 5 S el

import json
with open (replicable_dataset) as inf:
tweet_ids = json.load(inf)

TRAEFTA Y B RBIRE 5 o I EEAE , TR S, W st (IR SC-mfs
TR R ). SR, FATICEME 25 RERFOGRIGE FIrA T8 (BItn, EYCRER, ALy Bk
EOABERL ), DI ZE SR BT BE R IR .

J TR, AR ERIE S R — KR E AR, MAIA AN B E SN i
0 (ATREWERH P BR s BB M BRL ) IR, H R AT SEPRaE FH B2 st B A3 e b S, H
Ikt , 1, ltactual_1abel sHIFRAFAEIRATRENS FFU M Twitter B 3 FRBUE] 471 B AYSE
Mo RIE, RIS E R g S R R R

RSN

actual_labels
label_mapping

[]
dict (tweet_ids)

TR, Hlewi ter AR B4 5 R AR B o X M REZAE KU 8] o S ARTIH A A cwicter
e, BUEEBALSR, MERIG i crerXR,

import twitter

consumer_key = "<Your Consumer Key Here>"
consumer_secret = "<Your Consumer Secret Here>"
access_token = "<Your Access Token Here>"

access_token_secret = "<Your Access Token Secret Here>"
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authorization = twitter.OAuth(access_token, access_token_secret,
consumer_key, consumer_secret)

t = twitter.Twitter (auth=authorization)
i AT I e
all_ids = [tweet_id for tweet_id, label in tweet_ids]

SRIG, FTFFR L SO, DRAFIE R
with open (tweets_filename, 'a') as output_file:
Twitter APLALVFFRAT]— K HAEZRE100450H B . I, A5k 7 10045758
for start_index in range (0, len(tweet_ids), 100):
X — R A 1000 G5 HIHZ S i H Rk, 8T N Hfl ] Twitter ) APTAR 5 4 5 A FR 4 2

id_string = ",".join(str(i) for i in
all_ids[start_index:start_index+100])

e, W Twitter'E X statuses/lookup ik, EA—HMIHES 'S (DR NFRIH ),
DIRARIXLETH S
search_results = t.statuses.lookup(_id=id_string)

FAHER PZCR PSS, IR ACRELIRENME, el RG2S .

for tweet in search_results:
if 'text' in tweet:
output_file.write(json.dumps (tweet))
output_file.write("\n\n")

wlr—8 (PYRIET 1 o ), O ZOR AT i b1 2 AYTH S A2 . ZRIBGH B 25215
Z AR 1abel _mapping 74k, HRAYETHEHSELRIAT, AT .

actual_labels.append(label_mapping[tweet['id']1])
JETT EIRACRD, RAFAEE. . W IRIEERIARA, RIS — Twitter 2]
WERIIR . Ba—4, ffactual_labelsFZRHISCEHL,

with open(labels_filename, 'w') as outf:
json.dump (actual_labels, outf)

6.2 XAKRFLIRES
SRS RIAPIR , /5 REEE L TG R SR AR

O FRUCPERE T B 1L A A2 REAS PRI T B2 . —— T
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SCARBARRAAER A SCE . Mk T LU 8 SOR . 3ATH A B i i
A BN DR AL PREE R RS BFAE , B REA RE SO 52 mT LU B R 7

RPN T R RE S AT AN, SRR I g AT R S SCAR ) A e L BRIEZ A1,
WA RZ HABSETI AL, HenFRA 14 N oRZE R A sia 2 A H B (word occurrence ).
6.2.1 R

— i ] LRI s RS R Al R G A S B B FRA R B —
B, BT R RS A — R SR, R IIER— A AR R — TN B A TR SR Y
LR

TR BOSCFE T A FE/R 4 (1. ROR. Tolkien) 1 (453 E ),
Three Rings for the Elven-kings under the sky,
Seven for the Dwarf-lords in halls of stone,

Nine for Mortal Men, doomed to die,

One for the Dark Lord on his dark throne
In the Land of Mordor where the Shadows lie.
One Ring to rule them all, One Ring to find them,
One Ring to bring them all and in the darkness bind them.
In the Land of Mordor where the Shadows lie.
—J.R.R. Tolkien’s epigraph to The Lord of The Rings
Hjalthe/ES | SR T O, BAidlin, for. toflones$ B 74Uk, FAidring Mo H 3K .
AR LA K, B — R A R g

=:R1| the one ring to
ik 9 4 3 4

AL counter TG AIR 24 74T B R BIUCE . GETTRisling, 3l BRI A SRR N /)N
5, NIE CFAF R E S B o NS AT

s = """Three Rings for the Elven-kings under the sky,
Seven for the Dwarf-lords in halls of stone,
Nine for Mortal Men, doomed to die,
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One for the Dark Lord on his dark throne

In the Land of Mordor where the Shadows lie.

One Ring to rule them all, One Ring to find them,

One Ring to bring them all and in the darkness bind them.
In the Land of Mordor where the Shadows lie. """.lower ()
words = s.split ()

from collections import Counter

c = Counter (words)

c.most_common (5) fij Y H BV B 2 I RTSANA], JARA 4401950 —, 24 LA the
BN 2ZERT

AR B R LIS =R R — bR L TSR S BB D e . R Y
SCRH 22 S BT, TR R R R BB AR I RS TR, B SR A R
AT MO 1 XL IE A, e AL T SCR I BEX TR AR o 28 =Fh, B —(E
FFAEA R —— B SO R I BRE 1, AN BRECH0, ARFEREEE =R,

Fyhb—Fp () 3l A RE AL 7 7 VR 38 3R —1% STAS 4R & % (term frequency-inverse document
frequency, &5 Mtf-idf), ZINALTT 2 FHIRATRA R Rl A s R ER, SRS FE TSR DA 15 1% 1)
B SCRY AL o 575 1023 B A3 SCRY AR 15

Pythonf5 1R Z H TAC B SCAR ) . FRATTRE FH 323 AUNLTK % ( Natural Language ToolKit, H
SRIBEF AT T HAE ) HBUFHE . scikit-learntB b2 countVectorizerds,
BRAE ST TR T (SR IR ). SRMITE MR 1A, NLTKIRMLTE Z3E8E, /RT3 M
Pythonfi{ B #X1E F A, NLTKZ M AHEAYIESE

6.2.2 NITi&%

PR FHEAAN R, N 35 s RE S AF s fR SR, BRI R e =ik, NoTiRis R4
HULANELER RS 751 o ERATRERERDE, NoGHIESE R A 2000 B — 42 i

NTCHEE TR B N D I AR, FRATHEA BINTTIR A A LR R R 9 4
g —3a] B AR A I AR TN TR LR 45 5 SORY T kL

3 NAE kb6 Sdkn, st T RBERXIES, —IFBR25]52 M E3 T,
Q e 5 R T 424 R B 5 6948

AL, HalBEE, FATAE S| S RBRT L NTGE

@ $EANTCHRIEE R R g . — %1
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Always look on the bright side of life.

F—NJUEEE ( =J0) f&Always look on, 2 —/~f&look on the, %% =“J&on the bright, /X
REC A, JVINTTERAES, K = Maa AERENER

NI R AR R0 o XA R BEES A HTEE 5, st A By 72t
FR A IR BB R 3G R e B R R P AR A B B ——— D NTTIHEE AN K AT BE S B
U (JEHGRAE TwitteriH B AR SR ),

X FAL A I 7 A 1 N 2 LSRR SORY , NTGIEE AN T RE H IRAE 2 R AN i SR b, B
FRRF K RN, AERSCR R, NITHERA R AR

SCR I I3 A FINTCIR RO AN — 4R T2 — 2 AT ( BARFATNICIR L VA 2R Tr
LD FANTIRIEA TR EHR, BRIbZoh, A A A o AT KR 9m ARRE I 15k
FINTCIEREAVRCR o

6.2.3 Hh4FE

B TNTCIRIESN, AT LASHBUR 2 AR, s s ap il e iia e ) -
AT o X T SRR SOA B SCRVBARAZ IR, AT I3 o A A BR T MR AN Rk 2
FRAE o ANARARNT ISR , HEXEVR A HH Packttt I Python 3 Text Processing with NLTK 3 Cookbook,
{E#4 A Jacob Perkins.

6.3 #hEDIMHL
REFSEI], FA DU AU L DL SE T i AN B A ARl . S AEAN A

— I, XA AR ARG T AR IRCR . R AR XA i e St nl LU E
frr2, ARH YT (805 BORAIEZ B TRARRE AR 732

6.3.1 DIMtHrEIE

REBMNAETT A D GETt 2, B i MRS A0 JE AR TR R AR, RIVBOE Bt
TEMERP A, A8 B AR 00 E %A A0 B TLA S8 FATMBOE S0 [l 2 i (WL AT REANIER ),
SRJE T A O AR B s e il L 2 IOk UE IR 5 FRAT TRORC AR 5

R, DU GE bR EoR ARl A (FRGETTA5 ) SCbrm iy Ot . AT E
BRI, Ok SRR S RIDRE A2 R Al BEVERY TN A R o e DUt AT

(D ¥ M Character N-gram, —— X% TE
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HAEAAMARAL AR AR AAA AR, FRCEUE SIS AR H (AR 2R R (AR 18
L

DU E BB TR PA | BY(H, WALREC B AERAIT, ARAEIREZ D, K
ZHUEOLT , BREBOWEEME, b “EXT®ET”, ARBINGR “SXA2TH”. MNEHEZH
Kt BiliH R AEAANR, A BIRNARAT B R A T — 0K 2T Qe e AR B A sk
F DU B

DU BT

P(B| A)P(4)

P(A|B)= 5)

GG, BT S S drags BOHB I B BECEAIHER CIEMFA A S A % Y
Twitter{H S\ AT AEZ JL IR 25 fh Y BIR™ 5 o

FEXHL, AN “BOTHE BT PIRATRITEPQA), EBiFRN 23154 (prior belief ).
TR, GortI R B i e o ani3RATT i B 42 55 1003 R 12 303 7 3 R 4,
P(A)430/1005%0.3

BFR/R AR A A Eaddrugs” . UL, FRATETLAE R A A A A B drugs AU IR
PECRAFRIPB) . AR AE 100ET R rhG 105 B {462 5 Biinldrugs, ABAP(B)#E10/1005%0.1, it
FPBIF, FRATA TR RAS R B R

P(B|AYR 2B R b & Fim] drugs FURE R, THERLERWARSS Sy, Geit il ZRterh iirfy Bl
W A B0 LA K H b 5 Bl drugs B0 . 308 i3I R b, AR A 63 & A Bidldrugs, A4
P(B|A)#iM6/305%0.2,

BAE, FRATARE DLt MU AR T3 I P(AB), 45254 drugs Y RBIF B I B FAOMERS . 482
DR H R A U AR Y DU A S, A5 BIZ52R0.60 X SR HTANSR AR o & 47 drugsix 1A,
IR 2IZHBAF R B R B 60%

TR IR T A SRR AR —— R TR 2 B BGIEE Bk A TRRAE , A5
SELFIHER MG o AL, BAIE Tk 2 BORIRATE S I Zhae v i) i) 1 AR A £ 5 73
6.3.2 thRIMETEX

[l kA T O A, FA T U ETH R MA R T2 KRR . NIk, enT RUTDR

O FSCHFER “ANRKIEE BRI REAR", RSO AFTRBG RS, TARMER . —%E
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3.

FATVHCEARTM IS, HIDFREEEE — RSO, SRR DU 22 2 2 B 25 Fh e
T, MTAERN, BORFNRBE, fTR . AR DU SRR DU B
TR JE TH— ISR

P(CY AR —ZRBIMHEAR, T LAMIIZREE ARt AR 21 (O7 L8R BSOS s 615 Bt FH 2 AY
— 20 GETUIZREITA SR E T R BI E o L

P(D) R HE— ORISR, EAE RIS ARE, THAERRARENE, (HRET RSO 8 TR~ 26
BIE, X ETA IR, PO, WIHRASMATEE. MERITRE M e,

P(D|C) 3 3CHDJE TCRIIMEAR . th TDE & ML, TR T REARIFXE, SXmiAhaR Dl
R EIR B T o FATANR M BOE AR Z A S /Y, 3 AR (D1
D2, D3%%) TEZaE S A, FREN TR,

P(D|C) = P(D1|C) x P(D2|C).... x P(Dnl|C)

LA T A AEAR RS LA S EARAE AR R A T A, AR R P A R AY
AR (EL

R, WERFATAANR R, AUESH RN IS R AE Z [ ARG o Sk Se AR M
SERL, AR KR AR SR S T S TR R AN AT RESE I

FXHL, AR T ST, RATHRESHAP(CD), ZMPD)H. MR AR
IR RER . T PO ER DB ULAEANSS, K B R TSRS 2K

6.3.3 EANARG
ZIUE I RS R, AR T DUF — S EARER R i EdE : 1, 0,0, 1],
IR A T5% M EE B T30, 25%)8 T2001, HAENREE TR 20 RBREEIT .
2510 [0.3, 0.4, 0.4, 0.7]
2501: [0.7, 0.3, 0.4, 0.9]

S0P RE LR RISR 2R )1, X A TR T DU AR R . K R0 A 30%84 R
AFAETREA 1,

AR HE— N X 5 B TR0 . 25 h0m}, P(C=0)=0.75,
AR DR A RIPD), WILIRATAHITEE . BADRE FitEaa .

P(D|C=0) = P(D1[C=0) x P(D2[C=0) x P(D3[C=0) x P(D4[C=0)
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0.3 x 0.6 x 0.6 x 0.7
0.0756

=, Z/MEA0.6, ZEHELERAL EGAREHE ([1, 0,0,1]) F,
BAAAAEGAE A0, T AL th 69 R TAFARAIR BT, fe B KA MR
Rk, HAEEAH009ME S PO)=1-P(1) .

BAE, FA T AT LT3z 480 N TR SO OB . 5 2RI 2, FRATEATTEP(D),
P, THRESRAZIPRER . th TPUEATTEPD), 48R BAT A, REIEIX I R/
WS T . KE FIHRER,

P(C=0|D) = P(C=0) P(DIC=0)

= 0.75 * 0.0756

= 0.0567

B, PN

P(C=1) = 0.25

ANE AR AT EIEPD), RATKEE P,
P(DIC=1) = P(D1|C=1) x P(D2|C=1) x P(D3|C=1) x P(D4|C=1)
= 0.7 x 0.7 x 0.6 x 0.9

= 0.2646

P(C=1|D) = P(C=1)P(DIC=1)

= 0.25 * 0.2646

= 0.06615

B, P(C=0D) + P(C=1D)iz% T1., 5%, AAXH/AFLE! Kb, &K
< MXZ = F AR AL, BARMNETTE LT AXFHPD)A,

AR RLZA BN T TR R, R REC A RIAUR T B RIRALIR MK
BIRBER AN G, (RaT REIR RS A F . B3, ZE00mF, P(DIC)RHEA LI T AR
Z o IEPNATA L A SER MR AR S, RIOCE Bl s 25100,

RN G PR ECEAR], SRS K MIAFE, BiZP(C=0) . P(C=1) % 40.5, it
BTERER,

6.4 R
TR, QUKL Sl —ARTHR, (ORI BN, FIRT e = S5 FETH 5 Python Al .
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FAIEFANLTRI B . NUTKARAE TR T A AR T AR B TR, JR s kil

HE-
ApipEHNLTK: pip3 install nltk
— dm RZR KM, HAHENLTKZ R 45 & www.nltk.org/install.html,

BTk, QUK ZANBOATEEE, FFEHIANER DI A B T 026 K ALAR L
e

(1) HINLTKJword_tokenizeRE, W Iun SO0k f i) S HOZ A B i 2

(2) Hscikit-learnADictVectorizer gl 7Mbby AR Y, XFEFNZR DL
Wror e At Refl 28 —20 rh il U R 1IE

(3) IEANHT LA FAIRAE . DINZRANE DU o2

(4) BHTEFHE— N EICA M Fch6_classify_twitter ( AFE G —4~), T2,

6.4.1 FHEVHFE _

FATVE FINLTKAM AR 75 B E A RE . FRATARAE R K Z i FINLTK, (2 B miEn S
RS O —3, Kk, FEAE— M-S ficMerans form L MIERIFERLGY, R XA
RETET KL H .

e, BRI X RAT R TIACBE, R EAICRIE . P, £1 c BRBURBUE
st HORIIE AL (self) BT, FeidsxiRZHIFE.

et RBUIA M2 2% BATE T E R SCR R ORI, AR BL, IC A True,
R A ERE, BRSO B, (ERTrue, RZ, fHAFalses WERFATAEMEHTIR
W, LRI ARG R R, B LR

KA T,

from sklearn.base import TransformerMixin
class NLTKBOW (TransformerMixin) :
def fit(self, X, y=None):
return self
def transform(self, X):
return [{word: True for word in word_tokenize (document) }
for document in X]

IR IG5 R — IR N T ISR, SR — LA IO S — 2R TH R P R T A Tl . LAY
BRI N, EoATrue, FRIZIAIEIZAN BRI . T b e i, R
XATHE BT %I, MR, FRATUAT U Fal se R FRBAETH B R iyIa , (EURARRE IR 2%
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FiAasTa], BB E

6.4.2 IFFHIEWFFERE
X — AW LA 2 ) SO T DL A s A T AL B A R, PEDi ctVectorizer BYHE
BF, X—PRAERE S -

DictVectorizerZHEZICR AT MMNGIR, R HFAR AR . HFE RS A REIE A A
R RN, RIS R A SO TP B, SIS A i AR 2 ), (H RSB RIIR 28
PEAZ 8 B o S KA SO P A% B, T &Dictvectorizer AR ING H .

Bymskrh, AU R b, B U TEXS BRI R R B, A A 2 B
TE I A, AR AR BRI D R, G R R B R, AR 2 AR L A AR Ao

ﬁﬂTrueo

5 ADictVectorizerhi, #tA]LMERAE,

from sklearn.feature_extraction import DictVectorizer

6.4.3 MR DINHHT S 385

i, BATHR BRI AR, AR TMTFNR DUk, Rolade R s —ErE, ik
FATE AL TTH T ZAEFRAE 4> 250 Bernoul 1inB 43 25 8%, & HERMH £, G2
Dictvectorizer—#f, HITERFAE, LEAHMBIFKL T,

from sklearn.naive_bayes import BernoulliNB

6.4.4 HRER

LT RN A SR R Rk AR T AR AT TS AOAIREE , TR 1A SR, eI C
14, InEBHREMINEDE . FERHE (REHEHRS ) LeflnZEnprEn et
mr .

import os

input_filename = os.path.join(os.path.expanduser("~"), "Data",
"twitter", "python_tweets.json")

labels_filename = os.path.join(os.path.expanduser ("~"), "Data",
"twitter", "python_classes.json")

IS BATHITH R A ARG, it FERBA A BN TH cexc B AURSTT .

tweets = []
with open (input_filename) as inf:
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for line in inf:
if len(line.strip()) == 0:
continue
tweets.append(json.loads(line) ['text'])

JUE=A(EP SNBSSl

with open(classes_filename) as inf:
labels = json.load(inf)

{EUI 227 ] o N GV S S e LY O 7 2 i r 7 O g 7 8

O A8 NLTRBOWE L %
O DictVectorizerfEHisy
O Bernoul 1 iNB/FZ#E

TKEAHETT

from sklearn.pipeline import Pipeline

pipeline = Pipeline([('bag-of-words', NLTKBOW()),
('vectorizer', DictVectorizer()),
('naive-bayes', BernoulliNB())
]

)

BAVLFBAER T LB Tk, FHZ a2 il fcross_val_score HEERITHIEM X,
IR X Z AT, FRATEAA—Fh EIES RGP Fehs . IAVSHESE D], FNI0EdE A
FIFIELL T, IEHRAS AU E LS o

6.4.5 H F1{E1TMH

PRI, TRFENIRENNERRER . IEFRRAREETR) T, Bk LA S,
HHEEARMITE, B2, EEARAEY . MAIaU, RRAE S AE S — N IERRIR S, [H5EhrH]
AR

FATHE BEPEE (RITTRES AR ) B, S0%MHESHEES AR, 50%AHE, R
ZRPEEA X 434 (balanced ),

fihn, X T EIRERCE DR AR TS, AL BEAG R FAR AT RES0% L AR B, i —A
it 8 BACHTA R bR A BIRAR T, AT LB N R, (R IERR R A5 1A80% !

R T RPN A, FRATIE 5 — Ao N FEARF LA (B BFRMF(E . F-measure,
i HAB AR A ),

O LnFo.5%, — &
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FUESEDAAA R 5 St e L, AP RS & # & (precision ) FIl B = & (recall ).
A F TR TN S TR0, SERRE T2 280 L. 8w R 8 E R T o R~
A AR SRR AR T2 A R 1 EL

FEFRATX L, A4S0 (CAHOCFIAAE G ) M 28 B0 F L. (H2, FRATH G
FHOGIE — B IAG . P, MERRRIT AR A LU . f2 B A AT A A8 % 04 74 B,
FEAAK A B S 7 UM, BRI BBEITAAKGIEE T, H S VAEHTAN
A AKX A7

TR HER R AA [R5, SRR UE, ER M R R4

Flo2. preglslon-recall
precision + recall

FtscoringZEIMEBEE AFL, BiiElifHscikit-learnHIF1 k. BRINEZR IS
VWFUE . LT AR RASF 1A
scores = cross_val_score(pipeline, tweets, labels, scoring='fl")

P 1E

import numpy as np
print ("Score: {:.3f}".format (np.mean(scores)))

SR 0,798, SEAN U A4 Python i B VR 5 P LHER 2 H580%. 3 JEA
IV 4200 K AL SRS 0 . ANSRIETE S0 B A IR I % U R 2
gt

[ C;' [ETTTT LS PN VT QU Sy ]

6.4.6 MIREIPIRELE %5 A RIFHIE
R BEAFLERCRE I BEN : Hr 2 HHAE A R FI 0 — 400l 8RB AR R 89 AT 045487 7 FRATAT L
DR DU SR B0 IS, AR 3 DL ST R T A A B I R

Be, NGBS —PNEER, [fifHcross_val scorefEMEREE 15538 X AG 54k FAHE,
HREAFEIAR ARG T o N TAEREEAL, AT TR f1ic k%, QIR
AR .

model = pipeline.fit (tweets, labels)
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EERNARRLERNER, LM XENISHENRL ZK, R, EfE
P BRAEZ AT, B R R BRI AL, RIE AR T
Bt X —3F 4,

fEBIRKZ finamed_steps/@IEMLERY (BIERUKLNS G, AT 2 X)), e
[ PR LA — B RE BN, W LUER X AR5 R AR R DRl

nb = model .named_steps|'naive-bayes']

MOXAMEERL AR, ] ARG SR AR, Hednlog(P(AID), HrP R4 E FFAIE

T RO, R RO SR EAR /N i, S—MECN-3.486, SERRHEARZ50.03,
TR AR/ E, 0 HIX RO A B L B B e, PO AR RN 2 25 T
0o FTAMERIETR, Hbh—MEN0, HALHN N0 MSLPr EHEDRAR/NGE, KON, Xt
PRI TR A NS, (EBORAREE TR R

FEAS 2 X FOME R B 42 R R P HED 1, % R AT AR . BT HES , SR 2 AE a5 .
IAv I

top_features = np.argsort (-feature_probabilities[1]) [:50]

A RS I RIE R G HE TS 45 S PRARHIE A FR . IR A AT AZRPER, Ik,
T EARE R S [ FIRFE A FRX R . WKL DictvectorizeriX —BARCHE, B2 AREIH
FEFER . SEsAYR, BEWICT TRIEA PR G BRI SR o I, T RLMGR K 2R X — & o
FBURAIE .

dv = model.named_steps|['vectorizer']

HiffEDictVectorizerfffeature_names_JRMHHEITE K, REIFAEFAEN AR, K5
FHE . AT IS, 817 R R B R RES 3R
for i, feature_index in enumerate (top_features):

print (i, dv.feature_names_[feature_index],
np.exp (feature_probabilities[1] [feature_index]))

BOULAMFIER “:7 “ntep”  “47  “@”. Z5G REEMBARIAIE, AT X LR HE
S (BARE SRR 7 Z AN SOR FP B B ). 2RI, A B Fidix
SEMEF RS PRI . HEETE A, TR R S AR TE 5 A K.

7 for 0.188679245283

11 with 0.141509433962

28 installing 0.0660377358491
29 Top 0.0660377358491

34 Developer 0.0566037735849
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35 library 0.0566037735849
36 ] 0.0566037735849

37 [ 0.0566037735849

41 version 0.0471698113208
43 error 0.0471698113208

A —BERRIE SR 7 TAEIE P 4 K Python, At AT BEHE A2 R FE1H 5 Python, ( BAARVE N A H
HAOY 24 ) S g B ] BE i FHPythoniX /™id) , {2 AT 14 /DTG BRAE Twitter |, )

22 jobs 0.0660377358491

30 looking 0.0566037735849

31 Job 0.0566037735849

34 Developer 0.0566037735849

38 Freelancer 0.0471698113208

40 projects 0.0471698113208

47 We're 0.0471698113208

ARG — R PR IE U “We’re looking for a candidate for this job” ( kAT 1E7EHHE

FEEZHRL SR A T) XTI E .

AB KL, FATBGERA/N, A TXERHIE, FATH 2 dn] LSErRIE5, 5
FRIXLCAFME AL ] (5 AR ), B8 LERUPAERYEFAE. f1an, 8 “RT” RIS lLEGE
HiT, SR, X Twitter W3 2R e A B FHTE o 2256 55 A9 TAE N BUB AT RLIRFIES ] Z R ix 4>
i, AR TR AEAR NI S LA R 0 7 S 2 SR B 52

6.5 /&

ARERTFE A SCAAZ S ——RA AR B R B 5, HARBIEFEAE 55 S RS S bR il
TR Y L —— BRI — 258 2 1 Python & S AR ih 5 o FATTEE T Twitter S APT R 80K ., 1
FTESETCASU TP S B BB S IR R R

FATA L T LA A nT FFE . BAR Twitter R ARVFRIE [ R MBI A BT, 1
ST B TR LSRR FAIRE S, RAFH RS, XL SR AT AR .
P T S8 B BR sl T AR, FRAIGE AR E ]

FRATHIANR DU S 70 SR R0S SCARHEAT 328, %0028 82 LA DL ISt BHOA A, 200 i ok
SRR, AR EIARISE I ML & o AT B TR A e B i v, A Rl e S
AR ISR o HAh, ST AR B ST AN R BGRB8 T4 AE i B e 2 2
BRGHER, T REASRRE 22 8] S A AR S

A TR 75 B R AR E—— BRI B 5 S A SR, SRR R PR IRI A .

O LS E B — N ANIRSLAY . TCRT R A B 5 R A PR . — % TE
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RE T TR TR E S E S, R E7EREHE ERIA L,

FINER DU 7328 SR A, AR A K I REIR R . X T REZHOCAIZE S, &
HRREDHRAF AORCR o 75X R AR Z i, IR 0 00 JEAR U 0 00 JE 4 RA o 2 25 1 2
ARG o 35—, AR DU 0 2R R AT R BAT 28 CURRIE S B IS, h
WS ILA ).

T TR BRI b T B S P CREAE , S anC R ] 4 S AT i - 4
TSR N X — ]




B2 i Bl B4 By A

RZFYPE T RS, RBdE . AR e ARt . FlEfs—im i,
HAZM 28 BAIRKAYRDLHE, 15 FacebookiX FEAER AT SACTRER ' ( 50%H - B R AR 208 5% )
(Pl JE R [ O R . B BEST I — AR A e X T R T, B
TP, RA5A TP EOGR I N BNA

AR TR IR ABLRE 3 AW DA B an e AR 4 T e ) A AR, 9 ELBR S il 1 P 328 3 43 32
( connected components ) UK E 53 KA B LR/NE . ARZREA AL T | ARSIt
MRAEFARLEE , SERBAHER 3 I TF . 5 10T2R0 X RSB R IR A B U o

ERENEWT .

O A M A 2 K]
Q AR I 7 et
Q NetworkxFE

O &1 3R B A e

Q FE e AR LR

Q MIET RS 5
Q 51k s BT 3 R R

7.1 MBBEEE
AR AT 55 ARG A L P - G B, A I HERR I A, 25 R . WA~ A 3t
[RIEF A, AR A A NARUBEAR &, (B ) 15 47

A E—FA 21 Twitter APDRARHUEE , BIEE— /DAL . G IE— MG
(5 E—FMR, ARIHRFEHE 5 Python ) B, APk —aR7y, FRARBGXLE NS A5 (fib
TIREMAN Do A T LLERE, wLAERRIE P IEFEIIA e A 80, TR ATRIAR L .
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&7 Twitter, EA R % HAeAL R W35, Z BT vA4E A Twitter, 2 B A L3R4k e)
% APUR S 5 R BT & B0 446 . HAe M3k, t4eFacebook. LinkedIn#=Instagram
FA A M, 1B RBGR RS # Kk

IAERREEHSE, B — 1 IPython NotebookZBICA AT, Wffbewitter LM, Jrik
5 E—FMFE. o LIEH L —3 pr e i Twitter N H B EAME B, HAIESHd T DL

import twitter

consumer_key = "<Your Consumer Key Here>"
consumer_secret = "<Your Consumer Secret Here>"
access_token = "<Your Access Token Here>"
access_token_secret = "<Your Access Token Secret Here>"

authorization = twitter.OAuth (access_token, access_token_secret,
consumer_key, consumer_secret)

t = twitter.Twitter (auth=authorization, retry=True)
Yoz A >
T e i oS4

import os

data_folder = os.path.join(os.path.expanduser("~"), "Data",

"twitter")

output_filename = os.path.join(data_folder, "python_tweets.json")

WER 5 sonFEARAF I -

import json

Bk, WP R B E TR RIS, AR S RidpythoniIH L. HE, Al
PIABIZE, T AEEH B SR A SR 5 B Fa SRR 4S5, PHitt, fEal)
T, R P BERR AN G X, AT

original_users = []
tweets = []
user_ids = {}

R A SpythonfTH B, T8 R 4E

search_results = t.search.tweets(g="python",
count=100) [ 'statuses"']
for tweet in search_results:

FRAT T B IERSHR X Twitter 1] BEAR [7] ) AR BN ERSER, P AN B A B A text
JEE

if 'text' in tweet:

WA, CFHPIRER . HEIESC, JFEHA R P RAR A S ek . AT
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original_users.append(tweet ['user'] ['screen_name'])
user_ids[tweet['user'] ['screen_name']] =
tweet ['user']['id']

tweets.append (tweet ['text'])

BAT IR A BIRA10040 8., AT RE/ e HR, SR80 BIF A2 2B 2
RIS A Ko

711 BAIBERE#HITHH

BN E—F i, ARTA $E R pythoniTH B AR S gfEE 5 A K. EAaA ek Irf 2 mi
B? F—S Atk T T B TE S, BT, BEgid gl
REER A Y —ER o o

TEARZEE, HXHRISPythonZm i 5 W FUESR, fFH E—F i py s 2dn sk 59
i 5 Python iR AT B o KX B GEIRATE ISR . BARMSEEITT

B, T EAEANE Doy 248 T b — R 25888 A TPy thonZE 1A SCF . Wi
SR, BICAMNCFZRINEAE, WEEITIaNRE A B, ikt il AR Cell3R g,
PEFERUN All,

BATSEN, R S P, WREE, s — T, AdinsertsE L, Bk
FiInsert Cell BelowiLi

FRATHE TS ob 1 i bERARAFI T AR AR A

[ joblib@L & fEscikit-learnE P, ]

TS, FAjoblibfE, MBS kS 4 (IR HSRAAAE, SNITCEAIH ), FRITBIRY
PRAFTETR A C AT Models HSR R, AR AT LR AR AA R HA M . AAFSA0TF
from sklearn.externals import joblib

output_filename = os.path.join(os.path.expanduser("~"), "Models",
"twitter", "python_context.pkl")

e, M3oblibfERYaump %L, 55 sonE i dumppRENRER L. SEONBIRIA L (AR
BT, IR Y, BB Nmodel ) Mk S o

joblib.dump (model, output_filename)

A7 BN, BUELR S RAF R E SO rh . 2, IR B/ N RIER B S, gk
B
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SR WA, FE AT ICA S R E BRSO R 44

model_filename = os.path.join(os.path.expanduser("~"), "Models",
"twitter", "python_context.pkl")

G T LAY SO 24 R 15 S AR R T FH R SO AR . 3545, RN TRBOWSS, AN
EREERRZE, EEEMjoblivmak, WIFRA s RasE ik, BfE, RN F—
A A RSN TRBOWSE S B TR fR A e <

from sklearn.base import TransformerMixin
from nltk import word_tokenize

class NLTKBOW (TransformerMixin) :
def fit(self, X, y=None):
return self

def transform(self, X):
return [{word: True for word in word_tokenize (document) }
for document in X]

PAE, HFFRA S obliblfload BREUHRE N ZRAR Y .

from sklearn.externals import joblib
context_classifier = joblib.load(model_filename)

context_classifier 5865 Mmodel XL IIREMIE], EPipel ineXfRISLH], B =4~
LB 5 eE ik 4k (NLTKBOW, DictVectorizerfiBernoulliNs4riss) A, -
7

W context_classifierfiBiffpredict REL, FUMWEEJERSMEIE S ML, 55
wmr.

yv_pred = context_classifier.predict (tweets)

WA IFHE SRBEET A X, Bay_predPHIEEIN1, BNH0, Hak, TLAFREE b
A HHFRE S A RIIHE SN
relevant_tweets = [tweets[i] for 1 in range(len(tweets)) if y_pred[i]
== 1]

relevant_users =
y_pred[i] == 1]

BRAER B, HLARB|46 4 HOCH o R ZFTHY 100550 S/ A i, [Hi 2]
ARG o FE R AL A 5 R 285

[original_users[i] for i in range(len(tweets)) if

7.1.2 3REX Twitter FR[EE

Ok, WEPRL BRI L. X BRI E & HPIEESRTER N Twitter
$eft THINIAPL: friends/ids, BRI T — U AR Z RESAS = 1K 5000 A RS
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AN 1550 e 22 HRE R 15U, Xl Bk 5 AR BRSO A8 36 22/ D5 B — 4y
BN AR 215000, T5ELE Z2 A R] (GXFRE A ARG A A T L ).

SR, ACASARXT LEAC AT B 4 TR 30 Z BRI AR A IR, TG BB —1
PR EE, HEZeREL, BN SR, — R TEE Twitter (N 5, S — R ST .
PRECGR 7] 1 25 — A SEERE T P A 1A, BIEEIR friend sSSRAFARIF AN 14 5 o I T2
B FRER Cime, WUERAE . 7RSS 1SS H BREHT, 2B — I —o . THRE sy
LI

import time

def get_friends(t, user_id):
friends = []

W A Beay IR Z Twitter H P A 500040 DA B 4T & o IR, 223 Twitterffy pagination
(4300) X4, Twitterflf WA Z DUEAE . Y10 Twittert sREAR RS, AOGR M Tz didis, i
R VRS BEL )iEbs , Twitter HIFAR ERER B — AR o WAREAEZ %S, TiFbr ho; &
W], W] LA WEAR RIS N — U8 . AR RIEbR s -1, RIEEIRN TG

cursor = -1

Rk, HEYHRA R0 YO, BT RESE ), MFRREpIT PR, R 1)
W AEWE, KX A g S I N friendsFI R, XHEHR T eryifisa), RS HE
BB R, ey DME TR . resul t s HLAEE N 1 as IR — IR AF I B U K 9w 5,
Wk 'S B riendsdI R, SR, TOHIEAR . T —UGEANT, Bebn TR H S A1
e, KAt R R T, IR, BRRIERR . AT .
while cursor != 0:
try:
results = t.friends.ids (user_id= user_id,
cursor=cursor, count=5000)
friends.extend([friend for friend in results['ids']])
cursor = results|['next_cursor']

if len(friends) >= 10000:
break

X R b BN AT B N EFR P INIRACIE , T A2 B R B 18 513X AF AR
o AEFREF RAESE B G AR DRE —AFEA ER P RAA
C; S BT AL, AR T A AR, R AR S, REFER
S — 77 B A5 G R B B AR P 60 PR, SR 7

i, AR AT E A S8R, AR
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FEE 9 P RER AR B A S g 5 AL T 1 o B AT REARAOSE BRIE A/ IO IA R T APLYT R L
MR ( BRsleepifi i) ] ITE—/EFREE Bk iX FMELL, (HTEsleeptB M oHT, HIEURLIITIS,
P A AR DA A P () BT s A AR, o BRI )o XAERYTE, R[4 Rresults
HNone, S SHltiTypeError (AIFER ) Sy, BBXMIEA, &fr s, HRRIETH
—HRAEHR, A B TwitterREGS FB T 1], IXREAEHE T ORAY 1570 Pl SCRETR 1SUCEUE . BRiLZ
Gb, ATRERA HAWE NG | R TyoeError o o X T iXFh R, TSR, PRI ER bl H
REERIER, JrEAfpiseEn . AT,

except TypeError as e:

if results is None:

print ("You probably reached your API limit,
waiting for 5 minutes")

sys.stdout.flush()
time.sleep (5*60) # 5 minute wait

else:
raise e

o 2R AT RE R AR TE TwitteriX — i, U ANAT-F AT P AN AR B2 HAR AR AR SC A R R
X, AN E SR AR SRS B BT B AR, IR Bl SRR R AT (ARATRESO0 ), X
T .

except twitter.TwitterHTTPError as e:
break

HA R PAPIFR T . Twitter H Fui/F45 1570808 I 1 SUCHRIBU P 4 A8 i e 8, 150G )
Ty TS AR AT . R BAUS R final 1yif ), BRIREE, WaiidT:

finally:
time.sleep(60)

PRI i 3 [ BT SRR BN A U A
return friends
RS R AL

import time
def get_friends(t, user_id):
friends = []
cursor = -1
while cursor != 0:
try:
results = t.friends.ids (user_id= user_id,
cursor=cursor, count=5000)
friends.extend([friend for friend in
results['ids']])
cursor = results|['nmext_cursor']
if len(friends) >= 10000:
break
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except TypeError as e:
if results is None:
print ("You probably reached your API limit,
waiting for 5 minutes")
sys.stdout.flush()
time.sleep(5*60) # 5 minute wait
else:
raise e
except twitter.TwitterHTTPError as e:
break
finally:
time.sleep (60)
return friends

7.1.3 HIEML

WAL TR L, MERIR46% (RRRIMEHRE TR 5IA 25 ) fIrihk, #3145
MNREFR, BHARERFIE (Muser_iaFHERIH P 95 ):

friends = {}

for screen_name in relevant_users:

user_id = user_ids|[screen_name]
friends[user_id] = get_friends(t, user_id)

MR BEA G ARG TEN o X TXEE N, Joikle ML 2 b TR A . el LAt
AR B LA S OCTEAATH IR LA A FHZR o [BOGERREE 1] AATIESE, IRTRIE, A
At I, XL P, AT

friends = {user_id:friends[user_id] for user_id in friends
if len(friends[user_id]) > 0}

DRERERS R 30250 P, BMABUR SIRZ BT R RERA . XS RIEH], 1R8I0
PR, SR 1504 . 1 i A9 Wz AT e R 22 2% i i 1] —— i T Twitter APTRFR
i, — 23 R — L A AR . AT RARALE 150N s, F5 215000, dumitt
2.5 /N o BRAR ALK A Z I RISRRAE T P 4 A8, AR e ] PR AR A A 4T

M, HHaHP AR RWE? 25 RS B AR L [ A 4 A i) P HEZEALAT T RT BRI SER TN
PR A A SE A AN o $REBNBA HP 09872, AT (1R AR B P ) A B 247 A
BN B, gt se ] P s g, RUIRITEC A P W friendsFIRPRYREL, R
BARAZIRAT S5 I, B RAE SRR T, 5 ar i A SE bR BARRA 2, 3 Bl ARBL A FH P 4
KT,

FLAASE i 5 A FH P R A8 3R Bt R N A Ik

from collections import defaultdict

def count_friends (friends):
friend_count = defaultdict (int)
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for friend_list in friends.values():
for friend in friend_list:
friend_count[friend] += 1

return friend_count

RSERSE, WAL ABEX friend_countF THEF
K. wEEHN T

friend_count

reverse=True)

from operator import itemgetter
best_friends = sorted(friend_count.items(),

HESL BN, BRS150 P B ARURG , R4 i fibest _friends7 it (1%
MRAE B TP FR I A D HEY ), SRENEBEA I AR, SR)G SR LA 83,

WHifriendstF, Wwfa, FRRARMERRZUGRT"

PN RH P, SRR

= count_friends (friends)

key=itemgetter (1),

while len(friends) < 150:
for user_id, count in best_friends:

if user_id not in friends:

break
friends[user_id] = get_friends(t, user_id)

for friend in friends([user_id]:
friend_count[friend] += 1
best_friends = sorted(friend_count.items(),

key=itemgetter(l), reverse=True)

ERRIEATERE , WT LA RI15044 1 P s AR

S T A8 de R K PEEREGX B AT/ — &, Hedmd0350 (# £ 7T A e kit ik 3R 4
Q Ms) AAREEHARS, SETRRA FRBFILLS 10, FHI
% SATHIAIN, BRI URAE F o, O A

F B REHIE R KRBT
KPITFENL, T sonfE, #naT AERFA I A2 - A7 3 SC/F L

import json

friends_filename =

with open(friends_filename, 'w')
json.dump (friends, outf)

ffiflison. loadpR%t, M T mzEHE .

os.path.join(data_folder, "python_friends.json")

as outf:

with open (friends_filename) as inf:

friends = json.load(inf)

O friend_countFHEHE, WINIFRBIM A GRBCAWAEAR T, — 3
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714 GIEE
FIBAE N I, B2 T SIRAMA TG SR AR 2 AR 4 A, ik sk
FAAESF AR R BB i — 5K I (AR AP AR RA R Y ).

Pl — SR A TRGE W Fm X R —— X i, TR . s m 7
A P BEYIF A . T DU AT A RRA & SOy, IR A I, B P AT B SF
FOFAREH B ARG A" . AT HINe twor ks ESEBRIEISC R B AT AL .

[ "’TVX)ﬂpip’??ﬁiNetworkXE}‘—: pip3 install networkx. ]

B, M HANetworkxBIEA MK, BIETIH, P ANetworkx/5 4 E— " fiFinx ( BIRA
JEMGX 280 o ACRSUNT

import networkx as nx
G = nx.DiGraph ()

FRATIH R 15048 400 TP AL IR] 1 45 A2 6 R 2 B8, oAt lir A5 2 vl TR FR AR A LA

AL OB B34S, AEEAMERE ). $EECC PR RTILS, domalEf, AT .
main_users = friends.keys()
G.add_nodes_from(main_users)
P B AR AP RS — DN P A, I A AEX A T Z ) s — 55
i g A A%

for user_id in friends:
for friend in friends[user_id]:

BRI ATERZ O P 28 CH TR REAAZC P ), S8 AP Z i . ARSI .

if friend in main_users:
G.add_edge (user_id, friend)

FiNetworkx i drawbR BN QI B 20 EE, drawkREE HFnatplot 1ib/E, 78 24H]
A ER, FEMHinlinerid, BT

gmatplotlib inline
nx.draw (G)

O XHAY “GFR” B SCHERIN” AR, FoR—FRmER, HITEsgUERm s, WAr7agfl “HmE” m
L, PRABMCY AT A, AKRBI ., — 5

@ R E CEMRT A IR B, BTERE R TR LA REBIRIAG. JEHE R R AR
BURGH . SCh “IEIR” FoREHlEE . B
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A B PG BB AAT AT RE s A LA T Z (] b, (AR BT Z A2

Al LA B AL B S A B oy p 1ot BB E IR /N, S Apyplot, EEMGR ST RE G
K—, FHNetworkxfdrawiki%l ( Networkx{#i fHpyplot BREER ):
from matplotlib import pyplot as plt

plt.figure(3,figsize=(20,20))
nx.draw (G, alpha=0.1, edge_color='b")

HE R EURR— FUHOR T, (FR IR A B B s 28, ZE TR AR IR
MR WA, R A KA P 2 WA AE I A e 5 o Bl RIS AP a1 phailk
BN, RS E R IS K  ERORIS R ) B TR

IPRITIL, AP e A% T Z (R 22 X |
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XSG FRATEHERT W7 A o—— R BIR AR I A o R e e sn P, BRIt Ty
AE H XA T RAG R, — Rl =, — MESE R - BT A By R e e . R
A OBIN P IIAR Z SR, R I AR IR, SR Al SC AR i s R S B
IR, X R BE AR E R, PONERAZ O 7 A T e A o0 P 3L RS A

7.1.5 GIERFPHEIUNEE

AREEHE S5 R PA IR LA R P HERA I . PR T, IR e RA\ANA P A LR 8
WA, RARXBAR P &HEAM . WA, ATLAEATHER O .

TEBA K CGHFRGTERR ) Sl LRI — B &L B, BUSR R, s 0N
AR o AFPRCE AT ORI T AR I . A MOCR I SRR G . ()2, RS
PR K AR AR, IR A E B R AL R i

XFFRXAN, AU R % AR BT A P Z T AR RS (AL Rl A
BEl )o BT PR T I, PO AFIBZ [E] A AR (U S5 T BAIAZ [B] Y AHBLEE

HRPAFIRZ BIAACER 2RIk SR AP AR, mT AR RG]
U R AN A ILIRN G AR o SR, XS R S ACEZ I, SRR AR R B 2
TR, AT LAPRER LAA A A [ A 80 S BB i MV AL, 15 BIRYIEE A F /24010 & &

(Jaccard Similarity ).

ANRTEMUAR RSB L2, RWEREGHLLH, EWE2F IR, M REdE
R — Rk, BIRAFEH] (BRAEA 7T B i AR,

TEHH AR RER IR LT, FTEHAMAES (AR ) ZZENTTR BRI M ES IR
TR KR . X EEHBIES R, (BRI ARt riendsHIR Y, BT LAE SE2AE8) R
s, AT

friends = {user: set(friends[user]) for user in friends}

B — R, RPN ARG Z A ARBLEE

def compute_similarity (friendsl, friends2):
return len(friendsl & friends2) / len(friendsl | friends2)

BAERR T AT AE . AT 5 S 2 Ee N DIEE, I E e ik, BET
threshold’éﬁ(:

def create_graph(followers, threshold=0):
G = nx.Graph()

O ER R A recurnifi AR B4Rt . —FFE
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(7 PR AR - s, B P JZ AR b AR T ) 00«

for userl in friends.keys():
for user2 in friends.keys():

if userl == user2:
continue
THE A 2Z M) A
weight = compute_similarity (friends[userl],

friends[user2])

RALBRERTBIE, Aaesacil, Uit AR TA Dy B —piln, A
ORI B S BIEBIA N0, RIS BErA i . ARG FHEE — D E B BEI(E, JeiX
2NEM . AR .

if weight >= threshold:
WA R T TEE, R smaE S (R EAAAE, NERELZE ):

G.add_node (userl)
G.add_node (user2)

SRIG X AN P Z RIS T2y, FEASCER 15 Ry W35 SR AR AL BE
G.add_edge (userl, user2, weight=weight)
TERES RS, FAIdEsEE, RENZA
return G

WA EIR R ECRRE A B — . TR R E B, BMEAGE SO, Wgitladtk,
T,

G = create_graph(friends)

FA TR Y P25 TR 22 W) AR AR B —— P A DU Z A 1, BARMRZ A R0,
TEFEPEIIE, AT LU 21 A AN ER R S BT Ik AR B —— K2R R A R

TSRO, MRS Bl I ST, DU Z B AAE LS iEA .

plt.figure(figsize=(10,10))

PR RCE A2 0T, T 2 5eim T o Networ ks ARHEREE bt F A R (5 R DR ThLAs

AN E o il MR AR IENE, Rl e T doaiR e nt, BORARZ IR, H2Eh
I AR KRR EE E UG TR B . DA MEE P, A spring_layoutIEHITFH,
FRILZ AL, i fi circular_layout ( WA AL, i 7] IHKiiX 4™ ) . random_layout |
shell layout#lspectral_layout,
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7 [Fl http://networkx.lanl.gov/reference/drawing.html, 7 # ¥ % NetworkX7 £
&\ Fik. RAAdraw_graphviz Tk LA EA A, DRI, 4o Rik
REAFHMTLZR, WHFFAR—T, THEFLBI EFRIAFF,

ffiflspring_layoutfiJsJri%:

pos = nx.spring_layout (G)

i foosi ik, W& T fiE

nx.draw_networkx_nodes (G, pos)

FETOR, il mPEhpsEai, ARA HALE :

edgewidth = [ d['weight'] for (u,v,d) in G.edges (data=True) ]
5 R SUE

nx.draw_networkx_edges (G, pos, width=edgewidth)

A PG B A 2R TARB R, (RMIEIR %S B — 2 R R DU Z (A
BEHNE, DROUE S ML AT Z MR

12

10 e
. 8o ed

o8 .

06

02

0.2
=0.2 00 02 04 06 o8 10 12

SARFERT— AN XBIE T R TS Z 8] A s RO AR U A R A A G R (BARIX
PIEATALZAL Do P LM S /T F R B 5 S T4 A A
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72 FHTHE

AR pREOR H A SHAB P Z BB AR LR, ARIEAMUUZ A THER , #4524 Ay
FP ALY, SEAIER LS A —— S = A N A ORI o SR, FeqiTdunT DIk it
FARLEEARK BT o A A SCR S S 1 P A — A, AT [l B0 ™ 4, e BVt U
ATTRHER AR PAY ) E A B A

o X SEAH R PR S5 MRS . ERYE R — R 2RI A T, AT LA AT
—REXERE . BN, PR SREE AN R B —— LU R 0 JEAR AR B A RS S gt 2R (VIR
%) MUREREIER AR (HRREITEZ e — DR SChnE, PSR, JUrRE 25k E
TRAAER AT 2 o BRI — DRI T , AREHF SR a8 15l F——H
ST PR SHC AR A BERE |, SRATITAR /- AR, AN 242 BEH P BT S B IR R a7
H— A

721 EBRTX
— b dwe A B SRR AR B P R 8 o 2. — B SR R P H i R — R Y

T, REERTUEZ AR, (R, S WAL 2, 50—
k1%
HBS I AN ARE RANRE; AeEDTEALE, A, TaRaEH
~ e Ei ke, v

Networkx $ i Fl T 7+ 5 % 18 7r SC R s 80, e BRIl o 5, HTAT i E LAY
create_graphREUBIHE—NHTIA, (HIXUGHEE B N0.1, HEREAE 248010934

G = create_graph(friends, 0.1)

FE T HINe twor kxR A0 pRBC T4 12T P A 48 2352 -

sub_graphs = nx.connected_component_subgraphs (G)

N T RER D ZRRA 2K, WIAR B3,k HIEAE L

for i, sub_graph in enumerate (sub_graphs) :

n_nodes = len(sub_graph.nodes())
print ("Subgraph {0} has {1} nodes".format (i, n_nodes))

Mo EEA, wthE 1R BNl SO 2R FEARBI, RIGFEA2 T, IRE/NT

@O FARNERE K, REAANERNTUR SR BEE S, Wl A R — A R R R
P, T BRIERE N P BA B RARUE , B RCRIR I I s . —— &1
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KA LA E R

AT LGE S PR I, 4 A R0 30 3 5 o R PR O (B, T =z JR) sl sl PRIt
WO SN, L, WEEEAEE, BESCR:

G = create_graph(friends, 0.25)

sub_graphs = nx.connected_component_subgraphs (G)

for i, sub_graph in enumerate (sub_graphs) :

n_nodes = len(sub_graph.nodes())
print ("Subgraph {0} has {1} nodes".format (i, n_nodes))

IR AR B A 1 S SR 2, R ST LS DU RR D o ZRTIR RO T
EU €S I | I 575119 e < B U (Vg E O N 1 /S BN g B 5 o RN T v ST
NI AN YL, B L E B A TR BROR P A A T 2 AN (B {E A 090.25 ),

—
)

e
I
R\

AU R BB A BT A 238 3 ST R o DR DA% 3838 73 SC 2 AT 14, PRIl 24
BT R — K& T AASE 2 SR e AL, B e TR — ik b, e AR,
I ENZ AN B R RER . T, AT LEE e Tm R R i L.

TEF TR, AT 7 3L S EA 0 R

sub_graphs = nx.connected_component_subgraphs (G)
n_subgraphs = nx.number_connected_components (G)

ERREF, sub_graphsR AR E MR LEBS LIk, B, TEA

[ nx.number_connected_componentsiX HiE il 45 ¥ 69 E 4 B TNetworkx
P

Bk Az ey Rob&ar ), RiFE A lenddl, XER EH T HEEH LR
B AT

BRI M3, BRI 7EMoyplot Rl &I, EEIERR/ N 8 /)
SR I i -

fig = plt.figure(figsize=(20, (n_subgraphs * 3)))
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Tk, WA RS, W SAEE . add_subplot KJLANZEUMIN
PRI 8. BB TR B BRAEIEIH AT T =31, ARAT L2l e (e R r T
BONFEL):

for i, sub_graph in enumerate (sub_graphs) :
ax = fig.add_subplot (int (n_subgraphs / 3), 3, 1)

pyplotHRIA R ARRINERAS , i FLA SR S It A I RE ST .

ax.get_xaxis () .set_visible (False)

ax.get_yaxis().set_visible(False)
SRIG R TS A (FHaxZ 8RN K ). 2 Z i 2 B A )
pos = nx.spring_layout (G)
nx.draw_networkx_nodes (G, pos, sub_graph.nodes(), ax=ax,
node_size=500)
nx.draw_networkx_edges (G, pos, sub_graph.edges(), ax=ax)
MR RE T it 3045 3% 38 5 S T Al e 4 0 =K
7 :
o« - °
. .
ST
0 N
[ "“tx.
[ L

~e
.- .
e
- .
e e
o e

722 RUSHHERUEN

T SCAE PR T BESEL, hHBOE R SRR IR . Bmgihie, BB R
I A8 73 SRR R 73 SR/ . BEAR BUE AL OCHE , BIEZ KA R R EE 0y XA E
WLPEARSE , B RIS . ERAT T IR AT 55 AR 2L T ) — A Bl
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SR, FATTAT AR Seifi s H 2 RR RO ZE RA T IR, FEARIEEIAR i 25 Rk TRk i S
BHEN o Ao — R, B ROZRES AT .

Q [Al—#% GE@IIS) NIRRT fEdaf
Q RFEIFE N B AT RER AR

4 Bk % %% ( Silhouette Coefficient ) Sl f&—Fh%f FiR M S A=A T . HE— MK, HEBE
REoE LR .

_ b-a

s =
max(a,b)

Hrha s Mg s, Fon SN R Z FFEEE . po AR 3E &, Wit 5 REFRN S
AR Z T P

S R ECH AR R BB, BACE R RAHIN, FOREMEA R
HRER R, AR EH ST, SR REBHEITON, R A EE A&, SiEZHE
PR/ SR B R AL iR/ ME- 1IN, Fon MR BUAESS RN, SEEN 0 BIHARRRRCR i
REZ LT

AR LRGN, B —Fpfse )7 58 (RENGIERIBIE ), MR B(E, fie 48 B R AL
BB, i, QUd—RgL, s, MRS R

RIG, EMHELSciPyfopt imi zefH minimize i, ZREGETINRESEUE, RAIK
B/ ME . RIRATTARUR R B BE R EL, 1T SciPy B 4 Mt FH (A s, Pk, X R
JE R BB 5 PR/ ME (5 BHOR B — P ),

scikitflearn%%{#&ifﬁ%@ﬁ%ﬁ%I‘Zlif(sklearn .metrics.silhouette_score, fﬂ%
‘B 5SciPyfminimi ze AT E R B AR —E minimize EERAZHSEC (BE ) 76 HAD
SHIHIT . X TR E A friends FHUEHERTTER, sREH T

def compute_silhouette(threshold, friends):

HHRESEOREE, RETREREDAEPTN:
G = create_graph(friends, threshold=threshold)
if len(G.nodes()) < 2:
R R E BRI TUS (A BETHERER ). R TPIATN, IA XA A

TR, BOEIE T, AJUMEET i, SRR IR M — MR/ R R B/ IME -1,
R [E1-99, FKMRICH . AEMA B ERR X AMERIRZ . AT

return -99
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SRS MIBUE 733
sub_graphs = nx.connected_component_subgraphs (G)

50 AR RN SGAZOR A AN EE 3L (A BB RREZ B AR ), I HZAHH

— ARG SCATATIN, (THERENIEES ). Ak 2 55 R i, WA 2, R IJC8UE.
FRAS AR
if not (2 <= nx.number_connected_components() < len(G.nodes())

- 1):
return -99

B, e ZARBUR RS 10 o0 A8 2 SCRIBRAE o Ol D BT A i 50 32, T L ORAT
Tt B H T i 138 7y 3 o AR ATE

label_dict = {}
for i, sub_graph in enumerate (sub_graphs) :
for node in sub_graph.nodes() :
label_dict [node] = i

3 I PR A T, ARUCGRICGEN RN TR O bRAE o 5 200 WPk, Jetie— ey B
P o PR R P T AT A DS, (B BT s 8], TR e Rr B I o xR,
e, EE M . nodes () J79k, R BIRYTH AN SO —20 . AU .

labels = np.array([label_dict[node] for node in G.nodes()])

VERE, R BRI e B, TR, B, SRRSO, R
I IA. TG, [ HNetworkxto_scipy_sparse_matrixREHEEFE R .

X = nx.to_scipy_sparse_matrix(G) .todense ()

GAEAR M, scikit-learnSEBLMIHE HE R MR BN SHF M B E B . PG, 75 20
todense () PR AREAR, IR T F——l W D% R BAR R, DN B B AR A BUAR DL
AT X AR, PO SRR AR R B R AN ZEX 2T

EPUARAE A V-MEASURES A 215 8. ( Adjusted Mutual Information ) ##H
HRHBE. scikit-learnFIT EAAF ik, 12274 FT I 26 54 £ HIIR
X

TR, PR R AU A B RS . X TR, (EBOC, AU, T
FIRTREAIER AR (1) WRBUAARRUE, JEARIERE AL B .

R AR B 20 Bl 0 0 B AR P AR 25, BRTE R vl IS R B R T o R Emetric S HUE N
precomputed, M)A PR YA ERFIEFE M MAS 2 B AE M (scikit-learnLF-ZIALHATERIA
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T HBORAERERE ). PRI IS 1R 1R HEAS 3 A5 10 2R 48

return silhouette_score (X, labels, metric='precomputed')

A A B BB A, B — A RIE B B AT AR DRI, XA %, B
scikit-learntt S48 Ar R 400 F 3 AE A 3B B JEEAR A sk, 5 =4 R ATE AR &
IR, EFA LA SciPyfoptimizetEdk,
AN e, IR R EGR [] A5S B R BOB LT, MiSciPyAYopt imi ze B H g
M TminimizepR%L, BRE—THJREL, EB/NEREE, TFEXFERBOT, & L—REHET
Gy RE A AR PR

def inverted_silhouette(threshold, friends):
return -compute_silhouette (threshold, friends)

IR R EO I SR E R B — BT R TR BRI, R eR S A S Z BRI R 24,
AN R T i iR (R I R T U484

MAE, BT LT RACERAE T o P i minimize PR AL, 48 T R #AF 19 pR EL

inverted_silhouettef&iis.:

result = minimize (inverted_silhouette, 0.1, args=(friends,))

SR .
Q inverted_silhouette: XM TE /MR PRE  compute_silhouet teF I THUIRME,
W AR AR O PR

Q 0.1: FRAT—IFEAFEMEIEH0. 10, PRECR RN Fe/IME
Q options={'maxiter':10}: HPATI05 AN CEMEAUEL, BERATREE LY, (HizfT

Asf (] 2 AH B 3E T )
O method="nelder-mead': i FIIFLEIETL (Nelder-Mead ) Hifb ik ( SciPy# At
AL o
Q args=(friends,): MIBLPRREEA friendsTFHMSEL,
Ky LA AT A L AR 6 B AR R AR, T S4B R A8 B R
Beo M maxiter® L, MU BEARREK, 4GB ATHIE, [RARFIR T ALK E] 49
A RAR A

IBAT58 R RAL, AR EI R B A0.135, XA 104N 433 . e/ M RREGR [ 1 1
JE-0.192, SRMIAZEEACHTHET 7SR, BrLASEPRAYAREE R B0R0.192, IXAMENIERL, *
WA LU G SR ey (UF ), TS HARROR, B FRERBUE R TR, SRR
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Filiy e

AT LSS AN R B b —— R 8 T — il o3 5, ) LA ) 0 1 0 S
A o o 2 LB % F P R I e D e, S AR REEAR LR R SR el RO ARDLE
P SEH P 0 AN R, SR R A7 v HR B foc AR

SR, KA H P i) BB HAB P B ARG AR, DS 2T [R) Sk R B AT 7

7.3 INE

ARERVE T A S R 2% B LR A o A T SR o IR T A fap i 28Rl 7 % 65 A
o AR

JHOR A Twitter ORI, U THFACOCRIE, MRAEA BOGFAC, AP Z Bl BRIRARE . Al
YOS ACE Z B P AR, 5 IR AR T REZZMAROR, XEHGAEAT TR AL HE . AR Y
PP AU ZEA TN, b FHROAIR (LR IR BRIE A 80 ) HEWTT 7% . AR AT T B9
AR P HERA L A ——USRABTSE R P X, P YRR, AR AfA el REE Y o XA
J7 155 R LRSS 5y St rP Az AR R it AT el [R) T2 4

FANTHY FAR AL, (R INERE SR BIAR M PR, 2B R R
BIEIAE, b SR IE 7 5. BRI IR T e tworkx

PRI BTN AR, FUUR AR N BE e e/ MR I P AR, B BRI, R85
AT FET B IER BI{ERS, A T SciPyfopt imi ze ik,

ARFEIL T LR S S A& o KT Z B A XS, (ERR, RIAMEZ
[BIEAG . MR, XFRedms, [Hld, MEEMGR, AI—FHREHRE DHMITH B8, T
P FA, (HB), SERB (Wt Rmociul ), wmixt FiraRdk, (Hlok, SORBE

T —FRA BRSSP I —— UG R IBCRHIE . PR, R A )
XU AP R, SR ICEE A Sh LR se e g




F #8022 DX 28 A% R 56 E S

B SR 15 B — B BRI 8 SO — I XER, BBl AR A AT B IE sk 8]
AR BEAR S CL AR 2, LR R I L] A9 M I R L AR, R AL EESE
PRIGIEE, 3ok 46 28 58 e A% B e RT3 AR T v (8 AR

MG AR BARAE . FIGEL S R s, PR AR o —— B R —R R
FERRD . EER—FPE A —— T REAE— RS, LB . B H PRI ek
IRMEEORTE . IR B, SRk, $HhA, X2 E LR G BCE F 5 SRR

AT AT IR 2 FOI R P B, AT B SR S0 e o kRS iy B ) R 2 fE
TS, AP AA BUEAS RS A MECAPTCHA, BEHUA LA R ifE LA
WA E FEE “Completely Automated Public Turing test to tell Computers and Humans Apart” , 758
SERENE XL B 4 H Bl S 2L R 7R 2 Wb ERAE T e R e b FH RS
AR 1k 500 A S T R AW 5 B AT B T8

AT FEAFUTNE

Q B4

Q B UEAS R AR

Q Ascikit-imagefEAb3E EGEHE

Q MWLM FEPyBrain

O MEMG A IBCEARE

Q i P2 I 28 A T 0T KI5 254155
Q FJE B TR

8.1 ANITHZRML

b 22 ) 28 S R W AR AR ) TAEALARI B A o SR, % sl 47 iy B 1y a2 = 22
P TRCAMIANRA Y o P R2% th— AR B R AP 22 DU B DT e — MR
MURRE, HEM—E R, Z AR
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8
—
— —_—>
/
BN R 5 it

P25 5T T LA AT ) A o PR BOR A0 BB, LL AN MR pREI, 3 B PR BB AR Ol ik 7 R K
(‘activation function ), —BERUL, 14 M 4% % ) WL BELREIE & TAE, WO sREN Y 2 0] 3
(derivable ) FDEHE Y. H F AP PRECAH 2458 i pR A, sRECRIEINTT (SR TThMA, k.
LIBH N1, X pRECA IR KAE ).
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